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Vulnerability of cities to toxic 
airborne releases is written in their 
topology
Sofia Fellini1,2*, Pietro Salizzoni1 & Luca Ridolfi2

The incidental or malicious release of toxic gases in the atmosphere is one of the most critical 
scenarios for cities. The impact of these releases varies with the ventilation potential of the urban 
environment. To disentangle this crucial aspect, vulnerability to airborne releases is here traced 
back to essential properties of the urban fabric. To this aim, pollutant dispersion is disassembled 
in its fundamental bricks and the main drivers of the process are captured. The analysis is based on 
four cities with emblematic architectures: Paris, Firenze, Lyon and New York. Results show that 
vulnerability is driven by the topology of the city and by its interaction with the approaching wind. 
In this sense, fragility to toxic releases is written in the layout of the urban fabric and results from its 
historical evolution. This study paves the way to the assessment of air pollution-related issues from a 
morphological point of view.

With two thirds of the world’s population expected to live in cities by  20501, the transition to sustainable and 
livable urban environments is the key challenge for urban practitioners and policy-makers. In recent years, the 
scientific community has therefore been questioning what are the best models of sustainable  cities2, the best poli-
cies for urban  health3 and urban  shape4, and the challenges given by human–environment  interaction5. In this 
framework, the management of air quality plays a crucial role, as in urban areas large populations are exposed 
to a large variety of persistent pollutant sources in a poorly-ventilated environment, as reviewed  in6–8. According 
to the World Health Organization (WHO)9, air pollution causes around seven million premature deaths each 
year. Due to their population density and low ventilation potential, urban areas are also particularly vulnerable 
with respect to accidental releases such as those related to gas leaks, industrial plants or the transport of hazard-
ous material. Evidently, this has also a clear link to city  security10, since toxic substances could be maliciously 
dispersed in the urban atmosphere for terroristic purposes.

To address these issues, many efforts have been invested by the scientific community to develop accurate 
models of pollutant dispersion in urban areas. The main modelling methodologies are discussed  in11,12. Generally, 
the focus is on simulating the dynamics of a turbulent flow around buildings, and how these drive the dispersion 
of airborne pollutants. The urban canopy is therefore represented as a set of -more or less detailed- obstacles 
invested by the wind blowing over the city. However, flow patterns within the urban canopy are strongly driven 
by the layout of buildings and the way street canyons cross each other, as revised  in13,14. In this sense, the city 
structure plays an active role in conveying pollutants, especially for the transport dynamics at the pedestrian 
level. Consequently, the same pollutant source may have a different impact if released in cities with different 
urban plans or in different places within a same urban district.

In recent years, the link between urban morphology and air pollution has been investigated by focusing on 
key but single properties as the urban  shape15, the packing density of  buildings16,17 and the geometric character-
istics of the street  canyons18. However, a comprehensive analysis of how propagation of pollutants in the streets 
depends on the characteristics of the urban fabric is missing so far. Moreover, the way street connectivity and 
layout can affect urban ventilation is still an uncharted territory. In this work, we address this gap with the aim to 
shed light on one of the most challenging questions in the field of urban safety and planning: what makes a city 
or an urban area vulnerable to localized airborne releases? How much does topology, in which the history of a 
city is written, affect ventilation in the streets and thus the vulnerability of the city in case of a toxic point source?

To answer these questions we first outline the concept of vulnerability, as introduced  in19,20 and reported in 
the Methods section. Considering a gaseous release in a specific place within the urban canopy, we define the 
vulnerability of this place as the extent of the area contaminated by the localized release. The number of people 
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exposed to the contamination is not taken into consideration to prevent the vulnerability analysis from being 
overwhelmed by the intrinsic temporal variability and unpredictability of citizens’ distribution. To estimate the 
vulnerability of each location in the urban tissue, we adopt an innovative model that we developed by exploiting 
tools from complex network theory. The application of a complex network approach in urban science is in line 
with recent applications as those proposed by Crucitti et al.21 who have adopted metrics from complex network 
theory to analyse the structural properties of urban areas,  Barthelemy22 who applied concepts from statistical 
physics to understand the structure and dynamics of cities, and Zischg et al.23 who used complex network analysis 
to investigate the topological coevolution of urban infrastructures.

In our model, the urban canopy is represented as a network where links and nodes are the streets and street 
intersections, the direction of the network links follows the direction of the wind along each street, while the 
physics of pollutant dispersion is enclosed in a fluid dynamic weight for the network links (see Eq. 4 in “Meth-
ods”). In this complex network representation, local vulnerability is easily computed (in a variety of meteoro-
logical conditions) by means of a centrality  metric20 that associates to each node in the network a value based 
on its spreading potential (Eq. 5), and thus on the extent of the contaminated area when a release takes place 
in the node.

Complex network-based modelling offers three key features for our purposes: (i) compared to Computational 
Fluid Dynamics (CFD) simulations, vulnerability can be assessed very quickly for each node of a city network, 
thus enabling detailed mapping of the impact of a localized release in every place in the city. A low computational 
cost is mandatory in this work as we, for the first time, analyze the vulnerability of different cities under multiple 
weather scenarios; (ii) model outcomes reliably describe pollutant dispersion (see “Methods”), in particular in 
the first urban blocks downwind the source where contamination in the streets is predominant compared to 
unconfined dispersion above roofs; finally, (iii) urban vulnerability to toxic releases is expressed analytically by a 
single physically-based metric containing all the essential information, both structural and dynamic, to describe 
the spreading potential of a place in the city. The last point is crucial for the aim of this work, since starting from 
this information-rich object (i.e., the centrality metric for urban vulnerability) and disassembling it, we are able 
to identify the key drivers of pollutant propagation in the streets. The decomposing process of vulnerability into 
evident urban quantities is the original focus of this work and brings out an unprecedented result: the dominant 
role of urban topology in the vulnerability of a city to localized air releases.

Results
As a starting point, we compare the vulnerability of four districts in Lyon, Paris (France), Firenze (Italy) and 
New York (US). These cities were chosen as emblematic of different topologies, resulting from different historical 
urban layering. The historic center of Firenze (panel b in Fig. 1) is mainly characterized by a dense urban fabric 

Figure 1.  Vulnerability maps for (a) Lyon, (b) Firenze, (c) Paris, and (d) New York for a wind direction of 45◦ 
with respect to the main axis of the urban fabric. The polar histograms in the insets report the distribution of 
street orientation, while the red arrows represent the wind direction with respect to the street network. Panels 
a1–d1 show the urban pattern in a rectangular area of 0.5 km2 (reported in panels a–d) for the cities of Lyon, 
Firenze, Paris, and New York, respectively. Background images made with QGIS 2.18 (https:// qgis. org).

https://qgis.org
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with a medieval signature of narrow and winding  streets24. In Paris (panel c), Haussman’s renovation plan at the 
end of the 19th century supplemented the North–South and East–West ancient crossroad by a second network 
of concentric large  avenues25. The rectilinear grid of Manhattan, New York, originates from  181126,27 and extends 
along the spine of Manhattan island (panel d). Despite the significant difference in size, a similar regular pat-
tern is found in the modern urban area of Lyon (panel a), developed in the second half of the 19th century. In 
the insets of Fig. 1, we report for each city a polar histogram of the orientation of the streets. Although greater 
variability is observable for the orientation of the streets in the urban areas of Firenze (panel b) and Paris (panel 
c), two main orthogonal axes are found in the spatial structure of each city.

The urban networks analysed in this work were delimited in order to be large enough to include the distinc-
tive patterns of these four cities. The edges of the areas were traced along physical boundaries (e.g., rivers, parks, 
railways, large avenues) which act as elements of discontinuity in the dispersion process. Where not possible, 
the break was forced along wide streets.

We promptly computed vulnerability maps for the selected urban areas by means of the centrality metric we 
derived  in20 and recall in the “Methods” section. The nodes with the highest centrality values (V) are the most vul-
nerable as they correspond to the best spreading locations in the urban fabric. The spreading potential of a node 
is evaluated based on the extent of the area that is contaminated when the release takes place in this same node.

We report in Fig. 1 the vulnerability maps of the four urban areas for the indicative scenario of a wind blowing 
at an angle φ = 45

◦ . In the insets of Fig. 1, the wind direction is indicated with a red arrow. Given the different 
orientation and structure of the street networks, φ is defined as a clockwise angle with respect to the main axis 
of the city, which is identified as the longest bar in the polar histogram of street orientation.

To extend the analysis to multiple meteorological scenarios, we estimated the vulnerability of each node (seen 
as a spreading source) for eight different wind directions ( φ = 0

◦ , 45◦ , 90◦ , 135◦ , 180◦ , 225◦ , 270◦ , 315◦ ). In this 
way, for each city, we obtained an extended dataset of vulnerability values that we represent in a compact way by 
means of a cumulative distribution function, as shown in Fig. 2a. The intercept of the cdf represents the nodes 
with null vulnerability. These are mostly located along the physical edges of the domain where the pollutant gas 
is blown away by the wind without affecting other streets. Where the delimitation of the network is forced (for 
example on the sides of central park as regards Manhattan), the interruption of the propagation, in the vulner-
ability model, is also constrained. This does not result in any artificial effect when the boundary is located upwind 
with respect to the network (propagation carries on from the boundary towards the considered urban area). 
On the other hand, when the boundary is downwind, vulnerability can be there underestimated. Considering 
the multiple wind directions simulated and the small number of nodes belonging to these edges (1% of the total 
number of network nodes), this effect has been calculated negligible to the purposes of this work.

According to the mean values (vertical dashed lines) of the distributions reported in Fig. 2, New York is the 
most vulnerable city on average, while Firenze is the most protected. The vulnerability of New York and Lyon are 
the most sensitive to changes in wind direction, as shown by Fig. 2.b, where a polar histogram reports the mean 
vulnerability for each city for the eight directions of the approaching wind. In general, the spreading potential is 
more effective when the wind is oblique ( φ = 45◦, 135◦ , 225◦ , and 315◦ ) to the main orthogonal axes of the street 
network, as evidenced by the higher vulnerability observed for the dark gray sectors of Fig. 2b. We also notice 
that vulnerability for parallel ( φ = 0◦, φ = 180

◦ ) and perpendicular ( φ = 90◦, φ = 270
◦ ) wind directions is 

quite similar. This seems counterintuitive as previous studies (e.g.,28,29) have reported that a perpendicular wind 
is much more unfavorable for the dispersion of pollutants in a street. In this regard, we underline that φ is here 
defined with respect to the main axis of the city, so for φ = 90

◦ not all streets will be perpendicular to the wind 
direction. For example, in the regular network of Manhattan we expect the number of perpendicular streets to 
be similar to that of parallel streets, when φ = 90

◦.

a

0 5 10 15 200

0.2

0.4

0.6

0.8

1

3.4 (3)

2.7 (2.3)
3.4 (2.6)

4.2
Lyon
Firenze
Paris
New York

(4.2)

0°

45°

90°

135°

180°

225°

270°

315°

2

53
6

b

Figure 2.  Vulnerability distribution for different cities and wind directions. (a) Cdf of node vulnerability for 
the different cities under eight different wind directions. The mean vulnerability is shown as a dashed line and 
reported numerically together with the standard deviation (in parentheses). (b) Mean vulnerability of city 
networks for each wind direction. Colors blue, yellow, green and magenta correspond to the urban networks of 
Lyon, Firenze, Paris and New York, respectively.
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The reasons for the different resilience of cities (and their patterning) to gas propagation are embedded in 
the centrality metric adopted to compute urban vulnerability. The key factors for node vulnerability can then be 
analytically recognized in the metric definition (Eqs. 4–5 in “Methods”): the highest vulnerabilities are achieved 
when the set of reachable nodes ( V ) from the source node is large, and the paths connecting the source and the 
reachable nodes ( dsr ) are short, i.e. the propagation cost ( ω ) along the paths is minimal. In other words, the spots 
in a city (i.e. nodes in a network) with the highest spreading potential are those from which a toxic plume can 
reach many other locations with significant concentration. Going beyond the vulnerability results, we aim here 
to decompose the aforementioned elaborate and meaningful quantities (the set of reachable nodes, the shortest 
paths, the propagation cost) in elementary properties of the urban area in order to link the vulnerability of a city 
to its tangible characteristics.

We start by disassembling the propagation cost associated to each street. Given a source node, a pollutant 
plume will propagate along the streets downwind the node. The propagation cost of each street (Eq. 4) describes 
the decay of concentration that the plume undergoes when it propagates along the street. Neglecting physico-
chemical transformations, this cost depends on the transport processes within the streets and is a function of 
two dimensionless quantities: a geometrical ratio between the length (l) and height (h) of the street canyon, and 
a dynamic ratio between the exchange rate of pollutants towards the atmosphere above roof level (v) and the 
advective velocity along the longitudinal (u) axis of the street. According  to30  and31, these two velocities can be 
parametrized as a function of the external wind intensity, the cosine ( θ ) of the angle between the wind direction 
and the orientation of the street, the geometry of the street canyon (its length l, height h and width w) and the 
aerodynamic roughness of building walls. As detailed in the Methods, the dependence of the propagation cost 
on the external wind intensity disappears as both velocities u and v scale linearly with it. Assuming constant 
aerodynamic resistance of the surfaces, the parameters l, h, w, θ , remain the relevant building blocks for the 
propagation cost along a street.

We underline that the parametrizations adopted here for the transport mechanisms in a street are based on 
the up-to-date literature and are currently employed in operational models (see the Methods section for mode 
details). Any refinements to this transport model may be included in the future. In this case, the cost associated 
to each street may depend on additional parameters that, however, we expect to be of second-order importance 
to those listed above.

While pollutant transport in a single street canyon (i.e. the propagation cost) has been easily broken down 
into its basic elements, the information enclosed in the shortest paths ( dsr ) and in the set of reachable nodes 
from the source ( V ) is much more challenging to trace back to evident properties of the city. These quantities 
depend on the sequence of streets that must be traveled to connect a source node to the surrounding nodes, i.e. 
on the way the streets are interconnected. The information is thus primarily topological. However, we point out 
that the interconnectivity of the network is not frozen, but dynamic, as it is given by the reaction of the urban 
structure to the direction of the external wind. In fact, the links of the street network are directed according to 
the orientation of the approaching wind. Moreover, the connectivity between the nodes is limited by the decay 
of the concentration along the streets. Although a target node may be reached from the source node by means 
of a path across the network, the two nodes may not actually be connected by a propagation path as the pol-
lutant concentration may vanish along the path. For these reasons, traditional descriptors of network topology 
cannot be applied directly to describe the topological component of the vulnerability. Instead, we have to look 
for tailored and simple indicators that can express the wind-driven interconnectivity of the street network and 
the reachability potential between the nodes.

Focusing on a node as spreading source, we infer that the number of links in its downwind area gives a first 
estimate of the potential for a release in the node to affect many other locations in the network. To delimit this 
downwind area, we adopt the concept of n-hop  neighborhood32,33. Two nodes are n hops apart if it is possible to 
reach the target node from the source node by traveling n links. We identify the downwind area of the source 
node as the subnetwork composed by the nodes that are reachable from the source via at most n hops along the 
directed links. We propose the number of links in this neighborhood (k) as a suitable measure of reachability 
from the node. This reachability depends upon three features: (i) the local structure of the street network, (ii) 
the direction of the wind, and (iii) the topological distance n. This latter parameter is intuitively correlated to the 
intensity of the release. More precisely, it depends on the ratio between the magnitude of the toxic release at the 
source and the threshold value for pollutant concentration to be significant. In this work, n is taken as constant 
and its value is obtained from an optimization analysis detailed in the “Methods” section (Fig. 6) .

Once the n− hop neighborhood of a node is delimited, the number of links k is not exhaustive in giving 
information about the properties of the paths connecting the source to the other nodes of the neighborhood. 
For the same k, different structures of the neighborhood can take place (see Fig. 6b), with consequent different 
outcomes for the propagation process that we are breaking down to basic components. The higher the number of 
links outgoing each node of the neighborhood, the higher the potential concentration for the k links, as they are 
topologically closer to the source. This feature can be accounted for by means of a simple branching index (b) for 
the node neighborhood, defined in Eq. 8 as the average outdegree for the nodes belonging to the  neighborhood34.

The disassembling analysis presented above suggests that the spreading potential of a node, and thus its 
vulnerability, mainly depends on the topological parameters k and b and on the geometrical characteristics of 
its neighborhood, i.e. L, H, W, � , where the capital letters are used to indicate the local average (over the n-hop 
neighborhood) for the length (l), height (h), width (w), and orientation ( θ ) of the street canyons.

In adopting averaged geometrical properties, we are assuming that these characteristics are rather homoge-
neous in the surroundings of a node. While the height, width and length of the street canyons are actually quite 
uniform on a local scale, especially in European city centers, the same does not apply to the orientation of the 
streets. The streets of a neighborhood intersect each other at different angles (e.g., at 90◦ in grid plans), and the 
intensity of the wind in the streets changes strongly with their orientation. Low wind streets act as bottlenecks 
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in the propagation paths, thus strongly influencing the spreading dynamics. For this reason, the standard devia-
tion of street orientation in the neighborhood ( σ ) is expected to be an additional topological index of node 
vulnerability.

To assess whether the identified parameters are valuable basic elements of node vulnerability, we perform a 
regression analysis adopting a simple (but versatile) non linear model of the form:

We estimate the coefficients α to � by means of a nonlinear least square technique (namely the fitnlm function in 
Matlab) that minimizes the sum of the squares of the residuals between the predicted vulnerability Vpred and the 
vulnerability V obtained from the centrality metric (Eq. 5 in “Methods”). The regression is performed consider-
ing all the scenarios presented in this study: four different urban networks and eight different wind directions. 
The p-values for the coefficients α to � tend to zero, indicating that the relationships between the independent 
variables and the observations (V) are statistically significant. Note that in Eq. (1) we adopt 1− σ as predictor, 
instead of σ , to avoid null entries, as σ takes value in [0 1). To explain the reason for this range for σ , we point 
out that the angle between the wind direction and the street axis is defined in [ −90

◦ 90◦ ]. As a consequence, the 
cosine ( θ ) of the angle varies in [0 1] and the standard deviation of θ (i.e. σ ) varies in [0 1).

The scatter plot in Fig. 3 compares Vpred against V. Points correspond to the nodes of the four urban networks 
in the eight wind scenarios. The figure suggests that 80% of the spreading capacity (V) of a spot in a city can be 
grasped from the basic geometrical and topological characteristics of its neighborhood. To identify the most 
influential parameters in the regression, we evaluate the gain in the coefficient of determination R2 as they are 
progressively included in the model (red circles in the inset). The quantities are entered in order to optimize R2 
at each addition. Alternatively, the role of each parameter can be evaluated adopting the concept of unique con-
tribution (triangles in the inset), i.e. the loss in the coefficient of determination induced by the exclusion of the 
parameter from the  model35. Both analyses reveal k and σ as the main indicators for the vulnerability of a node. 
Actually, more than 60% of the total variance (inset in Fig. 3) is explained by these two parameters, unveiling 
the crucial role of topology in governing the dynamics of pollutants in urban areas. The effect of the geometrical 
properties (L, H, W, � ) of the street canyons is secondary. Among these, the contribution of the building height 
(H) is the most remarkable as its contribution, combined with that of the two topological parameters k and σ , 
brings the correlation to almost its maximum value.

Given these results, it is enlightening to show some tangible examples of how the three simple indicators k, σ 
and H dominate urban vulnerability. We wonder which of these properties determine the distinct vulnerability 
of neighboring areas belonging to the same district, and which ones differentiate the resilience of cities with a 
different urban history.

Figure 4a shows the spatial distribution of the key parameters k, σ and H and of node vulnerability, for 
Manhattan and a wind direction φ = 45

◦ . In panel b, high street reachability (k) is observed in the central part 
of Midtown, in the heart of Downtown, and near Wall Street. An homogeneous distribution in the orientation 
of the streets with respect to the incident wind (low values for σ and thus high 1− σ ) is especially found in 
Midtown (panel c). Finally, in panel d, high-buildings (H) distinguish the Financial District and East Midtown. 
A perfect match between the four layers is not expected as vulnerability is given by the synergistic contribution 
of the different parameters. However, in line with the results of the regression model shown in Fig. 3, a positive 

(1)Vpred = αLβHγWδ�ǫkζ bη(1− σ)�.

Figure 3.  Correlation of node vulnerability with basic geometrical and topological parameters of the street 
network. Color (blue to red) is associated to point density. Left y-axis of inset: trend of the coefficient of 
determination R2 as the urban indicators are progressively included in the model. Right y-axis of inset: unique 
contribution of the indicators.
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correlation is observable between the most vulnerable areas (circled areas comprising the nodes with highest 
V in panel a of Fig. 4) and those with the highest values for the three indicators. In these areas, high buildings 
inhibit the vertical exchange of pollutants between the streets and the atmosphere above, as largely discussed in 
literature (see e.g.36,37). This inhibition limits the concentration decay along the propagation paths and facilitates 
large-scale contamination. Moreover, the great number (k) of streets topologically close to the node increase 
the impact of the release. The effect of σ is significant especially for the vulnerability of Midtown. Here, since 
φ = 45

◦ and the street network is regular, θ (the cosine of the wind-street angle) is almost the same for all the 
streets. Therefore, the standard deviation of θ ( σ ) is low and the predictor 1− σ is high. Physically, this means 
that the external wind approaches all the streets with almost the same angle. As a consequence, the intensity of 
the longitudinal wind in the streets is similar (the street aspect ratio is also similar) and the propagation takes 
place equally along both the dominant and lateral segments of the street  network38, thus favoring the spread over 

MIDTOWN
DOWNTOWN

Financial 

Financial 

-

District

a

b

c

d

Figure 4.  Street network of Midtown and Downtown Manhattan. Node color is associated to node vulnerability 
(V), and to its key indicators: street reachability (k), inhomogeneity in street orientation ( σ ), and average height 
of buildings in the node neighborhood (H).
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Figure 5.  Probability density function of the key parameters k, 1− σ , H. In the first row, each curve refers 
to a city and includes vulnerability data from eight different wind directions. In the second row, each curve 
corresponds to a specific wind direction and includes vulnerability data from the four cities, together.

Figure 6.  Topological indicators. (a) Coefficient of determination for the regression model as a function of the 
extension of the node neighborhood for two concentration scenario: c0/cth = 10 and c0/cth = 100 . (b) Estimate 
of the topological parameters (k, b, σ ) for two different nodes of the street network in Lyon, in the same wind 
scenario (the orientation of the wind is reported as a blue arrow). Background images made with QGIS 2.18 
(https:// qgis. org).

https://qgis.org
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large areas. Although high values of H and 1− σ can be detected in the North-East corner of Midtown too, here 
the vulnerability is mitigated by a higher discontinuity in the urban pattern (low k). This feature, together with 
the great overlapping of red areas in panel a with those in panel b, evidences the key role of street reachability 
(k) in the heterogeneity of vulnerability between areas of the same urban district.

From these observations, we move to a broader view and investigate the structural fragility of a city as a 
whole. In Fig. 5a–c, we report the probability density function (pdf) of the key parameters k, 1− σ and H. For 
each city, the pdf is calculated over all the network nodes and for the different wind directions. So, each pdf is 
representative of eight different networks for the same urban area. In panel a, the distributions for the four cities 
are quite similar but the tails of the pdfs highlight that the highest values for street reachability (k) occur in the 
street networks of Lyon and New York. The homogeneity in street orientation with respect to the wind (panel b), 
expressed by 1− σ , exhibits a bimodal distribution and a slightly higher mean for the regular street network of 
New York. The two peaks are associated to distinctive wind scenarios, as will be discussed below. Also in this case, 
the observation of the tails of the pdfs reveals that high values of the vulnerability indicator are more probable 
in Lyon and New York. Finally, the distribution of building height (panel c) presents the most marked difference 
between the considered architectures, with high-rise buildings contributing to the heavy pdf tail of Manhattan. 
Comparing these results with those in Fig. 2a, Manhattan’s greatest vulnerability appears to be due to the greater 
depth of the urban canyons (high H) and the greater homogeneity, on average, in wind-street orientation (high 
1− σ ). Conversely, the medieval structure of Firenze, with higher heterogeneity in street orientation (low 1− σ ) 
and low buildings (low H), enhances street ventilation and hinders propagation over long distances. Moreover, 
the tails of the pdfs for k and 1− σ reveal the role of topology in the higher variability of vulnerability values 
(given by the standard deviation of the pdfs in Fig. 2) for the street networks of Lyon and Manhattan.

After discussing the behavior of the single parameters, we assess the synergistic contribution of the three 
quantities. To this aim, we define a simple correlation index ρ = k̂ · (1− σ̂ ) · Ĥ , where the hat denotes a min-
max normalization of the parameters, i.e. the range of values of each parameter is rescaled in [0, 1]. For the urban 
areas of Manhattan, Lyon, Paris, and Firenze, ρ gives 0.039, 0.017, 0.012, and 0.011, respectively. This ranking 
complies with the ranking inferable in Fig. 2 for the average vulnerability of the cities. This result confirms that 
vulnerability occurs when the three parameters are correlated, as already evidenced in Fig. 4.

To make the picture even more fascinating, it is worth noting that the role of topology, shown above as key, is 
dynamic as it varies according to the direction of the wind impacting the urban fabric. In panels d to f of Fig. 5, 
the pdfs of k, 1− σ and H are distinguished for four wind directions ( φ = 0

◦ , 45◦ , 90◦ and 135◦ ). For each angle, 
the statistics are calculated over the examined cities, together. Although wind orientation alters the direction 
of the network links, and thus the delimitation of the n-hop neighboring area of each node, street reachability 
(panel d) and building height (panel f) remain statistically invariant for the different wind directions, suggest-
ing a rather isotropic structure of the urban fabric. On the other hand, the variability in street orientation with 
respect to the wind (panel e) presents two distinctive trends for wind directions aligned with or oblique to the 
main axes of the street network. To explain this behavior, we refer to the simple case of a grid-like urban plan, 
like Manhattan’s plan. When φ = 0

◦ or 90◦ , θ (the cosine of the angle between the street and the wind direction) 
mostly switches between 0 (for the streets aligned with the wind) and 1 (for the orthogonal streets), resulting 
in a high standard deviation over the neighborhood (low 1− σ ). When φ = 45

◦ or 135◦ , instead, the incident 
angle θ mainly takes intermediate values, leading to higher values for 1− σ . This distinctive behavior is clearly 
detectable in the two peaks that we have observed in panel b for the regular grid of Lyon and New York. The 
left peak of the bimodal distribution corresponds to the scenarios with aligned wind directions, while the right 
peak occurs for oblique wind directions over the city. A more irregular street pattern in Firenze and Paris adds 
random contributions to the way the wind approaches the street, thus altering this bimodal shape. Going back 
to panel e, the greater homogeneity in wind-street orientation (higher 1− σ ) for φ = 45

◦ or 135◦ gives insights 
into the higher vulnerability found for the scenarios with these wind directions in almost all cities (dark gray 
sectors in Fig. 2b). This result is confirmed by the correlation ( ρ ) between the three rescaled parameters ( ̂k  , 
1− σ̂ , Ĥ ). The correlation ρ is estimated separately for the different wind directions, but considering the nodes 
from the four urban areas together. For oblique wind directions, ρ is about twice ( ρ = 0.035 ) the value found 
for the aligned wind directions ( ρ = 0.018).

Discussion
In recent decades, the science of cities has proposed a new way of understanding cities as complex  systems22,39. 
The structural components and the socio-economic dynamics of the urban system intertwine and are condi-
tioned by the surrounding environment. Geometric patterns, scaling laws and non-linearities emerge from these 
interactions and can only be grasped by looking at the system as a whole.

Within this vision, we have proposed a new way of addressing air pollution-related issues in cities based on 
an overall analysis of the structural and dynamic properties of the urban canopy. While urban pollution models 
aim to simulate concentration in the streets with the highest possible resolution, the objective was here to unveil 
the key mechanisms underlying the ventilation of the urban environment. To this aim, we started by adopting 
an essential model able to assess the spreading potential of different places in the city. This model was applied 
to four urban areas characterized by distinctive topologies, sizes and properties of the buildings. The city net-
works were delimited in order to follow the physical edges of the urban areas. Where not possible the borders 
have been forced (this concerns around 1% of the total nodes). While this boundary effect may slightly alter the 
vulnerability results along these edges, it does not affect the analyzes reported in this work that are focused on 
investigating the link between the vulnerability of an urban node and the structural and architectural properties 
of its surroundings.
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By decomposing the analytical model for urban vulnerability, we isolated the fundamental variables that 
drive the phenomenon and revealed the dominant role of urban topology. Two topological indicators of the 
area surrounding a node, k and σ , proved to account for more than 60% of the spreading potential. These two 
key quantities describe the reachability from the node across the directed network and the homogeneity in the 
orientation of the streets with respect to the wind direction. It follows that the impact of urban topology on 
vulnerability to airborne releases is not constant but depends on how the urban structure interacts with the 
approaching wind. Significant, though more intuitive, is the role of canyon geometry, with high buildings acting 
as a trap for pollutants.

These general findings pave the way for a number of applications and refinements. Once the fundamental 
role of topology (dynamically evolving with the external wind direction) has been captured, the characteristic 
vulnerability of a city can be estimated by taking into account the actual wind rose in the site. As shown in 
Fig. 5, this will define a distinctive distribution of σ . Variations in wind patterns due to climate change or urban 
transformations may affect the pdf of wind direction, and therefore that of σ , in the near future. In this sense, 
the distribution of the topological parameter σ acts as an indicator for the susceptibility of the city’s vulnerability 
to climatic variations.

This observation highlights the advantages of having broken down vulnerability into basic elements attribut-
able to well-defined urban characteristics. In this regard, we note that the indicators identified so far account for 
about 80% of the vulnerability. The application of the proposed method to a larger basket of cities may evidence 
anomalies and bring out new topological indicators that further improve the correlation.

Besides being versatile and suitable for further refinements, our method has the advantage of tracing a com-
plex fluid dynamics phenomenon to evident characteristics of the urban fabric, which can be addressed directly 
by urban practitioners. Our findings clearly show that vulnerability is engraved in the topology of the city, and 
results from its history, evolution and urbanization process. On the basis of this intrinsic fragility, urban plan-
ners and risk managers can act to control, prevent and reduce risks related to airborne dispersion. Moreover, our 
study provides first-order guidelines to identify the most vulnerable areas in a city, to predict the consequences 
of interventions in the urban fabric, such as the opening or closing of dead-end streets, or to find the optimal 
location for sensors for real-time monitoring of the most critical places in the city.

Methods
Model for gas propagation in the streets. Flow and dispersion dynamics in the urban atmosphere 
are characterized by complex patterns induced by the presence of buildings (e.g., recirculating regions, wakes, 
channeling effects). Computational fluid dynamics (CFD)  simulations11,40 can provide detailed information 
about these processes, as they solve the velocity and concentration field in the whole domain. However, when a 
district of hundreds of streets is considered, CFD simulations require computational costs that are not yet fea-
sible for operational purposes. To balance computational speed and simulation accuracy, simplified modelling 
approaches have been therefore explored in the last  decades41. These include street network models, as those 
proposed  by42–44, that decompose the atmospheric domain in two sub-domains, the canopy layer and the atmos-
phere above. Above the canopy, the dispersion of pollutants is modelled using a Gaussian model suitably modi-
fied to take into account the anisotropy and inhomogeneity of the velocity field. In the canopy layer, instead, 
dispersion is simulated by parametrizing the transfers between neighboring streets and by solving a system of 
mass balance equations. Among street network models, SIRANE is currently used operationally in different cit-
ies in Europe to assess air pollution levels and citizens exposure to airborne contaminants. Recent applications 
are reported  in45–48. SIRANE was validated against both wind tunnel experiments and field  campaigns49–53, and 
has been shown to properly reproduce pollutant dispersion in urban areas. It is adopted in the Supplementary 
Information for a systematical validation of the complex network model we present below.

When the focus is on a single release, the computation of the concentration field in the entire urban domain 
is not necessary, as the contamination will mainly concern the area surrounding the source. From the perspec-
tive of the impact on citizens’ health and safety, the extension of the contaminated area is a preliminary measure 
of the vulnerability of the release location. In the framework of the development of operational models for 
emergency response, we proposed  in19,20 a novel complex network approach to compute urban vulnerability to 
airborne releases. In the last decade, complex networks have demonstrated their great potential for the analysis 
of fluid-flow systems. Applications involve ocean  transport54–56,  turbulence57,58, and  climate59,60. In the complex 
network perspective, we reformulate pollutant contamination in the urban atmosphere as a spreading process on 
a directed network. The links of the network represent the streets of the urban fabric, nodes are the intersections 
between streets, and the link direction is given by the direction of the longitudinal wind along the street canyon. 
Unlike urban dispersion models, the aim is not to reconstruct the concentration field in the streets but to evaluate 
the dispersion potential of each node in the network, i.e. the extension of the contaminated area from the node. 
In this way, node vulnerability can be assessed for multiple meteorological and release scenarios with a simplified 
model requiring low computational cost (2 orders of magnitude lower than SIRANE) and limited initial data.

The physical assumptions for pollutant dispersion in the streets are inspired by the model SIRANE, while the 
adoption of a complex network formalism is key to derive the analytical solution for node vulnerability.

The emission scenario is a point source releasing an inert gas at the pedestrian level, within a street canyon. 
Neglecting longitudinal turbulent diffusion and re-entrainment from the above  atmosphere19, the transport along 
the street canyon can be simplified as follows:

where c(t, x) is the concentration as a function of time t and space (longitudinal coordinate x).

(2)
∂c

∂t
+ u

∂c

∂x
+

v

h
c = 0,
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The first two terms in Eq. (2) provide the advective transport driven by the mean velocity along x, referred 
to as u. This velocity is assumed to be given by a balance between the stress imposed at the canopy top by the 
external atmospheric flow and the drag due to the roughness of the canyon walls. Under these assumption, an 
analytical formulation for u was  derived30 as a function of the external wind intensity (i.e. the friction velocity 
u∗ ) and direction, the geometry of the street canyon and the aerodynamic roughness of building walls. The third 
term in Eq. (2) models the vertical transfer between the street and the atmosphere above by means of a bulk 
exchange velocity v. This vertical transfer is both influenced by the external flow condition and by the properties 
of the street canyon, e.g., the canyon aspect ratio, the roughness of the building walls and the solar  radiation37. As 
a first approximation, and as assumed by SIRANE, we adopt here the model proposed by Salizzoni et al.31,61, who 
verified experimentally that v scales on the friction velocity of the external flow ( u∗ ). A similar model was also 
derived  in62. The parametrizations for the transfer velocities (u and v) rely on a description of the atmospheric 
boundary layer in accordance with Monin-Obukhov’s theory, as customary in operational urban dispersion 
models (e.g., SIRANE,  ADMS42). This modelling framework allows us to take into account the role of thermal 
fluxes between urban surfaces and the overlying boundary layer flow, i.e. those induced by solar radiation and the 
presence of other heat surfaces. This approach has two main limitations: on one side, as is the case for any other 
operational dispersion modelling approach (i.e. excluding computationally expensive numerical simulations over 
the all urban agglomeration), it is not suited to simulate air circulation for calm wind conditions. Secondly, the 
model does not take into account the effect of peculiar flow patterns within a street canyon. These are induced 
by differential wall heating, as enlightened by recent experimental  investigations37. However, the adopted model 
for gas propagation in the streets is very ductile and the effect of other parameters (e.g., temperature of building 
walls, building geometry, presence of vegetation) could be easily included if new parameterizations for u and v 
become available.

In Eq. (2), the vertical transfer is the only decay term since it is assumed that the involved toxic substances do 
not undergo chemical or biological transformations or, in any case, have a reaction time significantly longer than 
the time needed for propagation. This hypothesis is in line with the objectives of the study, which focuses on the 
breathability of the urban area rather than on the dynamics of specific chemical species in the streets. However, 
a simple model for physico-chemical transformation could be easily implemented in the mass balance (Eq. 2) by 
adding a reaction term (e.g., −kc in the case of a first-order  decay63). Its effect would be embedded in the com-
plex network model by changing accordingly the street weights that will be presented in the following section.

For both an instantaneous and a continuous release at the source, the  solution19 for the concentration at the 
end of the street reads:

where c0 is the concentration at the source and l is the street length. Since both u and v are assumed  in30,31 to be 
linear function of the friction velocity u∗ of the boundary layer flow, Eq. (3) results independent of the proper-
ties of the atmospheric boundary layer, such as the intensity of the external wind and the stability conditions.

In street intersections, the flow field is rather complex and with an intermittent behavior. Even slight variations 
in the building geometry and wind direction can affect the redistribution of pollutants from the upwind to the 
downwind streets, as already found  in64–66. As a safety approach, we assume that the pollution front propagates 
towards all the streets downwind the intersection, keeping its concentration unaltered in crossing the intersection.

Based on these assumptions and adopting the network formalism, all the potential propagation paths from 
the source can be easily traced along the urban canopy. To this aim, a tree traversal algorithm on networks is 
efficiently  used19. Introducing a concentration threshold cth , the zone of influence of the source node is delimited 
as the contaminated domain characterized by concentration c > cth.

Despite the adopted simplifications, the model provides a satisfactory description of the propagation dynamics 
in the streets, as discussed  in67 and shown in Section S1 of the Supplementary Information. This is especially true 
in the first blocks downwind the source where dynamics in the streets are preponderant with respect to dispersion 
above roof level and re-entrainment from the external flow is  negligible68. Moreover, thanks to the conservative 
hypothesis for propagation in street intersections, the zone of influence delimited by the model includes streets 
that, although rarely, can be strongly affected by the release. In this sense, the physical simplifications are not 
restrictive for the estimation of vulnerability, which accounts for local and severe contaminations. On the other 
hand, the proposed model has an extremely low computational cost and, as reported in the following section, is 
the starting point for the analytical formulation of a centrality metric for urban vulnerability to airborne releases.

Centrality metric for the vulnerability of cities. Within the complex network formalism, vulnerability 
-reported above in terms of extension of the zone of influence of a source node- can be condensed in a centrality 
metric of the street network. To this aim, the concentration decay along a street from Eq. (3) is considered as a 
propagation cost, i.e. as the link weight:

Following a physical-based rationale, we derived  in20 a tailored centrality metric to identify the most vul-
nerable areas in a city as the best spreading nodes. The metric is based on the shortest path ( dsr ) between two 
nodes (s and r) and is limited by a threshold taking into account the progressive decrease of the contamination 
potential with distance from the source:

(3)c(l/u, l) = c0e
−

l
u
v
h ,

(4)ωij = e

lijvij
uijhij .
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where Vs is the centrality of node s, V is the set of nodes reachable from s, H is the Heaviside step function, D 
is the shortest path between s and r ∈ V , cth is the threshold concentration for relevant pollution. The length of 
the shortest path ( dsr ) is defined as:

In20, we demonstrated that the centrality of a node (Eq. 5) is very well correlated to the extension of the con-
taminated area from the source (i.e. the zone of influence of the node). Thus, the higher the centrality of a node, 
the higher its spreading potential and thus its vulnerability. For c0/cth = 10 , R-squared between centrality and 
extension of the zone of influence is 0.94, 0.82, 0.94 and 0.92 for Lyon, Firenze, Manhattan and Paris, respectively.

As mentioned in the Introduction, the number of people exposed to the contamination is not considered in 
this metric. However, this information could be easily integrated into the model, by modifying Eq. (5):

where Psr is the number of inhabitants along the shortest path D . Since dsr is defined in Eq. (6) as the overall 
propagation cost along the path, we can interpret the new metric as a measure for the number of affected people 
weighted by the concentration decay, i.e. the greater the ventilation of pollutants along the path, the higher dsr , 
the less the impact ( Is ) of the contamination on the exposed inhabitants Psr.

Topological descriptors. The topological and geometrical characteristics of the neighborhood of a node 
proved to be the key indicators for its vulnerability. The neighborhood is delimited as the set of links that can 
be traveled within a n-hop path from the node, where n is the value that optimizes the correlation in the regres-
sion model in Eq. (1). For the analysis presented in the main text, the neighborhood properties are suitable to 
predict the spreading potential of the node when n = 8 , i.e. when the neighborhood is extended up to an 8− hop 
topological distance from the node. Evidently, the extension of the neighborhood, n, depends on the initial 
concentration at the source node ( c0 ) and on the threshold concentration for contamination to be relevant ( cth ). 
As the ratio c0/cth increases, the phenomenon involves a larger area. Accordingly, the optimal distance for the 
delimitation of the node neighborhood increases as well (Fig. 6a).

The n-hop distance is therefore an additional topological parameter that takes into account the size of the 
toxic release. Since in this work the release scenario is fixed, this parameter keeps constant and is absorbed in 
the other predictors.

The other relevant topological indicators in Eq. (1) are the number of links in the neighborhood (k), the 
branching index (b) and the standard deviation of street orientation ( σ ) with respect to the incident wind.

The branching index assesses whether the neighborhood structure is more linear or more branched (see the 
two examples of neighborhood in Fig. 6b). It is defined as the average outdegree for the internal nodes belong-
ing to the neighborhood:

where Aij is the adjacent matrix for the neighborhood subnetwork. This matrix describes the connectivity of the 
links in the subnetwork: the element Aij is equal to 1 if a directed link from node i to node j exists, is equal to 0 
otherwise. N  is the set of the internal nodes in the neighborhood, M is the set of the neighbors for the i − th 
node in N  , n and m are the sizes of N  and M , respectively. Note that the information embedded in b is different 
from that embedded in k. To enlighten this aspect, we show in Fig. 6b the case of two neighborhoods with same k 
but different b and σ . The neighborhood at the top is composed of 7 links ( k = 7 ) in succession and with almost 
identical orientation. Its branching index (b) is therefore equal to 1 while the standard deviation of street orienta-
tion ( σ ) is very low. The lower right neighborhood has the same number of links ( k = 7 ) but it is characterized 
by a more branched structure and greater variation in the orientation of the streets. Consequently, the values of 
b and σ are considerably higher. In terms of vulnerability, k indicates the number of links potentially reachable 
by the toxic substance released in the source. For a fixed value of k, a higher branching index (b) reveals that 
the neighborhood links are topologically closer to the source and therefore can be affected by higher pollutant 
concentrations. Finally, with a same k and b, a low σ indicates a low variability in the orientation of the streets 
with respect to the direction of the wind. Consequently, all propagation paths in the neighborhood are effectively 
activated. In the case of high σ , some streets, despite being in the downwind neighborhood of the source, are 
characterized by a longitudinal wind intensity so low as to interrupt the propagation path.
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�

r∈V

H




�

(i,j)∈D

1

ωij
−

cth

c0



 1

dsr
,

(6)dsr = |D| = min
P




�

(i,j)∈P

ωij : P is path from s to r



.

(7)Is =
�

r∈V

H




�

(i,j)∈D

1

wij
−

cth

c0



Psr

dsr
,

(8)b =

1

m

n∑

i∈N

m∑

j∈M

Aij ,



12

Vol:.(1234567890)

Scientific Reports |        (2021) 11:23029  | https://doi.org/10.1038/s41598-021-02403-y

www.nature.com/scientificreports/

Received: 19 July 2021; Accepted: 9 November 2021

References
 1. United Nations. 2018 Revision of World Urbanization Prospects (2018).
 2. Bibri, S. E. & Krogstie, J. Smart sustainable cities of the future: An extensive interdisciplinary literature review. Sustain. Cities Soc. 

31, 183–212 (2017).
 3. Rydin, Y. et al. Shaping cities for health: complexity and the planning of urban environments in the 21st century. Lancet 379, 

2079–2108 (2012).
 4. Brelsford, C., Martin, T., Hand, J. & Bettencourt, L. M. Toward cities without slums: Topology and the spatial evolution of neigh-

borhoods. Sci. Adv. 4, eaar4644 (2018).
 5. Seto, K. C., Golden, J. S., Alberti, M. & Turner, B. L. Sustainability in an urbanizing planet. Proc. Natl. Acad. Sci. 114, 8935–8938 

(2017).
 6. Brunekreef, B. & Holgate, S. T. Air pollution and health. Lancet 360, 1233–1242 (2002).
 7. Grimm, N. B. et al. Global change and the ecology of cities. Science 319, 756–760 (2008).
 8. Caplin, A., Ghandehari, M., Lim, C., Glimcher, P. & Thurston, G. Advancing environmental exposure assessment science to benefit 

society. Nat. Commun. 10, 1–11 (2019).
 9. WHO. Ambient (outdoor) air quality and health. https:// www. who. int/ news- room/ facts heets/ detail/ ambie nt- (outdo or)- air- quali 

tyand- health (2018). Accessed 5 Dec 2019.
 10. Coaffee, J., Moore, C., Fletcher, D. & Bosher, L. Resilient design for community safety and terror-resistant cities. in Proceedings of 

the Institution of Civil Engineers-Municipal Engineer. Vol. 161. 103–110 (Thomas Telford Ltd, 2008).
 11. Blocken, B. Computational fluid dynamics for urban physics: Importance, scales, possibilities, limitations and ten tips and tricks 

towards accurate and reliable simulations. Build. Environ. 91, 219–245 (2015).
 12. Tominaga, Y. & Stathopoulos, T. Ten. questions concerning modeling of near-field pollutant dispersion in the built environment. 

Build. Environ. 105, 390–402 (2016).
 13. Britter, R. & Hanna, S. Flow and dispersion in urban areas. Annu. Rev. Fluid Mech. 35, 469–496 (2003).
 14. Kastner-Klein, P., Berkowicz, R. & Britter, R. The influence of street architecture on flow and dispersion in street canyons. Meteorol. 

Atmos. Phys. 87, 121–131 (2004).
 15. Fan, Y., Wang, Q., Yin, S. & Li, Y. Effect of city shape on urban wind patterns and convective heat transfer in calm and stable 

background conditions. Build. Environ. 162, 106288 (2019).
 16. Buccolieri, R., Salizzoni, P., Soulhac, L., Garbero, V. & Di Sabatino, S. The breathability of compact cities. Urban Clim. 13, 73–93 

(2015).
 17. Peng, Y., Gao, Z., Buccolieri, R. & Ding, W. An investigation of the quantitative correlation between urban morphology parameters 

and outdoor ventilation efficiency indices. Atmosphere 10, 33 (2019).
 18. Miao, C. et al. How the morphology of urban street canyons affects suspended particulate matter concentration at the pedestrian 

level: An in-situ investigation. Sustain. Cities Soc. 55, 102042 (2020).
 19. Fellini, S., Salizzoni, P., Soulhac, L. & Ridolfi, L. Propagation of toxic substances in the urban atmosphere: A complex network 

perspective. Atmos. Environ. 198, 291–301 (2019).
 20. Fellini, S., Salizzoni, P. & Ridolfi, L. Centrality metric for the vulnerability of urban networks to toxic releases. Phys. Rev. E 101, 

032312 (2020).
 21. Crucitti, P., Latora, V. & Porta, S. Centrality in networks of urban streets. Chaos Interdiscipl. J. Nonlinear Sci. 16, 015113 (2006).
 22. Barthelemy, M. The Structure and Dynamics of Cities (Cambridge University Press, Cambridge, 2016).
 23. Zischg, J., Klinkhamer, C., Zhan, X., Rao, P. S. C. & Sitzenfrei, R. A century of topological coevolution of complex infrastructure 

networks in an alpine city. Complexity 2019 (2019).
 24. Bini, M., Aiello, L., Capitanio, C. & Francini, C. Immagine Urbana: Temi e Progetti per lo Spazio Pubblico nel Centro Storico di 

Firenze (DIDA, 2016).
 25. Barthelemy, M., Bordin, P., Berestycki, H. & Gribaudi, M. Self-organization versus top-down planning in the evolution of a city. 

Sci. Rep. 3, 1–8 (2013).
 26. Salat, S., Bourdic, L. & Labbe, F. Breaking symmetries and emerging scaling urban structures: A morphological tale of 3 cities: 

Paris, New York and Barcelona. ArchNet-IJAR Int. J. Architect. Res. 8, 77 (2014).
 27. Baics, G. & Meisterlin, L. The grid as algorithm for land use: A reappraisal of the 1811 Manhattan grid. Plan. Perspect. 34, 391–414 

(2019).
 28. AbdelMigid, T. A., Saqr, K. M., Kotb, M. A. & Aboelfarag, A. A. Revisiting the lid-driven cavity flow problem: Review and new 

steady state benchmarking results using gpu accelerated code. Alex. Eng. J. 56, 123–135 (2017).
 29. Sousa, R. et al. Lid-driven cavity flow of viscoelastic liquids. J. Non-Newtonian Fluid Mech. 234, 129–138 (2016).
 30. Soulhac, L., Perkins, R. J. & Salizzoni, P. Flow in a street canyon for any external wind direction. Boundary-Layer Meteorol. 126, 

365–388 (2008).
 31. Salizzoni, P., Soulhac, L. & Mejean, P. Street canyon ventilation and atmospheric turbulence. Atmos. Environ. 43, 5056–5067 (2009).
 32. Smilkov, D. & Kocarev, L. Influence of the network topology on epidemic spreading. Phys. Rev. E 85, 016114 (2012).
 33. Maglaras, L. A. & Katsaros, D. New measures for characterizing the significance of nodes in wireless ad hoc networks via localized 

path-based neighborhood analysis. Soc. Netw. Anal. Min. 2, 97–106 (2012).
 34. Boccaletti, S., Latora, V., Moreno, Y., Chavez, M. & Hwang, D.-U. Complex networks: Structure and dynamics. Phys. Rep. 424, 

175–308 (2006).
 35. Judd, C. M., McClelland, G. H. & Ryan, C. S. Data Analysis: A Model Comparison Approach (Routledge, 2011).
 36. Kovar-Panskus, A. et al. Influence of geometry on the mean flow within urban street canyons-a comparison of wind tunnel experi-

ments and numerical simulations. Water Air Soil Pollut. Focus 2, 365–380 (2002).
 37. Fellini, S., Ridolfi, L. & Salizzoni, P. Street canyon ventilation: Combined effect of cross-section geometry and wall heating. Q. J. 

R. Meteorol. Soc. (2020).
 38. He, Y., Tablada, A. & Wong, N. H. A parametric study of angular road patterns on pedestrian ventilation in high-density urban 

areas. Build. Environ. 151, 251–267 (2019).
 39. Batty, M. The New Science of Cities (MIT Press, NY, 2013).
 40. Tominaga, Y. & Stathopoulos, T. CFD modeling of pollution dispersion in building array: Evaluation of turbulent scalar flux 

modeling in RANS model using LES results. J. Wind Eng. Ind. Aerodyn. 104, 484–491 (2012).
 41. Di Sabatino, S., Buccolieri, R. & Salizzoni, P. Recent advancements in numerical modelling of flow and dispersion in urban areas: 

A short review. Int. J. Environ. Pollut. 7(52), 172–191 (2013).
 42. Carruthers, D., Edmunds, H., Lester, A., McHugh, C. & Singles, R. Use and validation of ADMS-Urban in contrasting urban and 

industrial locations. Int. J. Environ. Pollut. 14, 364–374 (2000).
 43. Soulhac, L., Salizzoni, P., Cierco, F.-X. & Perkins, R. The model SIRANE for atmospheric urban pollutant dispersion; part I, pres-

entation of the model. Atmos. Environ. 45, 7379–7395 (2011).

https://www.who.int/news-room/factsheets/detail/ambient-%28outdoor%29-air-qualityand-health
https://www.who.int/news-room/factsheets/detail/ambient-%28outdoor%29-air-qualityand-health


13

Vol.:(0123456789)

Scientific Reports |        (2021) 11:23029  | https://doi.org/10.1038/s41598-021-02403-y

www.nature.com/scientificreports/

 44. Kim, Y., Wu, Y., Seigneur, C. & Roustan, Y. Multi-scale modeling of urban air pollution: Development and application of a street-
in-grid model (v1. 0) by coupling munich (v1. 0) and polair3d (v1. 8.1). Geosci. Model Dev. 11, 611–611 (2018).

 45. Morelli, X., Rieux, C., Cyrys, J., Forsberg, B. & Slama, R. Air pollution, health and social deprivation: A fine-scale risk assessment. 
Environ. Res. 147, 59–70 (2016).

 46. Coudon, T. et al. Assessment of long-term exposure to airborne dioxin and cadmium concentrations in the Lyon metropolitan 
area (France). Environ. Int. 111, 177–190 (2018).

 47. Morelli, X. et al. Which decreases in air pollution should be targeted to bring health and economic benefits and improve environ-
mental justice?. Environ. Int. 129, 538–550 (2019).

 48. Bo, M. et al. Urban air quality and meteorology on opposite sides of the alps: The Lyon and Torino case studies. Urban Clim. 34, 
100698 (2020).

 49. Garbero, V. Pollutant dispersion in urban canopy. in LMFA, Politecnico di Torino-Ecole Centrale de Lyon (PhD) (2008).
 50. Carpentieri, M., Salizzoni, P., Robins, A. & Soulhac, L. Evaluation of a neighbourhood scale, street network dispersion model 

through comparison with wind tunnel data. Environ. Model. Softw. 37, 110–124 (2012).
 51. Soulhac, L., Salizzoni, P., Mejean, P., Didier, D. & Rios, I. The model SIRANE for atmospheric urban pollutant dispersion; part II, 

validation of the model on a real case study. Atmos. Environ. 49, 320–337 (2012).
 52. Salem, N. B., Garbero, V., Salizzoni, P., Lamaison, G. & Soulhac, L. Modelling pollutant dispersion in a street network. Boundary-

Layer Meteorol. 155, 157–187 (2015).
 53. Soulhac, L., Nguyen, C. V., Volta, P. & Salizzoni, P. The model SIRANE for atmospheric urban pollutant dispersion. Part III: Valida-

tion against NO2 yearly concentration measurements in a large urban agglomeration. Atmos. Environ. 167, 377–388 (2017).
 54. Ser-Giacomi, E., Rossi, V., López, C. & Hernandez-Garcia, E. Flow networks: A characterization of geophysical fluid transport. 

Chaos Interdiscipl. J. Nonlinear Sci. 25, 036404 (2015).
 55. Ser-Giacomi, E. et al. From network theory to dynamical systems and back: Lagrangian betweenness reveals bottlenecks in geo-

physical flows. arXiv preprintarXiv: 1910. 04722 (2019).
 56. Ser-Giacomi, E., Legrand, T., Hernandez-Carrasco, I. & Rossi, V. Explicit and implicit network connectivity: Analytical formulation 

and application to transport processes. Phys. Rev. E 103, 042309 (2021).
 57. Iacobello, G., Scarsoglio, S., Kuerten, J. & Ridolfi, L. Spatial characterization of turbulent channel flow via complex networks. Phys. 

Rev. E 98, 013107 (2018).
 58. Iacobello, G., Scarsoglio, S., Kuerten, J. & Ridolfi, L. Lagrangian network analysis of turbulent mixing. J. Fluid Mech. 865, 546–562 

(2019).
 59. Tsonis, A. A., Swanson, K. L. & Roebber, P. J. What do networks have to do with climate?. Bull. Am. Meteorol. Soc. 87, 585–596 

(2006).
 60. Donges, J. F., Zou, Y., Marwan, N. & Kurths, J. Complex networks in climate dynamics. Eur. Phys. J. Spec. Top. 174, 157–179 (2009).
 61. Soulhac, L., Salizzoni, P., Mejean, P. & Perkins, R. Parametric laws to model urban pollutant dispersion with a street network 

approach. Atmos. Environ. 67, 229–241 (2013).
 62. Bentham, T. & Britter, R. Spatially averaged flow within obstacle arrays. Atmos. Environ. 37, 2037–2043 (2003).
 63. Zhong, J., Cai, X.-M. & Bloss, W. J. Modelling the dispersion and transport of reactive pollutants in a deep urban street canyon: 

Using large-eddy simulation. Environ. Pollut. 200, 42–52 (2015).
 64. Hunter, L. J., Watson, I. & Johnson, G. Modelling air flow regimes in urban canyons. Energy Build. 15, 315–324 (1990).
 65. Robins, A., Savory, E., Scaperdas, A. & Grigoriadis, D. Spatial variability and source-receptor relations at a street intersection. 

Water Air Soil Pollut. Focus 2, 381–393 (2002).
 66. Soulhac, L., Garbero, V., Salizzoni, P., Mejean, P. & Perkins, R. Flow and dispersion in street intersections. Atmos. Environ. 43, 

2981–2996 (2009).
 67. Fellini, S. Modelling pollutant dispersion at the city and street scales. From wind tunnel experiments to complex network theory. Ph.D. 

thesis, Ecully, Ecole Centrale de Lyon, Turin, Politecnico di Torino (2021).
 68. Goulart, E. V., Coceal, O. & Belcher, S. E. Dispersion of a passive scalar within and above an urban street network. Boundary-Layer 

Meteorol. 166, 351–366 (2018).

Acknowledgements
This study was supported by the Italo-French/French-Italian University via the Vinci Program, and by the Région 
Auvergne Rhône-Alpes via the SCUSI Project. We would also like to express our gratitude to Lionel Soulhac and 
the equipe AIR for giving access to urban data and to the software SIRANE.

Author contributions
S.F., P.S., and L.R. conceived and designed the study. S.F. prepared the data and conducted the numerical simula-
tions. S.F., P.S., and L.R. analysed the data. S.F. produced the figures and wrote the manuscript. S.F., P.S., and L.R. 
edited and reviewed the manuscript.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https:// doi. org/ 
10. 1038/ s41598- 021- 02403-y.

Correspondence and requests for materials should be addressed to S.F.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

http://arxiv.org/abs/1910.04722
https://doi.org/10.1038/s41598-021-02403-y
https://doi.org/10.1038/s41598-021-02403-y
www.nature.com/reprints


14

Vol:.(1234567890)

Scientific Reports |        (2021) 11:23029  | https://doi.org/10.1038/s41598-021-02403-y

www.nature.com/scientificreports/

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

© The Author(s) 2021

http://creativecommons.org/licenses/by/4.0/

