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Abstract 

Municipal Solid Waste (MSW) disposal is still a crucial issue, which is influenced by heterogeneous factors 
(political, social, economic, technological). The Mechanical Biological Treatment (MBT) plant is an important 
element of an Integrated Solid Waste Management (ISWM) system. These plants are aimed at separating the 
light and dry fraction of the Unsorted Waste (UW) from the wet one, producing the Refused Derived Fuel 
(RDF), and recovering the metal parts. In the present work, an Exergoeconomic analysis is performed on two 
MBT plant structures in order to assess the unit exergy-based cost of products and allocate the irreversibility 
associated to each equipment. A linear variation of degree of Selective Collection (SC) of single materials (± 
30% respect to the base case) shows that the major influence on production costs is associated to the SC of 
plastic. A Monte Carlo simulation is then carried out by sampling from distributions of external (waste 
composition) and internal (energy consumption) uncertain variables. The resulted mean values (µ) and 
standard deviations (RStD) can be useful at the time of designing a new plant. The influence of the internal 
variable is definitely lower than the external one, with values of RStD more than 90% lower. 

1. Introduction and state of art 

Over the last years, in the European countries, a growing attention has been paid to Municipal Solid Waste 
(MSW) treatment options, in order to find valuable alternatives to landfill and enhance the value of the wastes 
by recovering materials and energy. Development of an Integrated Solid Waste Management (ISWM) system  
is still a crucial issue, since it involves political choices other than technological and social factors. MSW 
generation and characteristics depend on several elements: location and density of population (geographical 
factors) [1], [2], habits and wealth of people (social and economic factors) [3], [4], period of year and touristic 
activity of the area (seasonal factors) [5], [6]. In this context, the recycling policies, the level of consciousness 
of the population and the type of collection (traditional or Kernel collection) have a strong influence on the 
degree of Selective Collection (SC) [3]. The collected material streams are directed to the recycling plants; the 
outlets of these systems are manufactured products, waste from the recycling process and rejected material, 
which cannot be treated for economic or technical reasons (i.e. lack of request in the market of recycled 
products [7]). The rejected material from the recycling processes and the Residual Unsorted Waste (RUW) 
have to be treated before being disposed into landfill or burned in an incinerator, according to the Italian law 
LD 211/2015 art. 48. 

 For this reasons, in many countries, the Mechanical Biological Treatment (MBT) plants became important 
elements of the ISWM system [8], [9]. These plants undertake a series of operations on the RUW aimed to: (i) 
increase the calorific value of the main outlet stream by separating the light and dry fraction (paper, plastic, 
textiles, etc.) from the wet one (organic matter)[10]; (ii) recover the ferrous and non-ferrous metal to be 
devolved to recycling plants [11]; (iii) stabilize the organic part before the final disposal [12][13]; (iv) reduce 
the volume of waste to be disposed in landfill [14], [15]. Currently in Italy, there are 130 MBT plants, which 
treat more than 10 million of MSW per year, 90% of which are RUW [16]. There are different types of MBT 
plants depending on the type of flow repartition: ‘single-flow’, ‘separated-flow’ and ‘mechanical’[17], [18]. 
In most cases, the main final product is the Refused Derived Fuel (RDF) (or  Solid Recovered Fuel, SRF, 
according to the new nomenclature), whose utilization in Italy is regulated by the Law D.L. 205/2010 in 
accordance with the standard UNI EN 15359 [19], [20]. RDF can only be used in incinerators, cement factories 
or thermal power plants of more than 50 MW, otherwise it is disposed in landfill. The RDF can be ‘fluff’, 
‘densified’ or ‘dust’, depending on the procedure that is used for its production [21].  



In the literature there are various examples of works focused on modelling and analysis of MBT plants. A 
Material Flow Analysis (MFA) is conducted in [22] with the goal of valuating the effectiveness while removing 
hazardous substances. The influence of input waste and processing technologies on RDF characteristics are 
studied in [14]. Experimental analyses are conducted with the aim to show the environmental advantage of 
insert a MBT plant before landfill [13]. Mass, energy and material balances are validated with laboratory 
analysis in [23], which compares different types of wastes. In [11], a Life Cycle Assessment (LCA) approach 
is used for evaluating the energy and environmental performance of a MBT plant producing RDF for cement 
kiln co-combustion. Results of a LCA are also presented in [12], comparing eight European MBT plants. 

Since these systems involve material and non-material streams, the use of exergy analysis coupled with 
economic balance (Exergoeconomics) appears particularly useful in this framework. In fact, exergy (e.g. the 
maximum useful work obtainable from a system when it is taken from its given state to the thermodynamic 
equilibrium with the environment, by only interacting with the environment [24]) is used as a rational basis 
for comparing flows of different nature [25]. In a waste treatment plant, mechanical processes involving 
electric energy consumption are performed. According to the Second Law of Thermodynamics, the sources of 
irreversibility of the system are linked to material losses and exergy destruction. Exergy based performance 
indicators provide a measure of the distribution of the irreversibility trough the equipment and so of the 
recovery degree of exergy potential [26]. Dewulf et al. [27] used exergy analysis to perform a quantitative 
assessment of solid waste treatment systems in the industrial ecology perspective, showing that the exergy 
concept contributes to a better assessment of sustainability of technology with respect to resource management. 
Exergoeconomics has also been applied by Valero et al. [28] to Industrial Ecology issues such as identification 
of integration possibilities and efficiency improvement, quantification of benefits obtained by integration, or 
determination of fair prices based on physical roots. Currently, no examples of Exergoeconomic analysis 
applied to specific waste treatment plants (such as MBT plant) are found in literature.  

The present work contains a second relevant novelty. In real working conditions, the operation of these 
kind of systems is strongly influenced by social, political and economic conditions, which entail a high degree 
of uncertainty. The uncertain factors can be external (site-dependent) or internal. External factors are the 
structure of collection system and the degree of selective collection, which influence the waste composition, 
and the market demand of end products that affects their production. Internal factors are the structure of each 
treatment chain or malfunctions in equipment, which lead to variable energy consumption. Some example of 
inclusion of uncertainty in the analysis of ISWM systems are present in literature [29], [30]. In this case, 
stochastic and probabilistic tools are adopted for generating simulation scenarios, such as crude Monte Carlo 
method (eventually coupled with inversion method) for sampling from uniform or normal probability 
distribution. 

In summary, the aim of this work is to evaluate the performance of the MBT plant under an Exergoeconomic 
perspective, considering the influence of aleatory variations of external and internal operating parameters and 
so reproducing the variety of operating conditions that can be faced. 

 
2. Model assumptions and methodology 

The value of Global Selective Collection SCgl is defined as the percentage of MSW that is separated and 
collected [16]. This is the weighted average of the mass flow of the separated material streams mi (namely 
paper, plastic, organic matter, wood, metal, glass and textile), where the weight is the degree of selective 
collection of the single stream SCi (Eq. 1). The relation between the Total Unsorted Waste (TUW) and the 
RUW (the unsorted waste before and after the selective collection, respectively) and the value of SCgl are 
expressed by Equation 2.  

%𝑆𝐶௚௟ =  
∑ 𝑆𝐶௜௜ ∙ 𝑚௜  

𝑇𝑈𝑊
 (1) 

𝑅𝑈𝑊 = ൫1 − %𝑆𝐶௚௟൯ ∙ 𝑇𝑈𝑊 (2) 



The following section reports the description of the steps for modelling and simulating the MBT plant, 
including the parameters used for the evaluation. The model is validated with data declared by real MBT plants, 
by comparing the values of LHV and Moisture Content (MC) of RDF. All the modelling and simulation are 
performed in Matlab environment. 

2.1 Mass balance 

Since the relation between the inputs and outputs of each equipment is linear (no chemical or nuclear 
reactions occur), mass balances are performed using transfer matrices. For the MBT plant, the Recovery Factor 
Transfer Function (RFTF) matrix [31] introduced by Diaz [32] is used. According to this methodology, transfer 
coefficients are assigned to each equipment of the treatment chain for each inlet material stream, for the wet 
and the dry part respectively. Equation 3 expresses the relation between the input and output flow of the i-th 
material stream through the j-th component of the chain. The reference process chains are the ones depicted in 
Figure 1.  

   𝑚௜೚ೠ೟
= 𝑚௜೔೙

∙ 𝑅𝐹𝑇𝐹(𝑗)                                                                (3) 

The RFTF matrix used in this work is shown in Table 1. In order to perform the calculation, some 
assumptions are made on the repartition of the inlet material streams: Organic Matter (OM) stream is composed 
by organic waste and garden trimmings; Other Plastics (OP) stream includes PVC and hard plastics; diapers 
are divided in 50% of organic matter, 35.5% of cellulose (paper) and 14.5% of plastic [33]; Other Inorganics 
(OI) include mostly inert and a small percentage of batteries and dangerous waste. Wet and dry part and 
ultimate analysis are calculated according to the values in Table 2. 

 

Table 1 
RFTF matrix factors, elaborated by the authors based on [11], [33], [34] 

j-th component 

 i-th material stream 

Paper Plastic OP OM Wood Leather 
NF 

metal 
Ferrous 
metal 

Glass Textile 
 

 OI 
 

Storage 
Dry 1 1 1 1 1 1 1 1 1 1 1 
Moisture 0.7 0.7 0.7 0.7 0.7 0.7 0.7 0.7 0.7 0.7 0.7 

Shredder 
Dry 1 1 1 1 1 1 1 1 1 1 1 
Moisture 0.98 0.98 0.98 0.98 0.98 0.98 0.98 0.98 0.98 0.98 0.98 

Magnetic 
separator 

Dry 0.98 0.98 0.98 0.95 0.98 0.98 1 0.2 1 0.98 0.95 
Moisture 0.98 0.98 0.98 0.95 0.98 0.98 1 0.2 1 0.98 0.95 

Eddy current 
separator 

Dry 0.98 0.98 0.98 0.98 0.98 0.98 0.1 1 1 0.98 0.98 
Moisture 0.98 0.98 0.98 0.98 0.98 0.98 0.1 1 1 0.98 0.98 

Preliminary 
screening 

Dry 0.785 0.69 0.69 0.166 0.73 0.73 0.52 0.52 0.198 0.73 0.468 
Moisture 0.785 0.69 0.69 0.166 0.73 0.73 0.52 0.52 0.198 0.73 0.468 

Fine screening 
Dry 0.97 0.96 0.96 0.46 0.96 0.96 0.91 0.91 0.08 0.96 0.7 
Moisture 0.97 0.96 0.96 0.46 0.96 0.96 0.91 0.91 0.08 0.96 0.7 

Air classifier 
-shredded refuse 

Dry 0.98 0.98 0.98 0.7 0.98 0.98 0.5 0.1 0.7 0.98 0.2 
Moisture 0.882 0.882 0.882 0.63 0.882 0.882 0.45 0.09 0.43 0.882 0.18 

Air classifier 
-un-shredded 
refuse 

Dry 0.98 0.98 0.98 0.4 0.98 0.98 0.5 0.1 0.02 0.98 0.15 

Moisture 0.882 0.882 0.882 0.36 0.882 0.882 0.45 0.09 0.018 0.882 0.135 

 Near Infrared 
Removal (NIR) 

Dry 1 0.94 0.01 1 1 1 1 1 1 1 0.7 
Moisture 1 0.94 0.01 1 1 1 1 1 1 1 0.7 

Pelletizer 
Dry 1 1 1 1 1 1 1 1 1 1 1 
Moisture 1 1 1 1 1 1 1 1 1 1 1 

 

 

 



Table 2 
Ultimate analysis of RUW streams, elaborated by the authors based on [34] 

  % by mass, dry basis 
 %MC C H O N S Cl Ash 

Paper 16.7 43.3 5.8 44.2 0.3 0.2 0.2 6 
Plastics 6.5 59.2 7.1 22.5 - - 1.3 9.8 
OP 2 54.9 6.6 20.8 - - 8.5 9.2 
OM 69.6 47.7 6.4 37.4 2.6 0.4 0.5 5 
Wood 48 45.9 5.9 37.9 3.4 0.3 0.3 6.3 
Leather 10 59.8 7.9 11.5 10 0.4 0.4 10 
NF Metal 3.7 4.5 0.6 4.3 0.1 - - 90.5 
Ferrous metal 2 4.5 0.6 4.3 0.1 - - 90.5 
Glass 2 0.5 0.1 0.4 0.1 - - 98.9 
Textile 10 47.8 6.4 39.8 2.2 0.2 0.4 3.2 
OI 8 - - - - - - - 

 
2.2 Energy balance 

In a MBT plant, the main energy consumption is the electric one. According to literature review, a range 
of energy consumption (kWh/Mg) is indicated for each equipment. The variation are due to the diversity in the 
inlet material characteristics (i.e. sizing, moisture content, density, mass flow) or to random malfunctions [35]. 
Table 3 resumes the energy consumptions of the equipment included in the treatment chains considered in this 
work.  

Table 3 
Elaborated by the authors based on [12], [32], [35]–[37] and data declared by plant managers 

Equipment Description 
Energy consumption 

Cost(1) 
(k€) Range 

(kWh/Mg) 
Chosen value 

(kWh/Mg) 

Primary shredding 

First shredding after the delivery of the material. The energy 
consumption depends from the dimensional reduction 

following the Kick’s Law 𝐸 = 𝐶 ∙ ln (
ிబ

௑బ
) with F0=170mm and 

X0=80mm and C=8.22÷16.44 
 

6.2 -12.4 9.3 51.9 

Secondary shredding 
The air-classified light fraction requires more energy for 
shredding than the mixed waste  

15 - 25 20 51.9 

Magnetic separator 
Removal of ferrous metal. The energy consumption is due to 
the movement system of the conveyor belt. 

0.2 - 2.4 1.3 36.15 

Eddy current 
separator 

Removal of non-ferrous metal.  
0.7 - 1.2 0.8 7.23 

Pre-trommel 

First screening for the primary separation of the organic wet 
fraction from the light one; the size of the screening is 
generally 80 mm. Energy consumption is due to the 
movement of the grid. 

0.7 - 1.5 1.1 51.65 

Fine screening 
Secondary screening from removal of fines and residual 
organic part after the shredding. The size of the screening can 
be 50 mm or less. 

0.7 - 1 0.8 51.65 

Air classifier 
Light fraction (paper, plastic, textile) separation. The specific 
energy consumption depends from the inlet moisture content 
and increases if a dust collection system is included.  

1 - 4.1 3 41.3 

Pelletizer 
Increase in final product density and quality. The energy 
consumption increases when the production and the moisture 
content decreases  

25 - 35 30 206.58 

NIR  
Removal of hard plastic (PVC) trough optical separation with 
an infrared generator. 

3.3 - 6.1 4.7 50 

‘Rocket’ shredding 
Hard shredding with hammer mill. High energy consumption 
and maintenance but good quality of RDF. 

33.6 - 62.4 48 51.9 

Auxiliary  

Conveyor/Raising 
Empirical relation for a belt length L=20m and a raising 
height H=2m. 

 
6.722e-03/ 
5.46e-03 

15.49 

Fan It is associated to storage and air classifier.  3.8  

Press 
It can be included at the end of the chain or between the first 
and second treatment section. 

 1.5  



(1)The costs refer to a plant capacity of 5 tons/hour  

 

For calculating the Lower Heating Value (LHV) of the inlet material and the outlet fuel, the Mendeliev 
equation is adopted (Eq. 4) [38], where the coefficient of Carbon, Hydrogen, Oxygen, Sulphur (C, H, O, S) 
and the MC are on wet basis. 

𝐿𝐻𝑉 ൤
𝑘𝐽

𝑘𝑔
൨ = 4.187 ∙ [81𝐶 + 300𝐻 − 26(𝑂 − 𝑆) − 6(9𝐻 + 𝑀𝐶) (4) 

 

2.3. Exergy and cost balance 

The exergy of the mixed waste 𝐵̇ோ௎ௐ೔೙
 (kW) is evaluated by considering the organic, inorganic and water 

content separately. The organic part includes the streams that contains mainly carbon (C) and hydrogen (H), 
namely paper, organic matter, wood, leather, plastics and textiles. The chemical exergy content of these 
materials  𝑏௖௛೔

 is calculated using the Equation 5 [39], where φ is the coefficient of correction of LHV, 
proposed by Szargut [24] and depending on the O/C ratio, and while W ad S are the water and sulphur content 
(%). Regarding the inorganic part, the exergy of pure iron and aluminium is assumed respectively for ferrous 
and non ferrous metal; the exergy of glass is calculated considering the solid mixing of the glass components 
(1.5% Al2O3, 10.8% CaO, 13.2% Na2O,73.3% SiO2) [40]; the exergy of inert material can be disregarded, as 
demonstrated by [41]. For the water W, only the chemical exergy (𝑏௖௛ೢೌ೟

) is considered, since ambient 
temperature (T0) and pressure (p0) are assumed. All the values of LHV and exergy of the material stream and 
the relative φ coefficient are reported in Table 4.  

 𝑏௖௛೔
= 𝜑 ∙ (𝐿𝐻𝑉௜ + 2442𝑊) + 𝑏௖௛ೢೌ೟

∙ 𝑊 + 9683 ∙ 𝑆 (5) 

Furthermore, an exergy cost balance [42] is written for each equipment of the chain (Eq. 6). All terms are 
expressed in €/sec. 

𝑐ோ௎ௐ೔೙
𝐵̇ோ௎ௐ೔೙

+ 𝑐௘௟𝐵̇௘௟ + 𝐶̇௘௤ = 𝑐௥௘௝𝐵̇௥௘௝ + 𝑐௣௥𝐵̇௣௥ (6) 

The cost of electricity 𝑐௘௟  (€/kWh) is fixed to the one of Italian market (0.052 euro/kWh [43]). If we consider 
the MBT plant only, the inlet cost of RUW 𝑐ோ௎ௐ೔೙

 is negative since it corresponds to the disposal fee paid 

from the municipalities, assumed as 0.067 euro/kg [16]. The cost of the rejects 𝑐௥௘௝   is supposed to be the same, 
but it is positive for the plant [44]. The RDF and recovered metal are considered as the two products of the 
plant. An additional equation is written for the magnetic separator in order to find the cost of the products 𝑐௣௥. 
According to the equality method, the same unit exergy cost is assigned to all products, therefore the additional 
equation is 𝑐௣௥ = 𝑐௠௘௧ = 𝑐ோ஽ி . Equation 7 is utilized for calculating the cost rate of the equipment 𝐶̇௘௤. The 
operation and maintenance factor fO&M is 10% of the global cost, the actualization factor fa is given by Eq. 8 
considering an interest rate i of 7.5% and a capital recovery period N of 10 years is assumed [45]. The annual 
equivalent hours hyear are evaluated considering 8 working hours per day for 6 days a week. The actual costs 
of the equipment are reported in Table 3 for a reference plant capacity of 5 ton/hours. 

&

3600 7800
eq O M a

eq

C f f
C 




 (7) 

 
1 (1 )

    

a N

i
f

i 
   (8) 



Table 4 
Chemical exergy and φ coefficient for material stream, elaborated basing on [24], [34] 

Material Stream 
LHVi  

(kJ/kg)  
Exergy content 
  𝑏௖௛೔

 (kJ/kg) φ 

Organic part     
Paper 15815 19278.3 

1.044 + 0.016 ቀ
𝐻
𝐶

ቁ − 0.3493 ቀ
𝑂
𝐶

ቁ ∙ [1 + 0.0531 ቀ
𝐻
𝐶

ቁ] + 0.0493

1 − 0.4124 ቀ
𝑂
𝐶

ቁ
 

OM 4175 6750.1 
Leather  18515 20148.9 
Textile 17445 20375 
Plastic 32000 34800.6 

1.0437 + 0.014 ൬
𝐻

𝐶
൰ + 0.0968 ൬

𝑂

𝐶
൰ + 0.0467 ൬

𝑁

𝐶
൰ OP 32000 34682.1 

Wood 15444 18770.8 
1.0412 + 0.216 ቀ

𝐻
𝐶

ቁ − 0.2499 ቀ
𝑂
𝐶

ቁ ∙ [1 + 0.7884 ቀ
𝐻
𝐶

ቁ] + 0.045

1 − 0.3035 ቀ
𝑂
𝐶

ቁ
 

Inorganic part    
Ferrous metal (Fe)  6740  
Non-ferrous metal (Al)  32926  
Glass  885.7  
Water  50  

 

2.4. Model validation  

The model is validated by testing the RFTF matrix with some real MBT chain structures and comparing 
the characteristics (MC and LHV) of the final RDF with the data declared by the plants. Results of the 
validation are reported in Table 5. RUW composition used for the validation is calculated from the values 
reported in Table 6, according to waste gravimetric composition of Torino metropolitan city. The discrepancies 
in RDF MC and LHV from the real plants data are reasonably due to the fact that the real RUW composition 
entering each plant is different from the one used for the validation. The exact waste composition is not 
declared and is difficult to predict, since it depends from aleatory factors and no average values are given. For 
this reason, percentage differences until 10% are accepted as good values for the validation.  

Table 5 
Results of the validation with different Italian MBT chains: I) Pinerolo plant, II) ‘A2A ambiente’ plant, III) Sommariva del Bosco 
plant  

 RDF MC (%) RDF LHV (kJ/kg) 
MBT plant-I 14.5 16036 
Model 15.3 15716 
Difference (%) +5.6 -1.9 
MBT plant-II 18 16636 
Model 17.2 16025 
Difference (%) -4.4 -3.6 
MBT plant-III 14.9 21212 
Model 13.3 21080 
Difference (%) -10.7 -0.62 

 

Table 6 
Base case scenario according to the UW gravimetric composition of the city of Torino (IT) [46] (w.b.: wet basis) 

Material Stream 
Gravimetric composition of TUW  SCi (%) Internal repartition of SC (%) 
%wg (w.b) w.b. w.b. 

Paper 26.97 52.6 27.45 
Plastics 17.16 50.27 16.7 
OP 0.94 0 0 
OM 33.8 58.4 38.2 
Wood 6.13 73.46 8.7 
Leather 0.26 0 0 
NF Metal 1.08 27.84 0.585 
Ferrous metal 1.49 20.19 0.585 
Glass 6.29 56.29 6.85 
Textile 3.05 15.97 0.94 
OI 2.8 0 0 

 



2.5. Sensitivity analysis  

In order to show the effect of the equipment position on efficiency, two different structures of chain are 
considered, based on real plants layout, as reported in Figure 1. The main differences consist in the presence 
of the pelletizer and the NIR, since the final product is utilized in two different plants (an incinerator in case 
A and a cement factory in case B). The auxiliary energy consumption (Table 7) is calculated considering a 
proper number of conveyor belts and raisings according to the number of equipment. A fan is associated to 
each Air Classifier and Storage. In addition, a press is collocated after the pelletizer in chain A.  
 

 

Figure 1 
Different chain structures analysed in the work  

Table 7 
Auxiliary consumption calculated for the two chains, by calculation from [35] 

Auxiliary consumption (kWh/Mg) 
 Chain A Chain B 
Conveyor belts  0.087 0.074 
Raisings  0.01 0.01 
Fan 3.8 3.8 
Press 3 - 

Total 6.897 3.884 

 

A sensitivity analysis is performed in order to evaluate the influence of the main external and internal 
parameters. The values of TUW composition, SCi percentage and SC internal repartition for the base case 
scenario are reported in Table 6. The SCi  of paper, plastic and organic matter are varied linearly in a range 
between -30/+30% with respect to the base case. The global energy consumption is varied between the 
minimum and maximum values found in the literature (Table 3) (the auxiliary consumption is assumed 
constant). 

2.6. External uncertainties  

External uncertainties are associated to variations in inlet waste composition, due to fluctuations in selective 
collection. Uncertainties are included by means of random sampling on uniform distributions of SCi values 
using a crude Monte Carlo simulation, which is based on the random generation of a high number of values n. 
The ranges of variation of SCi are defined after an extent review of data available in the Italian scenario. The 
minimum and maximum values are about the same obtained by varying SCi of ±50%. According to each 
random generated scenario, the percentage composition of RUW as well as the internal repartition of the 
separated waste are calculated. The percentage composition of the UW before the collection is assumed as 
constant. The output parameters are evaluated according to their probability distribution, considering the mean 
value µ and the Relative Standard Deviation (%RStD) (Eq. 9-11) [47].  



𝜇 =
1

𝑛
෍ 𝑥௜

௡

௜ୀଵ

 (9) 

𝜎 = ඩ
1

𝑛 − 1
෍ |𝑥௜ − 𝜇|ଶ

௡

௜ୀଵ

 (10) 

RStD (%) =
𝜎

|𝜇|
 × 100 (11) 

The µ value represents the central tendency of the n generated values xi, while the RStD is the ratio between 
the Standard Deviation 𝜎 and µ and it gives a measure of the dispersion of values around µ and so of the 
sensibility to the uncertainty. The distribution of output values can be discretized by dividing the range of 
existence in a number of equidistant k intervals each one containing nk values. In this way, the relative 
frequency or probability pi  associated to the values in the k-th range is defined as in Eq.12. This is not an 
absolute value, since it depends on the arbitrary choice of n and k, but it can be useful at the time of comparing 
different distributions of the same parameter.  

𝑝௜ =
𝑛௞

𝑛
 (12) 

2.7. Internal uncertainties  

The internal uncertainties are associated with the energy consumption of the equipment, which can present 
an aleatory behaviour due to the characteristics of the inlet material (sizing, moisture content, density, mass 
flow) or random malfunctions. According to the ranges of electric consumption indicated in Table 3, a normal 
probability distribution is supposed for each equipment consumption. In order to simulate the plant considering 
the uncertain internal factors, a procedure for sampling from the normal distribution is implemented. First, a 
discrete probability distribution following the normal one is created, according to the percentage repartition of 
the standard curve [47], and the µ value and RStD are calculated. These values are then used to simulate the 
Cumulative Distribution Function (CDF) of a continuous normal distribution, which is sampled using the 
Inversion method (Eq. 13-14) with a Monte Carlo simulation [48]. The procedure consists in generating an 
high number of values U between 0 and 1 and finding the correspondent value X on the CFD curve. Even in 
this case, the simulation is performed considering the two different chain structures, by fixing the inlet 
composition of the waste to the base case.  

𝐹(𝑋) = 𝑃{𝑋 < 𝑥}, CDF of x distribution values (13) 

𝑈 ∈ {0,1},   𝑋 = 𝐹ିଵ(𝑈) (14) 

 

2.8. Evaluation parameters  

In order to evaluate the efficiency of the treatment chains with the variation of external and internal 
variables, some evaluation parameters are considered. First of all, the Yield (%) of RDF is calculated as the 
ratio between the outlet RDF and the inlet RUW flows (Eq.15), being a measure of the global material recovery 
[22]. The quality of RDF is expressed by its MC (%), LHV (kJ/kg) and exergy content 𝐵௖௛ೃವಷ

 (kJ/kg). 

𝑌𝑖𝑒𝑙𝑑 (%) =
𝑅𝐷𝐹 𝑓𝑙𝑜𝑤 𝑟𝑎𝑡𝑒

𝑅𝑈𝑊 𝑓𝑙𝑜𝑤 𝑟𝑎𝑡𝑒
 (15) 

The Global Energy Consumption (GEC), namely the direct sum of the consumption of every equipment 
plus that of auxiliaries, is calculated to account for the influence of internal uncertainties. According to the 
exergy balances, Second Law Efficiency  𝜂௘௫ (Eq.16) is evaluated for the entire plant: the exergy of the two 



products is compared with the global exergy invested in the plant, namely the exergy of RUW and the electric 
energy.  

In order to allocate the irreversibility 𝜓ூೕ
 due to material and energy losses, lack of efficiency 𝛿௝  (Eq.17) 

and specific irreversibility 𝑦௝  of j-th component (Eq.18) are calculated for each equipment. In case of 𝛿௝  the 

exergy destroyed in each equipment is related with the global exergy consumption, while in 𝑦௝  with the exergy 
of the product of the same equipment [49].  

𝜂௘௫ =
𝐵̇ோ஽ி + 𝐵̇௠௘௧

𝐵̇ோ௎ௐ೔೙
+ 𝐵̇௘௟

 (16) 

𝛿௝ =
𝜓ூೕ

𝐵̇ோ௎ௐ೔೙
+ 𝐵̇௘௟

 (17) 

𝑦௝ =
𝜓ூೕ

𝐵̇௣௥ೕ

 (18) 

 

3. Results 

3.1 Sensitivity analysis  

3.1.1 Effect of SC and energy consumption 

Table 8 reports the results of the sensitivity analysis performed on the two treatment chains. The RDF unit 
exergy cost 𝑐ோ஽ி   as well as the exergy efficiency refer to a scenario with recovery of ferrous metals. The metal 
unit exergy cost 𝑐௠௘௧  of the chain A refers to the second Magnetic Separator; the value associated to the first 
Magnetic Separator is the same of the chain B.  

With regard to the effect of the SC parameters, the behaviour of the output parameters in the variation range 
(±30%) is linear. RDF Yield presents the highest variations when SC of paper is varied (+11/-15% for chain A 
and +14/-19% for chain B). The yield increases (+14%) with an increment in SC of organic matter, since this 
implies a major percentage of plastic and paper in the inlet RUW stream. The LHV of RDF has an increment 
(+5% for chain A and +3.6% for chain B) only for higher values of SC of paper. In the other cases when the 
quantity of plastic and organic matter diminishes, the reduction of MC is not compensated by an increase in 
carbon content and so the LHV decreases. The unit exergy cost of the products and the exergy efficiency are 
linked in the sense that a decrease in 𝜂௘௫  leads to a higher exergy cost for producing the same amount of 
products, which is reflected in an increase of the unit exergy costs. The major variations are associated to the 
degree of SC of plastic, both for 𝑐ோ஽ி (-13/+24%) and 𝑐௠௘௧ (-17/+15.8%). The unit exergy cost of ferrous metal 
depends on the position of the magnetic separator, as expected; 𝑐௠௘௧ increases of 9% when the magnetic 
separator is the sixth position instead of third, because it is affected by all the exergy cost (in terms of exergy 
invested and destructed) until that equipment. The exergy efficiency behaviour depends on the combined effect 
of Yield and LHV of RDF; decreasing LHV can lead to increment in 𝜂௘௫, only if it is balanced by a consistent 
increase in Yield, as in the case of variation of SC of organic matter.  

A comparison between the two chains shows that the structure B presents a lower Yield (-7%) and exergy 
efficiency (-8%) with respect to A, while the RDF unit exergy cost is higher (+7%).  

The energy consumption has no influence on the Yield and the LHV of RDF. A variation between the 
minimum and maximum value leads to minor fluctuations from the base case, with percentage differences in 
the order of 1% for cost of products and exergy efficiency.  There are no significant differences between the 
responses of the two chain. In general, it is evident that the influence of the internal variable is definitely lower 
than the external one, with percentage differences more than 90% lower, at least in the considered variation 
range.

 

 



Table 8 
Results from sensitivity analysis  

 

3.1.2 Irreversibility 

The distribution of irreversibility 𝑦௝  among the equipment and the lack of efficiency 𝛿௝ due to material and 
energy losses are shown in Figure 2 and 3 respectively. Material losses are the primary source of irreversibility 
and are mainly concentrated in the pre-screening phase; it means that an average of 70% of the global input 
exergy (75% for chain A and 65% for chain B) is lost in this equipment. The metal separation and fine 
screening have similar values of 𝑦௝ for both the structures, in the order between 5 and 10%, while the 
contribution of the shredding is less than 1%. The NIR separator has an important effect on chain B exergy 
losses (12%), higher than air classifier for chain A (6%). The distribution of the lack of efficiency confirmed 
this interpretation, underlining the differences between the energy and the material losses. Figure 3 shows that 
some equipment (shredder, pelletizer and storage) are almost only energy destructive. 

 

Figure 2- Distribution of irreversibility among the equipment: comparison between the two chains 

 



 

Figure 3- Lack of efficiency due to material and energy losses: comparison between the two chains 

 

3.2 The effects of uncertainties 

3.2.1 External uncertainties  

The results of the random sampling using the Monte Carlo method are reported in Table 9, which contains 
the µ values and RStD of the output parameters. First of all, it is interesting to notice the µ value of SCgl, since 
it represents the most probable value obtained by a random variation and combination of the values of SCi. 
The SCgl values follow the behaviour of a normal probability distribution (Figure 4), since it is the weighted 
sum of a number of independent random variables, each having a uniform distribution. The resulted theoretical 
probability distribution is the Irwin-Hall distribution with n=8 random variables [50].  



 

Figure 3- SCgl distribution resulting from Monte Carlo simulation on waste composition  

Regarding the evaluation parameters, the unit exergy cost of products is the most influenced by the 
uncertainties, showing an RStD of about 16%, while the exergy efficiency is the less affected (about 3%). As 
a general consideration, the dispersion of values around µ diminishes for the output parameters (Yield, LHV 
of RDF, exergy efficiency and cost of products). It means that the values of RStD of these parameters are 
considerably lower than the fluctuations of the input random variable (in this case the SCi values and the energy 
consumption). This is an effect of the transformation operated by the treatment process, which tends to 
homogenise the inlet material. 

A comparison between the two chains shows that Chain A presents better performances with respect to 
Chain B, as already noted in the sensitivity analysis. The Yield has higher values (+7.7%), as well as the LHV 
of RDF (+0.2%) and the exergy efficiency (+8.5), which leads to lower RDF exergy costs (-7.8%). Besides, 
Chain B is more sensitive to the uncertainties, as demonstrated by the values of RStD, which are from 1.7% to 
39% higher than Chain A, depending from the parameter.  

The trend of the probability distributions of evaluation parameters after Monte Carlo simulation on waste 
composition is graphically shown in Figure 4. The Yield presents a behaviour similar to the normal one, while 
the unit exergy cost and exergy efficiency are markedly not centred, following approximately an inverse 
Weibull distribution more than a normal one.  
 
Table 9 
Mean values µ and standard deviations of evaluation parameters resulting by uncertainty analysis 

 External uncertainties Internal uncertainties 
 µ RStD (%) µ RStD (%) 

A B A B A B A B 
 SCgl (%) 49.7 16.3 - - - - 
Yield (%) 42 39 11.8 13.3 - - - - 
LHV (kJ/kg) 15462 15432 5.8 5.9 - - - - 
RDF Unit Exergy cost (10-4 €/kJex) 0.089 0.096 16.1 16.8 0.086 0.092 0.09 0.27 
Metal unit exergy cost (10-4 €/kJex) 0.082 0.076 15.8 15.5 0.08 0.074 0.02 0.02 
Exergy efficiency (%) 60.8 56 2.8 3.9 62 55.2 0.07 0.14 
Global energy consumption (kWh/Mg) - - - - 73.3 93.8 3.7 5.5 

 



 

3.2.2 Internal uncertainties  

With regard to the internal uncertainties, the only evaluation parameters affected by the random variation 
of energy consumption are the exergy efficiency, the unit exergy costs of products and the GEC. As it can be 
seen in Table 9, the RStD of 𝑐ோ஽ி and 𝑐௠௘௧   and of 𝜂௘௫ is about two orders of magnitude lower than the one 
of the GEC.  Besides, a comparison with Chain A shows that the RStD values are more generally lower for 
chain B and about 90% lower with respect to the external uncertainties ones. This result confirms the small 
impact of energy consumption of the equipment on the global performance of the system. Besides, as in the 
case of external uncertainties, it shows that the effect of fluctuations of energy consumption are absorbed and 
reduced within the system. As expected, the discrete probability distributions of the values follow the 
behaviour of the normal distributions, as can be seen in Figure 5. This is a consequence of the fact that the 
input variable varies in the assigned range according to a normal probability distribution.  

 

Figure 4- Probability distributions of evaluation parameters after Monte Carlo simulation on waste composition 

 

Figure 5- Probability distributions of evaluation parameters after Monte Carlo simulation on energy consumption 

 

 



3.2.3 Combined effects 

In real working conditions, the system will be influenced at the same time by external and internal factors. 
For this reason, the combined effect is analysed and the results are reported in Figure 6. The predominant 
influence of the external variables is even more evident, since the mean values of 𝜂௘௫ and 𝑐ோ஽ி (red line in 
Fig.6) are very close to the ones obtained by performing the Monte Carlo simulation on waste composition 
only (see Table 9). Regarding the discrete probability distributions, it is interesting to notice that only for the 
𝜂௘௫ of chain A, the 𝑝௜ of the µ value is in the range of maximum probability. For the other parameters, the 
ranges are not the same, as can be seen by the values reported in Table 10.  

Table 10 
Comparison of the probability of the mean value with the range of maximum probability in case of combined effects 

 Chain A Chain B 
 𝜂௘௫  𝑐ோ஽ி  𝜂௘௫  𝑐ோ஽ி  

µ value 𝑝௜ (%) 12.04 11.88 10.94 11.87 
Maximum 𝑝௜  (%) 12.04 12.28 12.28 12.94 

 

 

Figure 6- Probability distributions of evaluation parameters after Monte Carlo simulation on combined effects of uncertainty 

4. Conclusions and discussion 

The inclusion of a MBT plant into the ISWM system has been often a consequence of legislation 
modifications that force to treat the RUW fraction before landfill disposal. The advantages of this intermediate 
step on the overall system performance are due to the possibility of removal of hazardous substances or 
recyclable material after the collection. In particular, the separation and stabilization of the organic part reduce 
the contamination due to gas and leachate emissions in landfill. Moreover, the MBT plant results to be a buffer 
for the variations in waste composition due to changes in degree of SC.  

In this work, a MBT plant for RDF production and metal recovery is modelled considering mass, energy 
and exergy balances. The aim is to evaluate the performance of the plant under an Exergoeconomic 
perspective, considering the influence of aleatory variations of external and internal operating parameters. The 
use of exergy in this context appeared to be particularly useful since material and non-material streams are 
involved. Besides, Exergoeconomics results a valuable approach for allocating the cost of the products 



considering the exergy invested and destroyed in each equipment and so the distribution of the irreversibility 
in the system.  

Two different structures of MBT chain are compared, basing on real plant layouts. First of all, a sensitivity 
analysis is performed for evaluating the system response to a linear variation of the input variables. The degree 
of separation of paper, plastic and organic matter is varied in a range of ±30% with respect to the base case; in 
this way the resulted inlet RUW will be influenced in terms of carbon and moisture content. The more affected 
parameters are the Yield of RDF and the products unit exergy cost. The effect of the internal variable is tested 
by varying the energy consumption of the equipment between the minimum and maximum value reported in 
literature; the influence on output parameters results to be considerably lower. 

The Exergoeconomic analysis gives practical indications for both managing and designing a new plant. The 
distribution of irreversibility shows that the material losses has a primary role in this kind of plant. The 
sequence of the equipment and the lack of efficiency that each one entails influence the final product unit costs; 
therefore, it has to be accurately considered in the design of the plant, which is a trade-off between the quality 
of RDF and recovered metals and the global exergy and economic cost. For the two analysed chains, the pre-
screening phase, the NIR separator and the third hammer mill strongly influence the energy consumption and 
material losses, leading to a lower Yield and exergy efficiency. Since these equipment are necessary for 
assuring the characteristics required for the RDF (used in a cement kiln), their functioning has to be accurately 
monitored and optimized.  

Since the real working conditions of the plant can vary stochastically, a sensitivity analysis to external 
(waste composition) and internal (electric equipment energy consumption) uncertain variables is conducted. 
A Monte Carlo simulation is adopted for sampling from uniform and normal distribution of external and 
internal variables, respectively. The resulted mean values and RStD of efficiencies, costs and energy 
consumption can be useful at the time of designing a new plant, e.g. considering the range of variation of 
selective collection in a certain area or the potential fluctuations in energy consumption. The analysis of the 
uncertainties confirms the primary importance of external variations over internal ones. In any case, the 
structure of the MBT plant tends to absorb and uniform the input fluctuations; this is consistent to the fact that 
those plants are aimed at manufacturing products with standard characteristics, or at least in certain ranges. 

Future developments of the work will regard the extension of the analysis to the overall ISWM system, 
including the recycling treatment plants. In this case, the exergy cost of different paths can be calculated in 
order to optimally allocate the material streams within the system.  
 

References  
 
[1] M. E. Edjabou, M. B. Jensen, R. Götze, K. Pivnenko, C. Petersen, C Scheutz, T. Fruergaard Astrup, 

“Municipal solid waste composition: Sampling methodology, statistical analyses, and case study 
evaluation,” Waste Manag., vol. 36, pp. 12–23, 2015. https://doi.org/10.1016/j.wasman.2014.11.009 

[2] M. Horttanainen, N. Teirasvuo, V. Kapustina, M. Hupponen, and M. Luoranen, “The composition, 
heating value and renewable share of the energy content of mixed municipal solid waste in Finland,” 
Waste Manag., vol. 33, no. 12, pp. 2680–2686, 2013. https://doi.org/10.1016/j.wasman.2013.08.017 

[3] IAEA International Atomic Energy Agency, “Review of the factors affecting the selection and 
implementation of waste management technologies,” 1999. DOI: ISSN 1011–4289 

[4] H. Jouhara, D. Czajczynska, H. Ghazal, R. Krzyzynska, L. Anguilano, A.J. Reynolds N. Spencer, 
“Municipal waste management systems for domestic use,” Energy vol. 139, pp. 485–506, 2017. 
https://doi.org/10.1016/j.energy.2017.07.162 

[5] R. Götze, A. Boldrin, C. Scheutz, and T. F. Astrup, “Physico-chemical characterisation of material 
fractions in household waste: Overview of data in literature,” Waste Manag., vol. 49, pp. 3–14, 2016. 
https://doi.org/10.1016/j.wasman.2016.01.008 

[6] E. Rada and L. Cioca, “Optimizing the Methodology of Characterization of Municipal Solid Waste in 
EU Uncer a Circular Economy Perspective,” Energy Procedia, vol. 19, pp. 72–85, 2017. 
https://doi.org/10.1016/j.egypro.2017.07.050 

[7] OECD, “Improving Plastics Management : Trends , policy responses , and the role of international co-
operation and trade,” 2018. 

[8] R. Stegmann, K. Heyer, and K. Hupe, “Landfilling of Mechanically Biologically Pretreated Waste,” in 



Solid Waste Landfilling, Elsevier Inc., 2018, pp. 799–806. https://dx.doi.org/10.1016/B978-0-12-
407721-8.00037-1 

[9] F. Fei, Z. Wen, S. Huang, and D. De Clercq, “Mechanical biological treatment of municipal solid waste: 
Energy efficiency, environmental impact and economic feasibility analysis,” J. Clean. Prod., vol. 178, 
pp. 731–739, 2018. https://doi.org/10.1016/j.jclepro.2018.01.060 

[10] E. Cook, S. Wagland, and F. Coulon, “Investigation into the non-biological outputs of mechanical – 
biological treatment facilities,” WASTE Manag., vol. 46, pp. 212–226, 2020. 
http://dx.doi.org/10.1016/j.wasman.2015.09.014 

[11] M. Grosso, S. Dellavedova, L. Rigamonti, and S. Scotti, “Case study of an MBT plant producing SRF 
for cement kiln co-combustion, coupled with a bioreactor landfill for process residues,” Waste Manag., 
vol. 47, pp. 267–275, 2016. http://dx.doi.org/10.1016/j.wasman.2015.10.017 

[12] C. Montejo, D. Tonini, M. del C. Márquez, and T. Fruergaard Astrup, “Mechanical-biological 
treatment: Performance and potentials. An LCA of 8 MBT plants including waste characterization,” J. 
Environ. Manage., vol. 128, pp. 661–673, 2013. http://dx.doi.org/10.1016/j.jenvman.2013.05.063 

[13] E. Trulli, N. Ferronato, V. Torretta, M. Piscitelli, S. Masi, and I. Mancini, “Sustainable mechanical 
biological treatment of solid waste in urbanized areas with low recycling rates,” Waste Manag., vol. 
71, pp. 556–564, 2018. https://doi.org/10.1016/j.wasman.2017.10.018 

[14] N. Edo-Alcón, A. Gallardo, and F. J. Colomer-Mendoza, “Characterization of SRF from MBT plants: 
Influence of the input waste and of the processing technologies,” Fuel Process. Technol., vol. 153, pp. 
19–27, 2016. http://dx.doi.org/10.1016/j.fuproc.2016.07.028 

[15] P. Stanchev, E. Katsou, S. Pons, A. Vlasopoulos, N. Spencer, and R. Krzy, “Municipal solid waste 
management and waste-to-energy in the context of a circular economy and energy recycling in Europe,” 
vol. 141, pp. 2013–2044, 2017. https://doi.org/10.1016/j.energy.2017.11.128 

[16] ISPRA, “Rapporto Rifiuti Urbani,” ("Report on Urban Waste") 2017. pp. 514. ISBN: 9788844808525 
[17] Juniper Consultancy Services, “Mechanical-Biological-Treatment : A Guide for Decision Makers 

Processes, Policies and Market,” 2005. pp. 31. 
[18] R. Stegmann, “Mechanical biological pretreatment,” in Solid Waste Landfilling, 2018, pp. 141–

155.DOI: 10.1016/B978-0-12-407721-8.00008-5 
[19] P.Massarini and P.Muraro, “RDF: From waste to resource - The Italian case,” Energy Procedia, vol. 

81, pp. 569–584, 2015. https://doi.org/10.1016/j.egypro.2015.12.136 
[20] M. C. Di Lonardo, M. Franzese, G. Costa, R. Gavasci, and F. Lombardi, “The application of SRF vs . 

RDF classification and specifications to the material flows of two mechanical-biological treatment 
plants of Rome : Comparison and implications,” WASTE Manag., vol. 47B, pp. 195–205, 2015. 
http://dx.doi.org/10.1016/j.wasman.2015.07.018 

[21] G. J. Speight, “The Biofuels Handbook,” RSC Publishing, 2011, p. 574. 
[22] V. S. Rotter, T. Kost, J. Winkler, and B. Bilitewski, “Material flow analysis of RDF-production 

processes,” Waste Manag., vol. 24, no. 10, pp. 1005–1021, 2004. 
https://doi.org/10.1016/j.wasman.2004.07.015 

 [23] M. Nasrullah, M. Hurme, P. Oinas, J. Hannula, and P. Vainikka, “Influence of input waste feedstock 
on solid recovered fuel production in a mechanical treatment plant,” Fuel Process. Technol., vol. 163, 
pp. 35–44, 2017. http://dx.doi.org/10.1016/j.fuproc.2017.03.034 

[24] S. F. Szargut J, David RM, Exergy analysis of thermal, chemical, and metallurgical processes. 
Hemisphere Publishing, New York. New York: Hemisphere Publishing, 1988. 

[25] R. U. Ayres, L. W. Ayres, and K. Martina, “EXERGY , WASTE ACCOUNTING , AND LIFE-CYCLE 
ANALYSIS,” Energy, vol. 23, no. 5, pp. 355–363, 1998. 

[26] M. A. Rosen, I. Dincer, and M. Kanoglu, “Role of exergy in increasing efficiency and sustainability 
and reducing environmental impact,” Energy Policy, vol. 36, pp. 128–137, 2008. 
https://doi.org/10.1016/j.enpol.2007.09.006 

[27] J. P. Dewulf and H. R. Van Langenhove, “Quantitative Assessment of Solid Waste Treatment Systems 
in the Industrial Ecology Perspective by Exergy Analysis,” Environ. Sci. Technol., vol. 36, no. 5, pp. 
1130–1135, Mar. 2002. https://doi.org/10.1021/es010140o 

[28] A. Valero, S. Uson, C. Torres, and A. Valero, “Application of Thermoeconomics to Industrial 
Ecology,” Entropy, vol. 12, pp. 591–612, 2010.DOI: 10.3390/e12030591 

[29] J. Clavreul, D. Guyonnet, T. H. Christensen, J. Clavreul, D. Guyonnet, and T. H. Christensen, 
“Quantifying uncertainty in LCA-modelling of waste management systems",” 2012. DOI: 
10.1016/j.wasman.2012.07.008 



[30] I. Maqsood and G. H. Huang, “A two-stage interval-stochastic programming model for waste 
management under uncertainty,” J. Air Waste Manag. Assoc., vol. 53, no. 5, pp. 540–552, 2003. 
https://doi.org/10.1080/10473289.2003.10466195 

[31] A. C. Caputo and P. M. Pelagagge, “RDF production plants: I. Design and costs,” Appl. Therm. Eng., 
vol. 22, no. 4, pp. 423–437, 2002.DOI: 10.1016/S1359-4311(01)00100-4 

[32] L. F. Diaz, G. M. Savage, and C. G. Golueke, Resource Recovery from Municipal Solid Wastes: 
Primary processing. CRC Press, 1982. 

[33] L. M. Cafiero, M. Coronidi, G. Pescheta, and N. Faustini, “Caratterizzazione e trattamento di rifiuti 
costituiti da assorbenti igienici,” ("Characterization and treatment of sanitary towels waste"), Energia, 
Ambiente e Innovazione vol.5, pp. 54–64, 2010. 

[34] P. E. Liley et al., Chemical Engineers’ Handbook. Second edition (Perry, John H., ed.), vol. 19, no. 9. 
1942. pp. 449 

[35] P. Sirini, G. Tchobanoglous, and R. C. Noto La Diega, Ingegneria dei rifiuti solidi. Milano: McGraw-
Hill, 2010. 

[36] NREL, “Data Summary of Municipal Solid Waste Management Alternatives,” vol. IV, Appendix B-
"RDF Technologies" October, 1992.pp.139 

[37] R.Ramos Casado, J. Arenales Rivera, E. Borjabad García, R. Escalada Cuadrado, M. Fernández 
Llorente, R. Bados Sevillano, A. Pascual Delgado  “Classification and characterisation of SRF 
produced from different flows of processed MSW in the Navarra region and its co-combustion 
performance with olive tree pruning residues,” Waste Manag., vol. 47, pp. 206–216, 
2016.http://dx.doi.org/10.1016/j.wasman.2015.05.018 

[38] A. Magrinho and V. Semiao, “Estimation of residual MSW heating value as a function of waste 
component recycling,” Waste Manag., vol. 28, no. 12, pp. 2675–2683, 2008. 
http://dx.doi.org/10.1016/j.wasman.2007.12.011 

[39] T. J. Kotas, “The Exergy Method of Thermal Plant Analysis,” Ed. Butterworth-Heinemann, 1985, pp. 
162–196. 

[40] R. U. Ayres and L. W. Ayres, Accounting for resources. Edward Elgar Publishing Ltd, 1998. 
[41] G. Song, J. Xiao, H. Zhao, and L. Shen, “A unified correlation for estimating specific chemical exergy 

of solid and liquid fuels,” Energy, vol. 40, pp. 164–173, Apr. 2012.DOI: 10.1016/j.energy.2012.02.016 
[42] S. de Oliveira Jr, Exergy: Production, cost and renewability, Green Energy and Technology vol. 63. 

2013. DOI: 10.1007/978-1-4471-4165-5_2 
[43] “GME-Gestore Mercati Energetici.” [Online]. Available: https://www.mercatoelettrico.org/it/. 
[44] A. C. Caputo and P. M. Pelagagge, “--RDF production plants II Economics and profitability.pdf,” vol. 

22, pp. 439–448, 2002. https://doi.org/10.1016/S1359-4311(01)00101-6 
[45] F. C. Luz, M. H. Rocha, E. E. Silva Lora, O. J. Venturini, R. V. Andrade, M. M. Vicente Leme, O. 

Almazán del Olmo, “Techno-economic analysis of municipal solid waste gasification for electricity 
generation in Brazil,” Energy Convers. Manag., vol. 103, pp. 321–337, 2015. 
http://dx.doi.org/10.1016/j.enconman.2015.06.074 

[46] ATO RIFIUTI, “RIFIUTI URBANI : PRODUZIONE E RACCOLTA DIFFERENZIATA,” ("Urban 
Waste: production and selective collection") pp. 17–64, 2015. 

[47] D. K. Lee, J. In, and S. Lee, “Standard deviation and standard error of the mean,” Korean J. 
Anesthesiol., vol. 68, no. 3, pp. 221–223, 2015. doi: 10.4097/kjae.2015.68.3.220 

[48] R. C. Larson and A. R. Odoni, “Urban Operation Research,” MIT., Prentice-Hall, 1981, p. 530. 
[49] V. Verda and E. Guelpa, Metodi termodinamici per l’uso efficiente delle risorse energetiche. Esculapio, 

2015. 
[50] J. E. Marengo, D. L. Farnsworth, and L. Stefanic, “A Geometric Derivation of the Irwin-Hall 

Distribution,” Int. J. Math. Math. Sci., vol. 2017, pp. 1–6, Sep. 2017. 
 


