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Cyanobacterial cell factories trace a vibrant pathway to climate change neutrality
and sustainable development owing to their ability to turn carbon dioxide-rich waste
into a broad portfolio of renewable compounds, which are deemed valuable in
green chemistry cross-sectorial applications. Cell factory design requires to define
the optimal operational and cultivation conditions. The paramount parameter in
biomass cultivation in photobioreactors is the light intensity since it impacts cellular
physiology and productivity. Our modeling framework provides a basis for the predictive
control of light-limited, light-saturated, and light-inhibited growth of the Synechocystis
sp. PCC 6803 model organism in a flat-panel photobioreactor. The model here
presented couples computational fluid dynamics, light transmission, kinetic modeling,
and the reconstruction of single cell trajectories in differently irradiated areas of the
photobioreactor to relate key physiological parameters to the multi-faceted processes
occurring in the cultivation environment. Furthermore, our analysis highlights the need
for properly constraining the model with decisive qualitative and quantitative data
related to light calibration and light measurements both at the inlet and outlet of
the photobioreactor in order to boost the accuracy and extrapolation capabilities of
the model.

Keywords: computational fluid dynamics, particle tracing, carbon dioxide bioconversion, algal bioprocess,
simulation modeling, photobioreactor, light distribution analysis, Synechocystis sp. PCC 6803

INTRODUCTION

One of the most compelling long-term global sustainability goals is not just to abate the emissions
of greenhouse gasses, but also to substitute environmentally expensive processes based on fossil
fuels with biobased sustainable alternatives (Sustainabledevelopment Organization, 2015). Carbon
dioxide (CO2) sequestration and transformation using microorganisms as catalysts could lead
to breakthroughs in CO2 capture and utilization (Lorenzo et al., 2018; McCarty and Ledesma-
Amaro, 2019). Photosynthetic microorganisms have garnered an enormous interest since they can
be repurposed to convert atmospheric carbon dioxide and renewable electricity-based light, acting,
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respectively, as carbon and energy sources, into biobased value-
added compounds (Luan and Lu, 2018; van den Berg et al., 2019).
Indeed, the biosynthesized compounds can be functionalized in
the transport (Lan and Liao, 2012; Gao et al., 2017b; Vidal, 2017;
Shabestary et al., 2018; Liu et al., 2019; Wang L. et al., 2020) and
energy (Saper et al., 2018) sectors as well as in the packaging
(Ni et al., 2016; Nozzi et al., 2017; Yao et al., 2020), health (Lin
et al., 2019; Dienst et al., 2020), cosmetic and personal care
sectors (Choi et al., 2016; Derikvand et al., 2017), and in the
food industry (Caporgno and Mathys, 2018; Bernaerts et al., 2019;
Grossmann et al., 2020) among others. The synthetic biology
toolkit to unlock the potential of cyanobacterial cell factories
has substantially increased in recent years (Taton et al., 2014;
Wendt et al., 2016; Vogel et al., 2017; Janasch et al., 2018;
Santos-Merino et al., 2019; Vasudevan et al., 2019; Vavitsas et al.,
2019). Nonetheless, a great deal of improvement is still needed to
simplify and accelerate the transfer of bench-scale bioproduction
processes into commercial plants (Jones, 2014; Johnson et al.,
2018; Gifuni et al., 2019; Xia et al., 2019). In addition to the
availability of metabolic engineering tools, the advantageous
factors are cyanobacterial genetic malleability (Xiong et al., 2017),
competitive carbon conversion efficiency (Pérez et al., 2019), and
native ability to grow in a very poor culture medium (Jahn et al.,
2018). These biocatalysts could integrate into climate-mitigating
industrial pipelines and sustainably fuel the circular bioeconomy.
The potential of photoautotrophic microorganisms such as
cyanobacteria to pursue the biobased production of marketable
products is being exploited by several companies developing
renewable fuels (Farrokh et al., 2019; Yen et al., 2019) and
developing innovative solutions to supply bio-based chemical
intermediates in green chemistry formulations (Corbion, 2020;
Cyano Biotech GmbH, 2020; Photanol, 2020; Pond Tech, 2020).

Efforts are being intensified to enhance the operating
reliability of the newly developed biotechnologies (Gifuni
et al., 2019). In this perspective, also, a large number of
computational approaches are now used to achieve an enhanced
understanding (Asplund-Samuelsson et al., 2018; Broddrick
et al., 2019), analytical quantification (Zavřel et al., 2019), and
control of bioprocesses (Narayanan et al., 2020). In addition
to approaches accounting for the multi-factorial design of
experiments (Kommareddy and Anderson, 2013), there exists
a plethora of computational simulation approaches in process
design such as multi-scale physical models (Pruvost and Cornet,
2012; Solimeno et al., 2017; Weise et al., 2019), coupling
computational fluid dynamics and kinetic modeling (Perner-
Nochta and Posten, 2007; Seo et al., 2014; Loomba et al., 2018;
Scheufele et al., 2019), and artificial intelligence-based models
(Rio-Chanona et al., 2016, Rio-Chanona et al., 2019).

In the drive to identify the conditions maximizing the
productivity of a photobioreactor as a whole, it is necessary
to understand the coupling among hydrodynamics and
mass transport, radiation, and cellular growth kinetics.
Modeling approaches, which invoke excessively restrictive
assumptions, such as mono-dimensionality in light transmission
(Beer-Lamber law and its variants) or perfect mixing
(Carvalho and Malcata, 2003; Krujatz et al., 2015), oversimplify
the problem and are bound to provide scarce predictive accuracy

(Csgör et al., 2001; Straub, 2011). The variation over time of
the environmental physical features to which cells are exposed
has to be accounted for. Indeed, flow hydrodynamics influences
the availability of substrates for the cells and the history of
cells exposure to light. Therefore, several approaches, such as
the Lagrangian and Eulerian simulation approaches, have been
developed to couple fluid dynamics and radiation transport with
cell growth (Gao et al., 2018). In some articles, simulations are
performed with simplifying assumptions with respect to the
geometry, thus, simulating the phenomena internal to the reactor
in 1D (Koller et al., 2017) or 2D (Wheaton and Krishnamoorthy,
2012) configurations, while in the most complete articles, the
models are developed in a 3D configuration (Solimeno et al.,
2015; Loomba et al., 2018). As for the analysis of the phenomena
principally analyzed in our article, i.e., those related to light
transmission, many different simulation scenarios are reported
in literature. In some cases, the transmission of light radiation
is supposed to be monodirectional (Zhang et al., 2015; Naderi
et al., 2017), while in other cases, like ours, all possible directions
of propagation are considered (Zhang et al., 2015). Furthermore,
it is worthwhile to note that the culture medium is multiphasic
as it includes a liquid (nutrients, dissolved reagents, and reaction
products), gaseous (bubbles), and solid phase. Hence, in a faithful
reproduction of light transmission, it is appropriate to consider
the specific effects of the different components with the help of
different parameters related to the absorption and scattering of
the light. However, the medium is usually assumed to exhibit
a single liquid phase. As a consequence of this unrealistic
assumption, the effect of light scattering/absorption due to
bubbles (Csgör et al., 2001; Zhang et al., 2015) is not accounted
for. Similarly neglected is the effect of light absorption by
particles (Seo et al., 2014; Solimeno et al., 2017), which induces
the classical shadow effect, decreasing the amount of light
available to the bacterial cells as one moves away from the light
source. Our modeling approach, instead, explicitly accounts for
the multiphysical nature of the environment within the reactor.
When these phenomena are considered, the related coefficients
are usually set according to the literature (Fernández et al.,
2012; Naderi et al., 2017), whereas in our study, they are fitted
from experimental data. The correct modeling reproduction of
the light pattern makes it possible to improve the accuracy in
simulating the biochemical phenomena taking place inside the
reactor (Fernández et al., 2012), and to correlate bacterial growth
and its possible limitation and inhibition with light transmission
(Huang et al., 2012; Koller et al., 2017; Zhang et al., 2017).

This study proposes a 3D multi-physics mathematical
model of a flat-panel photobioreactor, developed on the
Comsol R© platform, which enables the comprehensive simulation
of different phenomena such as thermo-fluid dynamics,
cyanobacterial growth kinetics, mass transfer, and light
transmission by formulating the corresponding equations.
The discrete ordinates method was used to calculate the light
radiation in all the photobioreactor domains for each time
step. Computing particle trajectories was instrumental to
characterize the exposure of individual cells to light, which
primarily influences the growth rate, biomass concentration,
and ultimately, biomass productivity. Local light radiation
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profiles were simulated in order to assess the amount of light
that is actually perceived and absorbed by bacterial cells in
relation to different illumination conditions. The validity of
the model was examined by comparing model predictions with
direct measurements of key process parameters. Here, with
our approach, we could appraise the remarkable difference
between the externally supplied light and the light received by
the cells and we could deepen the plurality of the underlying
reasons. We linked the study of light transmission inside the
PBR vessel and the exploration of the residence time of bacterial
cells in different PBR domains to the experimental observation
of cyanobacterial physiological parameters. Our modeling
framework is able to couple the reconstruction of single
cell trajectories across differently irradiated PBR zones with
cellular growth kinetics. Therefore, our simulation framework
is exploitable to screen and identify the operating conditions
of the photobioreactor which optimize the accumulation of
productive algal biomass.

The understanding generated by our model, which unveils
otherwise inaccessible characteristics of an artificially lit
photoautotrophic cultivation environment, allows guiding the
PBR optimization toward an enhanced biomass photosynthetic
growth efficiency and productivity. Nonetheless, the complete
realization of the extrapolation capabilities of a modeling
approach requires the model to be a representative of the system
of interest. In this regard, we argue that, as a prerequisite of
the implementation of effective modeling, it is crucial for the
model to be backed by consistent process data acquisition and
management. We show, with a tailored experimental design,
how the predictions of relevant process characteristics resulting
from the model depend on the existence of accurate information
concerning both the light entering and the light leaving the
photobioreactor.

To unveil the interrelationships between model predictions
and the nature of light at the entrance of the photobioreactor,
our experimental plan varied the intensity of the light supplied
to the photobioreactor from 50 to 1,200 µE every 24 h
under three different types of calibration of the LED light
source. According to our results, the initialization of the
source of light at the entrance of the photobioreactor should
not be limited to the prearranged light intensity but should
also account for the effects related to the specific calibration
procedure. Indeed, our results demonstrated that setting the
model with the light resulting from different calibrating
configurations impacts differently on the local light distribution
inside the photobioreactor and thus on the light that is actually
perceived by the bacteria, obviously influencing microorganism
growth kinetics.

Alongside a careful definition of the light entering the
photobioreactor, we demonstrated the benefits of accompanying
the modeling with measurements of light intensity at the exit
of the photobioreactor under both abiotic and biotic culture
conditions. Indeed, informing the model with experimental
data acquired in the absence/presence of photosynthetic cells
facilitates the estimation of the interconnections between
local environmental traits and Synechocystis physiological and
growth attributes.

This work proposes an innovative modeling framework which
allows gaining insights in the complex relationships between
several light characteristics and cell physiology. Furthermore, our
analysis highlights the opportunities and challenges in properly
constraining the model with decisive qualitative and quantitative
data related to the light at the entrance and at the exit of the
photobioreactor.

MATERIALS AND METHODS

Pre-cultures Conditions
For all the experiments, the pre-cultures of glucose-tolerant wild-
type Synechocystis sp. PCC6803, kindly provided by Devaki Bhaya
(Department of Plant Biology, Carnegie Institution for Science,
Stanford, CA, United States), were prepared by growing cells
in flasks in 25 ml of BG 11 medium with a modified recipe as
described in van Alphen and Hellingwerf (2015).

Pre-cultures were grown for 1 week at 30◦C in a shaking
incubator at 120 rmp (Innova 44, New Brunswick Scientific,
Edison, United States) under constant white light illumination
at approximately 50 µmolphotons m−2s−1 (µE), measured with
the photometer (2102.2, Delta Ohm s.r.l, Padua, Italy).

PBR Growth Conditions
Synechocystis pre-culture was used to seed a temperature-
controlled flat panel photobioreactor (PBR)—model
FMT150.2/400 (Photon Systems Instruments, Drasov, Czech
Republic) (Nedbal et al., 2008)—with 20 ml of culture. This
study was performed in a customized 380 ml vessel for FMT150
(Supplementary Figure 1). Cells were grown in the BG11
medium modified as described above and supplemented by
10 mM of NaCHO3.

The lid of the PBR held a combined pH/temperature probe
and a Clark-type dissolved O2 (dO2) probe (Photon Systems
Instruments, Drasov, Czech Republic). The optical density (OD)
was measured by an integrated densitometer at 720 and 680 nm.
The temperature was settled at 30± 1◦C and pH∼ 8.

A constant supply of CO2 was provided by sparging the
medium with 1% CO2 (v/v) in N2. A gas mixer (GMS150
micro, Photon Systems Instruments, Drásov, Czech Republic)
coupled to a mass flow controller (EL-FLOW prestige FG-
201CV, Bronkhorst High-Tech BV, AK Ruurlo, Netherland) were
employed to supply 150 ml/min of gas mixture to the PBR.

The cellular suspension was illuminated from one side of the
PBR by orange–red light (636 nm) emitting diodes (LEDs). The
light calibration was performed with the assistance of the PBR
software and the use of a light photometer (2102.2 photometer,
Delta Ohm s.r.l, Padua, Italy), as shown in Supplementary
Figure 2. For each VDC value (0–100%) set by the PBR software,
we adopted three different types of calibration of the LED
panel, which differed in the relative distances between the light
meter and the LED panel and in the position(s) selected for
acquiring the light intensity measurement(s). We refer to the
three calibration setups under consideration in our study as case
1, case 2, and case 3 (Figure 1). More in detail, in case 1, the
light sensor was positioned on the LED light panel and a single
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FIGURE 1 | Positioning of the PAR probe for the three calibration procedures. Calibration cases 1, 2, and 3 are shown from left to right. In case 1, the light sensor
was positioned on the LED light panel and a single measure was acquired in the middle position of the panel. In case 2, the light sensor was positioned at 1 cm from
the LED panel and the measurements acquired in the central position and in four angular positions. In case 3, the light sensor was positioned at 1 cm from the LED
panel and a single measure was acquired in the middle position.

measure was acquired in the middle position of the panel. In case
2, the light sensor was positioned at 1 cm from the LED panel and
the measurements acquired in the central position and in four
angular positions (Figure 1) were averaged, Finally, in case 3, the
light sensor was positioned at 1 cm from the LED panel and a
single measure was acquired in the middle position.

For each configuration tested in the calibration stage, cells
were grown at 50, 100, 200, 300, 500, 950, and 1,200 µmolphotons
m−2s−1. Cyanobacterial cultures were subject to increasing light
intensities every 24 h and each light regime was kept for at
least 24 h as this time frame was found to be long enough
for reaching a stable growth rate and dissolved oxygen in the
culture medium (Supplementary Figure 3). For each light regime
settled, the light in output from the PBR was measured at the
central and angular positions, both in the presence and absence
of the Synechocystis culture. Experiments were performed in
three replicates for calibration case 1 and in two replicates for
calibration cases 2 and 3.

The PBR was run in a semicontinuous mode by controlled
dilution (turbidostat) of the growing cell suspension. Dilution
was based on the changes at OD720, measured by the integrated
densitometer and calibrated to the benchtop spectrometer
OD730 to maintain the OD730 approximately at 0.4 ± 2.5%.
Dilution was performed by a peristaltic pump automatically
controlled by the software of the photobioreactor. The range of
2.5% was intentionally chosen to be large enough to allow the

software to calculate the cells growth rate from the curve of the
OD slope between the dilutions.

Dry Weight
For the determination of the dry cell weight, at the end of
each 24 h step light increment, an aliquot of 20 ml of culture
was harvested in a sterile 50 ml falcon tube. The suspension
was pelleted at 1,500× g at room temperature for 15 min. The
supernatant was gently removed, and the pellet was delicately
washed with 2 ml of sterilized MilliQ water to remove medium
salts. The sample was again pelleted at 1,500× g for 15 min,
the supernatant was carefully removed and other 2 ml of MilliQ
distilled water were used to resuspend the pellet in a preweighted
2 ml eppendorf. After centrifugation (1,500× g for 15 min), the
supernatant was discarded. The tubes were subsequently dried
overnight in a stove at 90◦C and finally weighted again. In
parallel, the OD730 of the sampled cells was measured with a
Bench spectrophotometer (7315, Jenway, Staffordshire, England)
and used to normalize the dry cell weight per OD730 (Andreas
Angermayr et al., 2016; Du et al., 2016; Cordara et al., 2018).

Determination of Photosynthetic
Efficiency
The photosynthetic efficiency was calculated as grams of biomass
formed per mole of photons (van Alphen and Hellingwerf, 2015;
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Luimstra et al., 2019). We calculated the amount of light available
to the culture as the difference between the light in input to
the PBR, which we called Is,in, and the light remaining after
the passage through the PBR, which we called Iout . Iout was
both experimentally measured and calculated through model
simulations in order to calculate the amount of light absorbed in
the reactor volume. We used the growth rate and cell dry weight
values to calculate the amount of biomass produced in the actual
volume during 24 h for each Is,in used.

Mathematical Model Description
The 3D multi-physics, multi-component, multi-phase, and
not isothermal model of the photobioreactor was developed
on the COMSOL 5.5 R© platform and allowed us to simulate
different phenomena such as fluid dynamic, heat transfer and
radiation in different media, bacterial growth kinetics, gas-
liquid mass transfer, transport of species, and particle tracing
by formulating the corresponding equations. Supplementary
Table 1 reports the equations sets described in detail in Cordara
et al. (2018). Particle tracing related equations are described
separately in the following.

Supplementary Figure 4A shows the general design of the 3D
model based on the PBR geometry. It is worth noting that our
model accounts also for the presence of the glass and probes for
O2 and pH inside the liquid mixture (Supplementary Figure 1D)
and their effect on light transmission. Table 1 contains the
geometrical parameters of the vessel.

Free tetrahedral meshing was applied to the created model
prior to analysis (Supplementary Figure 4B). Meshing size
(1,253,654) was selected in order to prevent model inaccuracy
and imprecision resulting from model meshing. In fact,
with this huge number of tetrahedral elements we are able
to perform the calculations with an adequate degree of
convergence of the results.

Particle Tracing
In addition to the previously considered equations, in this work,
we also take into account the presence of solid particles. The
assumptions underlying this type of modeling are described as
follows:

(i) the particles have a spherical geometric shape;

TABLE 1 | Geometrical parameters of the PBR and its components.

Domain Element size [m]

Reator Height 0.1983

Width 0.11

Thickness 0.024

Sparger Diameter of inlet 0.002

Diameter of holes 0.0004

Number of holes 7

Lenght 0.03

Anchor Diameter 0.006

Lenght 0.035

Vessel Glass Thickness 0.0033

(ii) particle initial mass and density has been derived from the
experimental results;

(iii) particle motion inside the reactor is straightly linked to the
fluid-dynamic calculations;

(iv) the reactions take place at the bacterium/liquid mixture
interface;

(v) particle growth during the cultivation period is calculated
through Eq. (33) in Supplementary Table 1 and is
homogeneous for all the particles.

The particle trajectory and physical properties in the
photobioreactor is determined by the particle tracing module for
the fluid flow interface in Comsol R©. In this module, the motion,
vp, of a particle with mass mp in the vessel is described by Eq. (34)
in Supplementary Table 1 (Seo et al., 2014).

d
dt
(
mpvp

)
= FD + Fg + Fext (1)

where FD and Fg are, respectively, the drag and gravity force
the particles are subjected to. Fext stands for some additional
(e.g., electric, magnetic) force acting on a particle. The particle
momentum is defined by Newton’s second law, which states
that the net force on a particle is equal to the time rate of
change of its linear momentum in an inertial reference frame
(Loomba et al., 2018).

The drag force is defined by Eq. (35) in Supplementary
Table 1.

FD = mpFd(v− vp) (2)

where Fd = 18η/(ρpdp
2) is the drag force per unit mass, ρp the

particle density, and dp the particle diameter. The gravity force is
defined by Eq. (36) in Supplementary Table 1.

Fg = mpg
ρp − ρ

ρp
(3)

From the particle velocity, its trajectory, xp, is determined by
solving the differential equation

dxp

dt
= vp (4)

When the particle mass is being computed, such that accretion or
evaporation can take place, the mass is moved outside the time
derivative to prevent non-physical acceleration of the particles.
This assumption is that any mass lost by the particles continues
to move with the particle velocity and does not cause the
particle to decelerate.

We also consider particle-particle interactions to make
particles exert forces on each other (linear elastic forces) as
described by Eq. (38) in Supplementary Table 1.

F = −kEL

N∑
j=1

(
∣∣r − rj

∣∣− r0)
r − rj

|r − rj|
(5)

Where kEL is the spring constant (N/m), r0 (m) is the equilibrium
distance between particles, and r (m) is the relative distance
between particles.
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RESULTS

Cyanobacteria are remarkably promising oxygenic phototrophic
cell factories for manifold applications through the integration
within innovative business models (Venkata Mohan et al., 2016).

Since the livelihood of cyanobacteria is directly dependent
upon light, the technological exploitation of photosynthetic
chassis strains is obligatorily reliant on a comprehensive
investigation and understanding of the interrelationships
between the irradiated light and the physiological traits of the
cyanobacterial cells in the artificially lit cultivation environment
(Andersson et al., 2019; Luimstra et al., 2019; Ho et al., 2020).
To this aim, we designed an experimental campaign to explore
the effects of illumination characteristics, including variation
of orange-red light intensities and calibration procedures,
on cyanobacterial physiology in a flat-panel photobioreactor.
The experimental dataset on cyanobacterial physiology at
varied illumination conditions was complemented with
model simulations comprehensive of heat transfer with light
transmission, fluid dynamics, and cellular growth kinetics. It was
of utmost importance to acquire experimental data both in the
absence and in the presence of cyanobacterial cells in order to
facilitate the estimation of the radiation parameters employed in
our modeling framework.

The exploration of the calibration effects on our simulation-
aided analysis of the artificially lit flat-panel bioreactor envisaged
three possible configurations thereafter referred to as calibration
case 1, case 2, and case 3 and illustrated in Figure 1. Different
from case 1, where the light sensor is placed on the LED panel,
cases 2–3 envisage the light sensor at 1 cm from the LED
panel. Cases 2 and 3 differ from each other by the number
of measurement points used for light calibration, one central
position and four angular positions for case 2 and one central
position for case 3. To unveil the interrelationships between
the illumination of the photobioreactor and the exposure of
cyanobacterial cells to light, our experimental plan varied, for
each type of calibration of the LED panel, the intensity of the
light preset for the photobioreactor from 50 to 1,200 µE. The
increase in the incident light intensity occurred every 24 h and
the cell cultures were maintained at each light regime for at
least 24 h. The duration of the exposition time at a certain
lightening was indeed sufficient to achieve stable measurements

of growth rate and dissolved oxygen in the culture medium
(Supplementary Figure 3). For each light regime settled, the light
in the output from the PBR was measured at the central and
angular positions, both in the presence and in the absence of the
Synechocystis culture.

Model Accurately Predicts the
Phototrophic Properties of the Cell
Culture
The experimental values of the transmitted light and of the light
detected at the vessel output, in biotic and abiotic conditions,
have been used to fit the parameters related to light transmission
in the various PBR domains taken into consideration, namely: air,
vessel glass, stainless steel (wall, probes, and sparger), water with
medium, bacteria, and gas bubbles (Supplementary Figure 1).
The estimated parameters set was used to obtain the modeled
trends for cyanobacterial growth rate (Figure 2A) and oxygen
released in the medium (Figure 2B). The agreement between
the experimental and simulated values with regard to both of
these physiological traits demonstrates the solidity of the model
built. The effect of different calibration approaches on growth
rate µ and dissolved oxygen is neatly evident at the extreme
light intensities which were set in our experiments. Specifically,
Figure 2 shows the existence of opposite trends in the extreme
regions corresponding to low incident light (Is,in < 400 µE) and
high incident light (Is,in > 600 µE). In the intermediate region
(400 < Is,in<600 µE), the values of µ and dissolved oxygen are
almost uniform. In the low incident light region, we noticed a
higher growth rate in the calibration cases 2–3 than in the case
1, with a more pronounced oxygen production for case 2 with
respect to case 3. In the high incident light region, the trend is
reversed with growth being faster in case 1 than in cases 2–3. This
observation is due to the fact that in the calibration case 1, where
the sensor is placed on the panel, the value of light intensity preset
via software can be achieved by supplying less electrical power
to the panel compared to cases 2–3, and that, as a consequence
of it, LEDs emit at lower light intensity. When we place the
sensor at 1 cm from the panel, according to the calibration
cases 2–3, calibration is necessarily influenced by the absorption
and scattering of light, which occurs in the space separating the
sensor from the panel, and by the absorption of light by the

FIGURE 2 | Calibration affects the assessment of photo-limited, photo-saturated, and photo-inhibited growth of cyanobacterial cells. Shown are the experimental
(symbols) and simulated (dashed line) values of (A) growth rate and (B) oxygen released in the medium by Synechocystis at increasing light intensity Is,in, in relation
to each calibration case. Symbols show the mean values over the biological replicates for each calibration case and are accompanied by their respective standard
deviation bars.
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surrounding black surfaces (Huang et al., 2011). Therefore, in
the calibration cases 2–3, the LED panel has to be supplied with
more electrical power and the LEDs have to emit light at a higher
intensity to measure the prescribed light intensity in the sensor.
Consequently, the light at which bacteria are exposed in the
calibration case 1 is attenuated, when compared to the calibration
cases 2–3. Since cyanobacterial photoinhibition is known to be
induced by extreme high light intensity (Ogawa et al., 2018), it
follows that, when the prescribed light intensity is low, bacteria
grow faster (Figure 2A) and release more oxygen in the medium
of the PBR (Figure 2B) in the calibration cases 2–3 than in the
case 1. When the prescribed intensity is high, the physiological
response of the bacterial culture is opposite: bacteria grow faster,
and the dissolved oxygen registered in the medium is higher
in the case 1 than in cases 2–3. Therefore, our experiments
quantitatively show that calibration affects the physiological traits
of the cyanobacterial culture in a non-negligeable manner.

The values inferred for the light at the outlet of the
photobioreactor were contrasted with those experimentally
determined, in the abiotic (Figure 3A) and biotic (Figure 3B)
cases in each calibration setup. In the abiotic condition, modeling
effectiveness is largely insensitive to the calibration choice and
the prescribed light intensity at the photobioreactor entrance.
In the biotic condition, predictability was found to generally
improve with increasing light intensity and to be influenced by

the calibration choice. In this regard, our model is particularly
effective in inferring the transmitted light in calibration case 2
whereby the light sensor is placed at 1 cm from the panel of LEDs
and the light intensities measurements at the central and angular
positions are averaged.

Moreover, the outlet light intensities derived from our model
simulations were employed to estimate the light-dependent
photosynthetic efficiency of the photobioreactor in terms of
grams of biomass produced per mole of photons available in
the photobioreactor. The full agreement with photosynthetic
efficiency values derived from experimentally acquired outlet
light intensities confirmed the plausibility of our modeling
framework (Figure 4), As expected at low OD batch cultures,
the photosynthetic efficiency of Synechocystis obtained by our
model simulations showed that efficiency starts to drop the
fastest in the initial increase in intensity. Furthermore, owing to
the aforementioned dependency of incident light on calibration,
this trend appeared accentuated in the calibration cases 2–3
where efficiency turned out to decrease from the highest value,
observed at 50 µE where 0.47 g (case 2) and 0.45 g (case 3)
of biomass were produced per mole of photons available to the
PBR domains, to the lowest value observed at 1,200 µE where
0.12 g (cases 2–3) of biomass were produced per mole of photons.
In summary, we provided a quantitative study of light-limited,
light-saturated, and light-inhibited growth of the cyanobacterium

FIGURE 3 | Simulated light intensities recapitulate experimental light intensities at the outlet of the photobioreactor. Comparison between experimental (symbols)
and simulated (dashed line) light intensities at the outlet of the photobioreactor in correspondence to each calibration case at increasing light intensity Is,in in abiotic
(A) and biotic (B) conditions. Symbols show the mean values over the biological replicates for each calibration case. The light transmitted along the PBR depth is
attenuated as a result of cyanobacterial cells. 1D trend of simulated light intensity along the reactor depth for the calibration case 1, in abiotic (C) and biotic (D)
configurations.
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FIGURE 4 | Photosynthetic efficiency dependency on light intensity is
influenced by calibration. Photosynthetic efficiency is displayed at increasing
light intensity under each calibration case. The values derived from
experimentally determined light intensities at the inlet and outlet of the
photobioreactor are shown by symbols. The photosynthetic efficiency values
derived from simulated light intensities at the inlet/outlet of the
photobioreactor are shown by dotted lines.

Synechocystis sp. PCC 6803 by monitoring key physiological
properties, such as changes in dry weight, gas exchange (O2),
and photosynthetic efficiency under different lightening and
calibration setups in a controlled cultivation environment.
The results obtained in this study showed that a quantitative
experimental assessment of phototrophic parameters is subject
to a number of technical difficulties, which are often reported
in insufficient detail. In particular, our analysis illustrated the
influence of calibration choices on the characterization of
phototrophic growth and activity, which, when superficially
treated, can make direct comparison of the literature data difficult
and drawn conclusions faulty.

Light Intensity Profiling Within the
Flat-Panel Photobioreactor
The outlined observations and the plausibility shown by our
model elicited our interest to exploit our simulation framework
to explore the properties of the light that is actually perceived
and absorbed by bacterial cells while migrating within the
artificially lit vessel of the photobioreactor. The local light
intensity profiles were simulated at increasing red-orange light
intensities (Is,in), ranging between 50 and 1,200 µE, for each type
of calibration of the LED panel. By way of example, Figure 5 and
Supplementary Figure 5 show the local light intensity profiles
corresponding to Is,in = 300 µE and Is,in = 1,200 µE for the three
calibration settings in both biotic and abiotic conditions. Close
inspection of our simulation results allowed us to discern fine-
grained features of light intensity distribution owing to distinct
factors. Sources of variation of the light spatial distribution were
identified in the boundary regions, at the interface between the
gaseous and liquid phase and at the interface between the liquid
phase and the bottom steel base, as well as in the rotating
domain created by the stirring bar, as previously detailed in
Cordara et al. (2018). Additionally, it is worthwhile noting
that these patterns were more accentuated at decreasing values

of the incident illumination intensity (Huang et al., 2011).
Contrasting the local radiation profiles in various calibration
cases allowed us to confirm that the calibration cases 2–3 favor
light transmission inside the vessel more than the calibration
case 1, at both low and high Is,in, as highlighted in Figure 5 and
Supplementary Figure 5.

Biotic Effects on Light Transmission in the
Photobioreactor Vessel
Contrasting the abiotic and biotic cases allowed us to notice
the effects which could be ascribed to the presence of the
bacterial culture on light transmission inside the PBR vessel.
For each irradiated light and calibration choice analyzed in
the biotic cases, light absorption and scattering by bacterial
cells accentuated the attenuation of the incident light intensity,
when compared to the abiotic cases (Olivieri et al., 2015). In
particular, we noticed approximately 6% of light lost in the liquid
phase in the abiotic cases against 66% of light lost in the biotic
cases, regardless of the calibration setup and of the incident
light intensity (Supplementary Table 2). In this regard, the 1D
trends of simulated light intensity show a more accentuated light
attenuation along the reactor depth, in the biotic case (Figure 3D)
compared to the abiotic one (Figure 3C), by way of example,
in calibration case 1. Therein, we could notice the highest loss
of irradiated light in the inlet and middle area of the vessel
(Csögör et al., 1999; Gao et al., 2017a; Naderi et al., 2017). The
results of our simulations are in line with the experimentally
determined values of light leaving the cultivation system which
were previously described in the abiotic (Figure 3A) and biotic
(Figure 3B) cases.

As shown in Figure 5 and Supplementary Figure 5, light
absorption and scattering by bacterial cells accentuated also the
heterogeneity in the light intensity distribution within the liquid
phase, when compared to the abiotic case (Soman and Shastri,
2015). These effects get more pronounced as the incident light
intensity gets lower. Light reduction is obviously accentuated in
the light inlet area of the vessel where, by virtue of reactor design
in this study (Supplementary Figure 1), bacterial cells tend to
move by effect of the local liquid movement propelled by the
stirring bar rotation.

Characterization of Light Perception and Absorption
by Single Particles
We then employed our modeling framework to relate the
trajectories of bacterial cells in the PBR domains featuring
different light intensities to cyanobacterial growth. Particle
tracing simulations, shown by way of example in Supplementary
Figure 6, provide time-dependent trajectories of the light
intensity perceived by individual cells and afford the visualization
of kinetic and radiation characteristics on particles’ skin (Olivieri
et al., 2015; Loomba et al., 2018). We thus computed the one-
dimensional trends of the radiation perceived by individual cells
along the simulated time (Olivieri et al., 2015; Soman and Shastri,
2015; Iluz and Abu-Ghosh, 2016). The average value of the
perceived light intensities over all the cells at each discrete time
in the 1 h window of simulated process is displayed in Figure 6
in the three calibration cases at two extreme light intensities,
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FIGURE 5 | Biotic effects on light transmission through the photobioreactor depend on the incident light and calibration. 3D trend of perceived light intensity along
YZ slices of the model PBR acquired at 24 h of simulated time for calibration cases 1–2, in biotic and abiotic conditions, at 300 and 1,200 µE.

300 and 1,200 µE. The shown trends, net of fluctuations ranging
between 3 and 6% of the average over the whole cells, and 1 h
simulated time, confirmed that, at a certain settled Is,in value,
the calibration setup influences the light actually perceived by
cyanobacterial cells, with the latter being higher in cases 2–3 than
in case 1. Moreover, the influence ascribed to calibration became
accentuated when lowering the settled light intensity.

Figure 7, which reports the averaged values over the whole
cells at a discrete simulated time, confirms that the light intensity
that is actually perceived and absorbed by bacterial cells is
substantially lower than the light prescribed. The perceived light
(Ip) is reduced by approximately 64% in calibration case 1,
53% in calibration case 2, and 52% in calibration case 3. When
considering the amount of light absorbed by the culture (Iab),
our simulation results show that in case 1, the culture absorbs
about 27% of the light sent; in case 2, about 32%; and in case
3, about 34% (Supplementary Table 3). As previously noted, the
main difference in the light perceived and absorbed is registered
between case 1 and cases 2–3, where the trends are similar to each
other, for each simulated incident light intensity.

Estimation of the Photosynthetic Regime of the Algal
Culture by the Simulation Framework
The parameters of the modified Monod kinetics were fitted
using a self-implemented Matlab code according to Eq. (33)
(del Rio-Chanona et al., 2018). The relevant parameters are
µmax, kI ,s, and kI,i which account for the maximum growth
rate, light saturation, and photo-inhibition, respectively. These
parameters are only dependent on cyanobacterial properties
and were fitted from the experimental data on the growth rate
previously displayed in Figure 2 and employed to obtain the

modeled trends also shown in the same figure. The estimated
values for the parameters in the Monod kinetics model are
reported in Table 2. The estimated parameters values enabled
us to gauge how the different calibration setups of the radiant
LED panel influence the photo-limitation regime under low
light intensity, the photo-saturation regime under optimal light
intensity, and the photo-inhibition regime under intense light
intensities (Pilon et al., 2011; Kommareddy and Anderson, 2013).
More specifically we could conclude that: (i) case 1 is associated
with a higher photo-limitation compared to cases 2–3; (ii) case 1
is associated with a higher photo-saturation compared to cases 2–
3; (iii) cases 2–3 are associated with accentuated photo-inhibition
compared to case 1.

These results are reflected also in the trends of the
photosynthetic efficiency displayed in Figure 8. Here, differently
from Figure 4, the photosynthetic efficiency has been calculated
from the simulated values of the light in input and output of
the liquid phase (Supplementary Figure 1), hence referring only
to the culture domain, and not to the whole reactor system,
as it occurred in relation to Figure 4. As a consequence of it,
the photosynthetic efficiency values displayed in Figure 8 are
clearly higher than those shown in Figure 4, since the estimates
here do not take into account the losses of transmitted radiation
due to the other domains of the photobioreactor (Huang et al.,
2011). The lower values of the light perceived and absorbed
by bacterial cells in case 1 compared to cases 2–3 reflected
in the photosynthetic efficiency values: at lower incident light
intensity, efficiency is 20% lower for case 1 than for cases 2–3,
at high intensities the photosynthetic efficiency is 37% higher
in case 1 compared to cases 2–3 (Supplementary Table 4).
These findings justify the trends of growth rate and dissolved
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FIGURE 6 | Calibration influences the light perceived by individual cells. 1D simulated trends of radiation perceived by bacterial cells for the three calibration cases at
(A) 300 µE incident light intensity and (B) 1,200 µE incident light intensity. The average of the simulated light intensity values perceived by all the particles is plotted
along 1 h of simulated time. Calibration cases are color-coded.

oxygen shown in Figure 2, further validating the considerations
previously proposed on the influence of calibration setups on the
characterization of relevant physiological parameters.

Light Absorption Coefficient Depends on Bacterial
Biomass Concentration
The estimation of the parameters related to the transmission
of light in the modeled domain hosting the cell culture was
enhanced by explicitly taking into account the experimentally
detected light values and the simulation results pertaining cell
density at different Is,in and growth kinetics (Supplementary
Table 5). The relationship between the bacterial absorption
parameter and the bacterial biomass concentration resulting
from the fitting procedure is shown in Figure 9. The values
and the trend obtained from our simulations and shown in
Figure 9 are in line with previously published reports according
to which the absorption coefficient increases with increasing cell
concentration (Agusti and Phlips, 1992; Molina Grima et al.,
1994), varying from around 1.34 m−1 for 0.1 gDCW/L to around
4 m−1 for 2 gDCW/L (Zhang et al., 2015).

DISCUSSION

Optimal exploitation of the production capabilities of
cyanobacterial growth potential is reliant on how the inherent
properties of photobioreactors can be adjusted to create an
environment able to accommodate the culture growth and
physiology optimally. The photophysiological performances,
which are usually detected experimentally, result from the
superposition of several highly variable aspects related to gas
exchange, mixing regime, reactor geometry, and light intensity
distribution (Béchet et al., 2013; Huang et al., 2017). Direct access
to the processes within the reactor environment is burdensome;
therefore, simulation modeling is invaluable to shed insights into
the reasons underlying the photosynthetic performances (Wang
B. et al., 2020). The engineering and/or operational solutions
consequently devised can improve biomass photosynthetic
growth efficiency and productivity. For these reasons, we coupled
the acquisition of experimental data from a carefully designed
campaign to a mechanistic simulation modeling of a wide
range of processes intervening in a conventional flat-panel
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FIGURE 7 | Calibration affects the light perceived and absorbed by individual
cells. The barplot shows the light perceived Ip and the light absorbed Iab on
average by cyanobacterial cells at each discrete simulated time, for each
calibration case and each incident light intensity Is,in.

TABLE 2 | Comparison of saturation/inhibition/limitation parameters
corresponding to each calibration case.

Calibration KI,S [W m−2] KI,i [W m−2] µmax [h−1]

Case 1 114.5 72.46 0.364

Case 2 43.32 114.9 0.221

Case 3 55.39 82.64 0.265

µmax , kI,s, and kI,i account, respectively, for the maximum growth rate, light
saturation, and photo-inhibition.

photobioreactor in order to provide a quantitative study of
light-limited, light-saturated, and light-inhibited growth of
Synechocystis sp. PCC 6803 turbidostat cultures.

Robust quantification of light intensity dependence of
cyanobacterial activity (Sarkar et al., 2019; Zavřel et al.,
2019; Toyoshima et al., 2020) is instrumental for predicting
a bioprocess performance and designing an efficient
photobioreactor (Zhang et al., 2015; Papacek et al., 2018).
Cyanobacterial physiology at different light regimes was
thus characterized by gauging the oxygen evolution (Jeon
et al., 2005; Cordara et al., 2018) and by expressing the
photosynthetic efficiency as moles of photons absorbed per
gram of biomass formed (Schuurmans et al., 2015). Our
characterization of cyanobacterial response to increasing
incident light intensities allowed us to identify a range of low
incident light intensities, which afford fast cellular growth and
pronounced release of oxygen in the medium, and a range
of high light intensities inducing photoinhibition (Ogawa
et al., 2018). Photosynthetic efficiency estimates were found in
agreement with the observed oxygen evolution. The fast decrease
of photosynthetic activity at moderately increased light intensity
is in line with experimental data acquired also in previous
studies, if we account for the difference existing in growth rate
and light transmission (Schuurmans et al., 2015). Notably, we
could observe that the highlighted trends were sensibly affected
by the calibration choice.

FIGURE 8 | Photosynthetic efficiency based on light intensities at the
inlet/outlet of the liquid phase decreases at increasing light intensity.
Photosynthetic efficiency is displayed at increasing light intensity under each
calibration case. Calibration cases are color-coded. The values shown are
derived from simulated light intensities at the inlet and outlet of the liquid
phase.

FIGURE 9 | Absorption coefficients for Synechocystis at different biomass
concentration values for the three calibration cases.

The experimentally observed relation between the
physiological properties and the supply of external light
was effectively recapitulated, corroborating the validity of
our modeling framework. Combining the simulation of the
evolution of cells with the reconstruction of differently lit
domains of the photobioreactor allowed us to relate the observed
photophysiological properties to the transmission of light in
the medium and to the patterns of light actually perceived
and absorbed by bacterial cells. The acquisition of a deeper
understanding of the relation between physiological traits and
local patterns in light transfer can inform the photobioreactor
design and the operational choices (Gao et al., 2018). Leveraging
experimental data on light intensity and simulated data on
cell density and growth kinetics, our modeling approach also
allowed us to explore the dependence of light absorption on cell
concentration (Huang et al., 2012). The latter reparameterization
is useful to enhance our understanding of light distribution
and, hence, to guide the optimization of the photobioreactor
operating conditions (Huang et al., 2017).
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Of particular interest were the trends of physiological
parameters (growth rate, dissolved oxygen, and photosynthetic
efficiency) at increasing light intensity with respect to different
calibration cases. Indeed, we showed how the assessment of
the physiological response to illumination depends on the
initialization of the externally supplied light with regard not
only to prearranged light wavelength and intensity but also to
the specific light calibration procedure. Our simulation results
demonstrated that setting the model with the light resulting from
different calibrating configurations impacts differently on the
local light distribution inside the photobioreactor and thus on
the light actually perceived by the bacteria, obviously influencing
microorganism growth kinetics.

In summary, our modeling framework can be integrated
into procedures for effective and stable control based on the
monitoring of process data that cannot be directly measured
and for dynamic bioprocess modeling. The combination of
experimental data acquisition and simulation modeling allows
understanding how experimental data, often partially overlooked,
have to be included to enhance the accuracy and extrapolation
capabilities of the model to shorten the bioprocess development.
Finally, our study suggests that full transparency in reporting
experimental design and methodological details is paramount
to reproduce and understand scientific outcomes and build
upon valuable findings to foster the collective achievement of
innovation goals in bioprocess engineering.
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Supplementary Figure 1 | (A) Body of the flat panel PBR FMT150.2/400
composed of a 390 ml transparent removable flat vessel. On top of the vessel, a
stainless lid accommodates different tubes, connectors, and sensors. The base of
the instrument contains a control unit with analogic and digital electronic circuits.
Enlarged the details of the red and blue LEDs installed in the light panel of the
reactor, the densitometer, and the fluorometer. (B) Red and blue LED spectra of
PBR FMT150.2/400. (C) Transmission spectrum of cyanobacterial culture affected
by light absorptions, light scattering. The lines and arrows indicate wavelength of
the light sources present in the flat panel reactor and the detection range of the
detector filter. (D) 3D modeled geometry of PBR with modeled domains selection:
1-closing, 2-inoculum, 3-sparger, 4-liquid immission, 5-sampling/liquid extraction,
6-culture, 7-stirring bar domain, 8-stainless steel walls of vessel, 9-base of vessel,
10-gas outlet, 11,O2 probe, 12-pH probe, 13-air, 14-glass walls of
vessel, 15-LED panel.

Supplementary Figure 2 | LED panel calibration trendlines in the three
calibration cases.

Supplementary Figure 3 | Stability of growth rate during 24 h at each step-wise
increase in the intensity value Is,in supplied to the PBR. By way of example, the
figure refers to the calibration case 1.

Supplementary Figure 4 | PBR design. (A) 3D CAD geometries and
(B) system mesh.

Supplementary Figure 5 | 3D trend of perceived light intensity along YZ slices of
the model PBR for calibration case 3, in biotic and abiotic conditions, at 300
and 1,200 µE.

Supplementary Figure 6 | 3D, lateral (XZ), and top (XY) view particles spatial
distribution in function of skin velocity (A) and radiation perceived (B).

Supplementary Table 1 | Model Equations. The table displays the equation sets
employed to simulate each phenomenon included in the model. The table reports
also the domains in the 3D geometry of the photobioreactor to which each listed
equation applies.

Supplementary Table 2 | Experimental and simulated light intensities at the outlet
of the PBR in abiotic and biotic configurations at increasing incident light intensity.

Supplementary Table 3 | Simulated values for the average light perceived and
absorbed by bacteria at all the simulated Is,n.

Supplementary Table 4 | Comparisons of efficiency of photosynthesis between
the three calibration cases at increasing incident light intensity.

Supplementary Table 5 | Model parameters for heat transfer with radiation.

REFERENCES
Aden, M., Roesner, A., and Olowinsky, A. (2010). Optical characterization of

polycarbonate: influence of additives on optical properties. J. Polym. Sci. Part
B Polym. Phys. 48, 451–455. doi: 10.1002/polb.21906

Agusti, S., and Phlips, E. J. (1992). Light absorption by cyanobacteria: implications
of the colonial growth form. Limnol. Oceanogr. 37, 434–441. doi: 10.4319/lo.
1992.37.2.0434

Andersson, B., Shen, C., Cantrell, M., Dandy, D. S., and Peers, G. (2019). The
fluctuating cell-specific light environment and its effects on cyanobacterial
physiology. Plant Physiol. 181, 547–564. doi: 10.1104/pp.19.00480

Andreas Angermayr, S., van Alphen, P., Hasdemir, D., Kramer, G., Iqbal, M., van
Grondelle, W., et al. (2016). Culturing synechocystis sp. Strain pcc 6803 with
N2 and CO2 in a diel regime reveals multiphase glycogen dynamics with low
maintenance costs. Appl. Environ. Microbiol. 82, 4180–4189. doi: 10.1128/AEM.
00256-16

Frontiers in Microbiology | www.frontiersin.org 12 April 2021 | Volume 12 | Article 639482

https://www.frontiersin.org/articles/10.3389/fmicb.2021.639482/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fmicb.2021.639482/full#supplementary-material
https://doi.org/10.1002/polb.21906
https://doi.org/10.4319/lo.1992.37.2.0434
https://doi.org/10.4319/lo.1992.37.2.0434
https://doi.org/10.1104/pp.19.00480
https://doi.org/10.1128/AEM.00256-16
https://doi.org/10.1128/AEM.00256-16
https://www.frontiersin.org/journals/microbiology
https://www.frontiersin.org/
https://www.frontiersin.org/journals/microbiology#articles


fmicb-12-639482 March 26, 2021 Time: 17:36 # 13

Vasile et al. Lightening Analysis in CO2-Based Bioprocess Development

Asplund-Samuelsson, J., Janasch, M., and Hudson, E. P. (2018). Thermodynamic
analysis of computed pathways integrated into the metabolic networks of
E. coli and Synechocystis reveals contrasting expansion potential. Metab. Eng.
45, 223–236. doi: 10.1016/j.ymben.2017.12.011

Béchet, Q., Shilton, A., and Guieysse, B. (2013). Modeling the effects of light
and temperature on algae growth: state of the art and critical assessment
for productivity prediction during outdoor cultivation. Biotechnol. Adv. 31,
1648–1663. doi: 10.1016/j.biotechadv.2013.08.014

Bernaerts, T. M. M., Gheysen, L., Foubert, I., Hendrickx, M. E., and Van Loey,
A. M. (2019). The potential of microalgae and their biopolymers as structuring
ingredients in food: a review. Biotechnol. Adv. 37, 107419. doi: 10.1016/j.
biotechadv.2019.107419

Broddrick, J. T., Welkie, D. G., Jallet, D., Golden, S. S., Peers, G., and Palsson, B. O.
(2019). Predicting the metabolic capabilities of Synechococcus elongatus PCC
7942 adapted to different light regimes. Metab. Eng. 52, 42–56. doi: 10.1016/j.
ymben.2018.11.001

Bucholtz, A. (1995). Rayleigh-scattering calculations for the terrestrial atmosphere.
Appl. Opt. 34, 2765. doi: 10.1364/ao.34.002765

Caporgno, M. P., and Mathys, A. (2018). Trends in Microalgae Incorporation Into
Innovative Food Products With Potential Health Benefits. Front. Nutr. 5:58.
doi: 10.3389/fnut.2018.00058

Carvalho, A. P., and Malcata, F. X. (2003). Kinetic modeling of the
autotrophic growth of Pavlova lutheri: study of the combined influence of
light and temperature. Biotechnol. Prog 19, 1128–1135. doi: 10.1021/bp03
4083

Choi, S. Y., Lee, H. J., Choi, J., Kim, J., Sim, S. J., Um, Y., et al. (2016).
Photosynthetic conversion of CO2 to farnesyl diphosphate-derived
phytochemicals (amorpha-4,11-diene and squalene) by engineered
cyanobacteria. Biotechnol. Biofuels 9, 202. doi: 10.1186/s13068-016-0617-8

Corbion (2020). Available online at: http://www.corbion.com/ (accessed December
6, 2020)

Cordara, A., Re, A., Pagliano, C., Van Alphen, P., Pirone, R., Saracco, G.,
et al. (2018). Analysis of the light intensity dependence of the growth of
Synechocystis and of the light distribution in a photobioreactor energized by
635 nm light. PeerJ 2018, 1–28. doi: 10.7717/peerj.5256

Csgör, Z., Herrenbauer, M., Schmidt, K., and Posten, C. (2001). Light distribution
in a novel photobioreactor – modelling for optimization. J. Appl. Phycol. 13,
325–333. doi: 10.1023/A:1017974232510

Csögör, Z., Herrenbauer, M., Perner, I., Schmidt, K., and Posten, C. (1999). Design
of a photo-bioreactor for modelling purposes. Chem. Eng. Process. Process
Intensif. 38, 517–523. doi: 10.1016/S0255-2701(99)00048-3

Cyano Biotech GmbH (2020). Cyano Biotech GmbH. Available online at: http:
//www.cyano-biotech.com/content/home/index.php (accessed December 6,
2020).

del Rio-Chanona, E. A., Liu, J., Wagner, J. L., Zhang, D., Meng, Y., Xue, S., et al.
(2018). Dynamic modeling of green algae cultivation in a photobioreactor for
sustainable biodiesel production. Biotechnol. Bioeng. 115, 359–370. doi: 10.
1002/bit.26483

Derikvand, P., Llewellyn, C. A., and Purton, S. (2017). Cyanobacterial metabolites
as a source of sunscreens and moisturizers: a comparison with current synthetic
compounds. Eur. J. Phycol. 52, 43–56. doi: 10.1080/09670262.2016.1214882

Dienst, D., Wichmann, J., Mantovani, O., Rodrigues, J. S., and Lindberg, P.
(2020). High density cultivation for efficient sesquiterpenoid biosynthesis in
Synechocystis sp. PCC 6803. Sci. Rep. 10, 1–16. doi: 10.1038/s41598-020-
62681-w

Downing, J. (2008). Effects of Light Absorption and Scattering in Water Samples on
OBS Measurements. Logan, UT: Campbell Scientific, Inc.

Du, W., Jongbloets, J. A., Pineda Hernández, H., Bruggeman, F. J., Hellingwerf,
K. J., and Branco dos Santos, F. (2016). Photonfluxostat: a method
for light-limited batch cultivation of cyanobacteria at different, yet
constant, growth rates. Algal Res. 20, 118–125. doi: 10.1016/j.algal.2016.
10.004

Erukhimovich, I., and de la Cruz, M. O. (2004). Phase equilibria and charge
fractionation in polydisperse polyelectrolyte solutions. J. Polym. Sci. Part B
Polym. Phys. 48, 451–455. doi: 10.1002/polb

Farrokh, P., Sheikhpour, M., Kasaeian, A., Asadi, H., and Bavandi, R. (2019).
Cyanobacteria as an eco-friendly resource for biofuel production: a critical
review. Biotechnol. Prog 35, e2835. doi: 10.1002/btpr.2835

Fenn, R. W., Clough, S. A., Gallery, W. O., Good, R. E., Kneizys, F. X., Mill, J. D.,
et al. (1985). “Optical and infrared properties of the atmosphere,” in Handbook
of Geophysics and the Space Environment, ed. A. S. Jursa (Hanscom AFB, MA:
Air Force Geophysics Laboratory).

Fernández, I., Acién, F. G., Fernández, J. M., Guzmán, J. L., Magán, J. J., and
Berenguel, M. (2012). Dynamic model of microalgal production in tubular
photobioreactors. Bioresour. Technol. 126, 172–181. doi: 10.1016/j.biortech.
2012.08.087

Gao, X., Kong, B., and Dennis Vigil, R. (2017a). Comprehensive computational
model for combining fluid hydrodynamics, light transport and biomass growth
in a Taylor vortex algal photobioreactor: eulerian approach. Algal Res. 24, 1–8.
doi: 10.1016/j.algal.2017.03.009

Gao, X., Kong, B., and Vigil, R. D. (2018). Multiphysics simulation of algal growth
in an airlift photobioreactor: effects of fluid mixing and shear stress. Bioresour.
Technol. 251, 75–83. doi: 10.1016/j.biortech.2017.12.014

Gao, X., Sun, T., Wu, L., Chen, L., and Zhang, W. (2017b). Co-overexpression
of response regulator genes slr1037 and sll0039 improves tolerance of
Synechocystis sp. PCC 6803 to 1-butanol. Bioresour. Technol. 245, 1476–1483.
doi: 10.1016/j.biortech.2017.04.112

Gifuni, I., Pollio, A., Safi, C., Marzocchella, A., and Olivieri, G. (2019). Current
bottlenecks and challenges of the microalgal biorefinery. Trends Biotechnol. 37,
242–252. doi: 10.1016/j.tibtech.2018.09.006

Grossmann, L., Hinrichs, J., and Weiss, J. (2020). Cultivation and downstream
processing of microalgae and cyanobacteria to generate protein-based
technofunctional food ingredients. Crit. Rev. Food Sci. Nutr. 60, 2961–2989.
doi: 10.1080/10408398.2019.1672137

Ho, M. Y., Niedzwiedzki, D. M., MacGregor-Chatwin, C., Gerstenecker, G.,
Hunter, C. N., Blankenship, R. E., et al. (2020). Extensive remodeling of
the photosynthetic apparatus alters energy transfer among photosynthetic
complexes when cyanobacteria acclimate to far-red light. Biochim. Biophys. Acta
Bioenerg. 1861:148064. doi: 10.1016/j.bbabio.2019.148064

Huang, Q., Jiang, F., Wang, L., and Yang, C. (2017). Design of photobioreactors
for mass cultivation of photosynthetic organisms. Engineering 3, 318–329. doi:
10.1016/J.ENG.2017.03.020

Huang, Q., Liu, T., Yang, J., Yao, L., and Gao, L. (2011). Evaluation of radiative
transfer using the finite volume method in cylindrical photoreactors. Chem.
Eng. Sci. 66, 3930–3940. doi: 10.1016/j.ces.2011.05.032

Huang, Q., Yao, L., Liu, T., and Yang, J. (2012). Simulation of the light evolution
in an annular photobioreactor for the cultivation of Porphyridium cruentum.
Chem. Eng. Sci. 84, 718–726. doi: 10.1016/j.ces.2012.09.017

Iluz, D., and Abu-Ghosh, S. (2016). A novel photobioreactor creating fluctuating
light from solar energy for a higher light-to-biomass conversion efficiency.
Energy Convers. Manag. 126, 767–773. doi: 10.1016/j.enconman.2016.08.045

Jacobsen, A., Neuroth, N., and Reitmayer, F. (1971). Absorption and scattering
losses in glasses and fibers for light guidance. J. Am. Ceram. Soc. 54, 186–187.
doi: 10.1111/j.1151-2916.1971.tb12260.x

Jahn, M., Vialas, V., Karlsen, J., Maddalo, G., Edfors, F., Forsström, B., et al. (2018).
Growth of cyanobacteria is constrained by the abundance of light and carbon
assimilation proteins. Cell Rep. 25, 478.e–486.e. doi: 10.1016/j.celrep.2018.09.
040

Janasch, M., Asplund-Samuelsson, J., Steuer, R., and Hudson, E. P. (2018). Kinetic
modeling of the calvin cycle identifies flux control and stable metabolomes
in Synechocystis carbon fixation. J. Exp. Bot. 70, 1017–1031. doi: 10.1093/jxb/
ery382

Jeon, Y. C., Cho, C. W., and Yun, Y. S. (2005). Measurement of microalgal
photosynthetic activity depending on light intensity and quality. Biochem. Eng.
J. 27, 127–131. doi: 10.1016/j.bej.2005.08.017

Johnson, T. J., Katuwal, S., Anderson, G. A., Gu, L., Zhou, R., and Gibbons, W. R.
(2018). Photobioreactor cultivation strategies for microalgae and cyanobacteria.
Biotechnol. Prog. 34, 811–827. doi: 10.1002/btpr.2628

Jones, P. R. (2014). Genetic instability in cyanobacteria – an elephant in the room?
Front. Bioeng. Biotechnol. 2:12. doi: 10.3389/fbioe.2014.00012

Koller, A. P., Löwe, H., Schmid, V., Mundt, S., and Weuster-Botz, D. (2017). Model-
supported phototrophic growth studies with Scenedesmus obtusiusculus in a
flat-plate photobioreactor. Biotechnol. Bioeng. 114, 308–320. doi: 10.1002/bit.
26072

Kommareddy, A. R., and Anderson, G. A. (2013). “Mechanistic modeling of a
Photobioreactor system,” in Proceeding of the Paper Number 054167, 2005

Frontiers in Microbiology | www.frontiersin.org 13 April 2021 | Volume 12 | Article 639482

https://doi.org/10.1016/j.ymben.2017.12.011
https://doi.org/10.1016/j.biotechadv.2013.08.014
https://doi.org/10.1016/j.biotechadv.2019.107419
https://doi.org/10.1016/j.biotechadv.2019.107419
https://doi.org/10.1016/j.ymben.2018.11.001
https://doi.org/10.1016/j.ymben.2018.11.001
https://doi.org/10.1364/ao.34.002765
https://doi.org/10.3389/fnut.2018.00058
https://doi.org/10.1021/bp034083
https://doi.org/10.1021/bp034083
https://doi.org/10.1186/s13068-016-0617-8
http://www.corbion.com/
https://doi.org/10.7717/peerj.5256
https://doi.org/10.1023/A:1017974232510
https://doi.org/10.1016/S0255-2701(99)00048-3
http://www.cyano-biotech.com/content/home/index.php
http://www.cyano-biotech.com/content/home/index.php
https://doi.org/10.1002/bit.26483
https://doi.org/10.1002/bit.26483
https://doi.org/10.1080/09670262.2016.1214882
https://doi.org/10.1038/s41598-020-62681-w
https://doi.org/10.1038/s41598-020-62681-w
https://doi.org/10.1016/j.algal.2016.10.004
https://doi.org/10.1016/j.algal.2016.10.004
https://doi.org/10.1002/polb
https://doi.org/10.1002/btpr.2835
https://doi.org/10.1016/j.biortech.2012.08.087
https://doi.org/10.1016/j.biortech.2012.08.087
https://doi.org/10.1016/j.algal.2017.03.009
https://doi.org/10.1016/j.biortech.2017.12.014
https://doi.org/10.1016/j.biortech.2017.04.112
https://doi.org/10.1016/j.tibtech.2018.09.006
https://doi.org/10.1080/10408398.2019.1672137
https://doi.org/10.1016/j.bbabio.2019.148064
https://doi.org/10.1016/J.ENG.2017.03.020
https://doi.org/10.1016/J.ENG.2017.03.020
https://doi.org/10.1016/j.ces.2011.05.032
https://doi.org/10.1016/j.ces.2012.09.017
https://doi.org/10.1016/j.enconman.2016.08.045
https://doi.org/10.1111/j.1151-2916.1971.tb12260.x
https://doi.org/10.1016/j.celrep.2018.09.040
https://doi.org/10.1016/j.celrep.2018.09.040
https://doi.org/10.1093/jxb/ery382
https://doi.org/10.1093/jxb/ery382
https://doi.org/10.1016/j.bej.2005.08.017
https://doi.org/10.1002/btpr.2628
https://doi.org/10.3389/fbioe.2014.00012
https://doi.org/10.1002/bit.26072
https://doi.org/10.1002/bit.26072
https://www.frontiersin.org/journals/microbiology
https://www.frontiersin.org/
https://www.frontiersin.org/journals/microbiology#articles


fmicb-12-639482 March 26, 2021 Time: 17:36 # 14

Vasile et al. Lightening Analysis in CO2-Based Bioprocess Development

ASAE Annual Meeting, (St. Joseph, MI: American Society of Agricultural and
Biological Engineers), doi: 10.13031/2013.20123

Krujatz, F., Illing, R., Krautwer, T., Liao, J., Helbig, K., Goy, K., et al. (2015). Light-
field-characterization in a continuous hydrogen-producing photobioreactor by
optical simulation and computational fluid dynamics. Biotechnol. Bioeng. 112,
2439–2449. doi: 10.1002/bit.25667

Lan, E. I., and Liao, J. C. (2012). ATP drives direct photosynthetic production
of 1-butanol in cyanobacteria. Proc. Natl. Acad. Sci. U. S. A. 109, 6018–6023.
doi: 10.1073/pnas.1200074109

Lin, W. R., Tan, S. I., Hsiang, C. C., Sung, P. K., and Ng, I. S. (2019). Challenges
and opportunity of recent genome editing and multi-omics in cyanobacteria
and microalgae for biorefinery. Bioresour. Technol. 291:121932. doi: 10.1016/j.
biortech.2019.121932

Liu, X., Miao, R., Lindberg, P., and Lindblad, P. (2019). Modular engineering for
efficient photosynthetic biosynthesis of 1-butanol from CO2 in cyanobacteria.
Energy Environ. Sci. 12, 2765–2777. doi: 10.1039/c9ee01214a

Loomba, V., Huber, G., and Von Lieres, E. (2018). Single-cell computational
analysis of light harvesting in a flat-panel photo-bioreactor. Biotechnol. Biofuels
11:149. doi: 10.1186/s13068-018-1147-3

Lorenzo, V., Prather, K. L., Chen, G., O’Day, E., Kameke, C., Oyarzún, D. A.,
et al. (2018). The power of synthetic biology for bioproduction, remediation
and pollution control. EMBO Rep. 19:e45658. doi: 10.15252/embr.20174
5658

Luan, G., and Lu, X. (2018). Tailoring cyanobacterial cell factory for improved
industrial properties. Biotechnol. Adv. 36, 430–442. doi: 10.1016/j.biotechadv.
2018.01.005

Luimstra, V. M., Schuurmans, J. M., de Carvalho, C. F. M., Matthijs, H. C. P.,
Hellingwerf, K. J., and Huisman, J. (2019). Exploring the low photosynthetic
efficiency of cyanobacteria in blue light using a mutant lacking phycobilisomes.
Photosynth. Res. 141, 291–301. doi: 10.1007/s11120-019-00630-z

McCarty, N. S., and Ledesma-Amaro, R. (2019). Synthetic biology tools to engineer
microbial communities for biotechnology. Trends Biotechnol. 37, 181–197. doi:
10.1016/j.tibtech.2018.11.002

Mikron Instrument Company (2014). Table of Emissivity of Various Surfaces. 1–13.
Available online at: http://www.czlazio.com/tecnica/TabelladelleEmissività.pdf
(accessed July 18, 2020).

Mogo, S., Cachorro, V. E., Sorribas, M., de Frutos, A., and Fernández, R. (2005).
Measurements of continuous spectra of atmospheric absorption coefficients
from UV to NIR via optical method. Geophys. Res. Lett. 32, 1–5. doi: 10.1029/
2005GL022938

Molina Grima, E., Garcia Carnacho, F., Sanchez Perez, J. A., Fernandez Sevilla,
J. M., Acien Fernandez, F. G., and Contreras Gomez, A. (1994). A mathematical
model of microalgal growth in light-limited chemostat culture. J. Chem.
Technol. Biotechnol. 61, 167–173. doi: 10.1002/jctb.280610212

Naderi, G., Znad, H., and Tade, M. O. (2017). Investigating and modelling of light
intensity distribution inside algal photobioreactor. Chem. Eng. Process. Process
Intensif. 122, 530–537. doi: 10.1016/j.cep.2017.04.014

Narayanan, H., Luna, M. F., Stosch, M., Cruz Bournazou, M. N., Polotti, G.,
Morbidelli, M., et al. (2020). Bioprocessing in the digital age: the role of process
models. Biotechnol. J. 15:1900172. doi: 10.1002/biot.201900172
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NOMENCLATURE

Symbol Description Symbol Description

A area, m2 vF the convective velocity, m s−1

cd mass fraction of dispersed phase, kg kg −1 w volume fraction

C concentration, mol m−3 X mass fraction

Cp specific heat at constant pressure, J m−3 K−1 Is,in Incident light intensity set via software, W m−2

D diffusion coefficients, m2 s−1 Ip Light intensity perceived by bacterial cell, W m−2

Dmd turbulent dispersion coefficient, m2 s−1 Iab Light intensity absorbed by bacterial cell, W m−2

e enthalpy flux density, J m−2 s−1
FD Drag force

EA activation energy, J mol−1
Fg Gravity force

F force term, kg m−2 s−2
Fext Additional force

G incident light radiation, W m−2
mp Particle mass

hj (T) enthalpies heat flux densities, J m−2 s−1
rhop Particle density

I incident light intensity, W m−2
dp Particle diameter

Ib black body radiation, Wm −2
xp Particle trajectory

J diffusion vector vp Particle velocity

k turbulent kinetic energy, m2s−3 Greek symbols

Kr reaction rate constant, m2 s−1 β extinction coefficient, m−1

m mass of species, kg ε turbulent energy dissipation, m2s −3

mdc mass transfer from dispersed to continuous phase, kg m −3s −1 kc effective thermal conductivity coefficient, W m−1 K−1

M molar mass, kg mol−1 κ absorbance coefficient, m−1

n flux density, mol m−2 s−1 µ dynamic viscosity, kgf s m−2

nd relative mass flux, mol m−2 s−1 µgr growth rate, h −1

p pressure, Pa µT turbulent viscosity,

q heat flux densities, W m−2 ν stoichiometric coefficients

Q volumetric charge density, C m−3 ρ density, Kg m−3

Qr radiative flux, W m−2 σS scattering coefficient, m−1

R universal gas constant, J K−1 mol−1 τ turbulent stress,

T temperature, K ϕχ continuous phase fraction, −

u velocity vector, m s−1 ϕδ dispersed phase fraction, −

uc continuous phase velocity vector, m s−1 ω rotational velocity, rad s−1

ud dispersed phase velocity vector, m s−1 η dynamic viscosity, Pa s−1

uslip slip velocity vector, m s−1
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