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Abstract— Gait analysis is commonly performed in controlled

environments. However, there is a growing interest in methods
assessing motor performance in free-living conditions. Inertial
measurement units (IMU) constitute a valid solution in the
estimation of spatio-temporal gait parameters. However,
performance of IMU-based methods is influenced by several
factors and their validation in free-living conditions calls for a
mobile gold standard as reference.
To this end, the present study deals with the validation of a
wearable multi-sensor system (INDIP) for digital gait assessment
in free-living conditions. The INDIP integrates four magneto-
inertial units, two distance sensors and two pressure insoles. Since
its validation is on-going, preliminary outcomes obtained for two
tasks from lab-based acquisitions on one healthy subject are
presented and discussed. Results show low percentage errors
(always <5%) and hopefully will be confirmed on more subjects
and more complex tasks.
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. INTRODUCTION

person’s mobility is the result of the combination

between their motor capacity (what they can do) and their
motor performance (what they actually do), with the latter
being strongly influenced by daily-life environments and
behavioural choices. An accurate assessment of mobility
hence calls for complementing a conventional one-time,
laboratory assessment with continuous daily-living measures
[1]-[4]. In this perspective, the use of a single inertial
measurement unit (IMU) represents a low-cost and fully
wearable solution to characterize gait in patients with motor
impairments [5]. Methods for the estimation of clinically
relevant spatio-temporal parameters generally rely on the
analysis of signal morphology, the use of biomechanical
models and/or machine learning techniques [6], [7]. However,
the validity of these methods can be affected by several factors,
including IMU location, characteristics, motor impairment
severity,  measurement  environment, presence  of
obstacles/stairs, number of pauses, etc. Moreover, the use of
inertial sensing alone does not allow to estimate some
additional but yet important gait parameters such as step width
and base of support.
A major obstacle in validating IMU-based methods in real-
world conditions is the lack of gold standard measurement
systems which allow for long-term monitoring based on
minimally intrusive sensors. To respond to the
abovementioned requirements, we designed and developed a
wearable multi-sensor system (INDIP), which integrates
magneto-inertial sensing technologies with infrared time-of-
flight sensors and force sensitive resistor pressure insoles

[8],[9]. The INDIP system, by exploiting the complementary
characteristic of the different sensors and data redundancy, is
expected to provide the “best available” reference in out-of-
lab gait analysis applications.

The INDIP validation and feasibility assessment entails two
different phases: (i) lab-based acquisitions to compare INDIP
performance with the stereo-photogrammetric (SP) system
(gold standard) (ii) free-living activities acquisitions to
evaluate usability and human factors.

In this preliminary study, we focused on the first validation
phase by presenting results obtained in two motor tests of
different complexity included in lab-based experimental
protocol from one healthy subject.

Il. MATERIALS AND METHODS

A. System Description — INDIP System

The INDIP system includes four magneto-1IMU (fs=100 Hz),
two plantar pressure insoles (Pls) (16 force resistive sensing
elements, fs=100 Hz) and two time-of-flight distance sensors
(DSs) (range=0.2 m, fs=50 Hz). Each DS provides distance
readings by estimating the time that an electromagnetic wave
(i.e. infrared ray) takes to travel a distance or, more properly,
by measuring the phase shift between the emitted and the
reflected signals. Each magneto-IMU includes a 3D
accelerometer (full-scale up to +16 g), a 3D gyroscope (full-
scale up to £2000 °/s) and a 3D magnetometer (full-scale up to
+50 Gauss). Data are processed by an ultra-low-power
microcontroller (ARM® 32-bit Cortex®-M4 CPU) and stored
in an on-board 128 MB flash storage for up to four hours of
data logging. The system allows third-party devices to be
synchronized via an external trigger. Multiple INDIP units can
be synchronized via a BLE protocol (v. 4.1).

B. Experimental set-up

Validation experiments are currently in progress and will
include 15 healthy participants recruited at both the University
of Sassari (Italy) and the University of Sheffield (UK). The
study was performed by following the principles outlined in
the Helsinki Declaration. All participants signed the informed
consent, approved by the ethics committee of the University of
Sassari and Sheffield. For this preliminary study, we presented
only the data acquired on a healthy adult female (height 1.70
m, EU shoe size 39). The subject was prepared by positioning
the INDIP system and the markers for the SP system as
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depicted in Fig.1. Pls were inserted in the shoes and feet
magneto-IMU where positioned over the instep while lower
back magneto-IMU was attached using an elastic belt. Wrist
magneto-IMU was positioned on the non-dominant arm. To
avoid mutual IR interferences, DSs were positioned
asymmetrically (one just above the left ankle and the other
about 3 cm higher on the right side), both pointing medially.
Both magneto-IMU and DSs were attached using straps. Pls
and DSs were connected to the magneto-IMU of the
corresponding foot.

A total of 13 markers were used: four markers on the left foot,
four markers on the right foot, four markers placed on a rigid
cluster used as support for the lower back INDIP and one on
the magneto-IMU on the wrist (Fig.1). Of the four markers on
each foot, those on the heel and on the second metatarsal head
are used in the algorithm, together with the four markers on
the rigid cluster. Markers mprer and mrerer are used to avoid
confusion between right and left side in the labelling; minpie is
for additional checks. Marker trajectories were recorded using
a 10-camera motion capture system (Vicon, MX T160, fs =
100 Hz). The SP and the INDIP system were synchronised
using the above-mentioned external trigger.
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Fig. 1: INDIP system and markers positioning. The INDIP system includes
INDIP_Wrist (wrist block), INDIP_RightFoot (right foot block),
INDIP_LeftFoot (left foot block), INDIP_LowerBack (lower-back block).

C. Experimental protocol

The lab-based validation included several motor tests with an
increasing level of complexity. For sake of brevity, we focused
on two paradigmatic motor tests (Fig. 2), described below:

e Rectangle Test: the subject is asked to stand at the
starting point and walk along the rectangular path
identified with cones doing sharp 90° turnings and
stopping at the end line.

e Hallway Test: the subject is asked to stand at the
starting point and walk straight to the opposite end of
the walkway while making sure of stepping up and
down the step (height 20 cm). Once the participant
reaches the cross (just after the step), he/she is asked
to rest for 10 s before continuing. At the end of the
walkway, he/she has to make a sharp U-turn and walk
straight back along the walkway. Then, the
participant stops at the cross for 10s once again and

2
completes the remaining walkway reaching the end

point.
The tasks were executed at comfortable self-selected speed.
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Fig. 2: Representation of the tasks. 1) Rectangle
Test; 2) Hallway Test

D. Data processing - INDIP

A preliminary calibration procedure was applied to each
sensor according to [10],[11]. Each magneto-IMU underwent
to a preliminary static spot check, 30 s long. A pre-processing
procedure was applied for data synchronisation. The INDIP-
based method exploits the redundancy proper to the multi-
sensor platform for the estimation of the spatio-temporal
parameters. The implemented algorithm consisted in the
following steps:

(i) static/dynamic activity periods recognition is performed to
keep only those portions in which there is movement. The
subject is "active" if the acceleration of both lower-back and at
least one foot is above a certain threshold [12],[13]

(ii) bilateral gait events detection at foot level from Pls signals.
The strategy used to find initial contact (IC) and final contact
(FC) events considers a sub-group of the Pl sensing elements,
called neighbourhood, looking at signals’ morphology [14].
Candidate I1Cs correspond to rising edges in Pl signals, while
candidate FCs correspond to falling edges. Rising and falling
edges are identified in signal’s first derivative using peaks
detection [9]. An IC/FC event is defined as the value in the
middle of the candidate ICs/FCs obtained for each
neighbourhood.

(iii) spatial description at foot level in terms of position and
orientation. Starting from feet inertial data, a Madgwick filter
is applied to compute orientation for each foot sensor. Then,
velocity and displacement are obtained with a direct and
reverse integration (DRI) approach [15].

left strides are detected starting from the ICs. Selection is
performed applying thresholds on some stride relevant
parameters, including duration, length and height. At this
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TABLE|
RECTANGLE TEST (NUMBER OF WBsS = 1)
Parameters WB 1
INDIP SP e%
Time location (s) 2.04t0 10.47 2.01t0 10.46 15,01
Time duration (s) 8.43 8.45 -0.2
Path length (m) 8.44 8.30 1.7
Gait speed (m/s) 1 0.98 2
Number of strides 13 (7R, 6L) 13 (7R, 6L) all
Number of turnings 3 3 all
Results obtained for the Rectangle Test
TABLE Il
HALLWAY TEST (NUMBER OF WBS = 3)
Parameters WB 1 WB 2 WB 3
INDIP SP e% INDIP SP e% INDIP SP e%
Time location (s) 2.24,8.33 2.21,8.35 1.36,-0.24  22.74,279 22.58,27.9 0.7,0 425,473 42.37,47.4 0.4,-0.17
Time duration (s) 6.1 6.14 -0.8 5.16 5.33 -3.2 4.8 5 -4
Path length (m) 3.78 3.64 38 3.37 3.28 2.7 0.72 0.7 2.9
Gait speed (m/s) 0.62 0.6 33 0.65 0.62 48 3.45 3.48 -0.86
Number of strides 8 (4R, 4L) 8 (4R, 4L) all 7 (4R, 3L) 7 (4R, 3L) all 6 (3R, 3L) 6 (3R, 3L) all
Number of turnings 0 0 all 1 1 all 0 0 all

Results obtained for the Hallway Test

stage, DSs are used as "stride counters” and give an additional
information on the reliability of measure [16].

(v) walking bout (WB) detection and selection based on strides
information. Right and left strides are combined to obtain
WBs. Only WBs including a minimum of 2 right and 2 left
strides are selected for the analysis.

(vi) estimation of spatio-temporal gait parameters for the
identified WBs. For every test and each WB, the following
information was extracted: time location (start and stop time
instants (s)),duration (s), path length (m), gait speed (m/s),
number of right and left strides, number of turnings. The
accuracy of the INDIP-based method was assessed, for each
WB parameter, as the difference between INDIP and SP
estimates (obtained from marker-trajectories estimation) in
terms of percentage errors.

IIl. RESULTS

The results obtained with the INDIP-based method and the
percentage errors with respect to the gold standard for the
Rectangle Test and the Hallway Test are shown in Table I and
Table I1, respectively.

IV. DISCUSSION

The setup of the validation protocol resulted to be feasible (no
unexpected events during the experiment, system crashes, data
loss or uncompleted trials) and acceptable for the subject (tasks
easy to understand, comfortable technology).

In the Rectangle Test, both the INDIP-based method and the
SP system detected a single WB. Extremely small percentage
errors were achieved in the estimate of start and stop instants
(e%=1.5% for the start, e%=0.1% for the stop), duration (e%=
-0.2%), path length (e%= 1.7%) and gait speed (e%= 2.0%);
the same number of strides and turnings was obtained with
both methods (7R and 6L strides and 3 turnings).

For the Hallway Test, a total of three WBs were detected in
both methods. Low percentage errors (<5%) were obtained for
all the WBs. In the first WB, errors obtained were: 1.36% and
-0.24% respectively for start and stop instant, -0.8% for time
duration, 3.8 % for path length, 3.3% for gait speed. The same
number of strides and turnings was detected with both INDIP
and SP system (4R and 4L strides, no turnings). In the second
WB, very low errors were obtained for start (0.7%) and stop
(0%) instants, e%= -3.2% for duration, e%=2.7% for path
length, e%=4.8% for gait speed. Also, in this case, both
systems identified the same number of strides (4R and 3L) and
turnings (one U-turn). About the third WB, 3R and 3L strides
and no turnings were detected with both INDIP-based and SP-
based methods. Percentage errors equal to 0.4% and -0.17%
were respectively obtained for start and stop instant. Errors
were low also for duration (-4%), path length (2.9%) and gait
speed (-0.86%).

Gait initiation and termination phases (first and last step) were
excluded by the comparison between the two methods.

It is interesting noting that, when the number of strides within
a WB is higher, percentage errors are extremely low. This is
what happens, for instance, in the Rectangle Test, were the
total number of strides is 7 for the right foot and 6 for the left
one. On the other side, when the number of strides is smaller,
the difference between the outputs obtained from INDIP and
SP is higher. This is expected as the gait speed computed over
three strides is obviously highly variable. Despite this, the
errors obtained are always below 5%.

The INDIP system is completely wearable, no differences are
expected in usability and comfort moving from the lab to real
world scenarios. Future algorithm improvements include the
estimation of gait events also from feet inertial data to have a
more accurate and complete information. Moreover, DS data
can be used for the estimation of stride width and base of
support. Hopefully, further increasing the INDIP-method
robustness, these preliminary encouraging results will be
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confirmed on more complex motor activities and more
subjects.

V. CONCLUSION

A novel multi-sensor wearable system for the identification of
WBs and the estimation of spatio-temporal parameters within
them has been presented. Preliminary promising results
suggest its potential use in prolonged daily-living measures.
The same correct number of strides were found by both the
INDIP-based and SP-based methods while the WBs where
either a single continuous one (i.e. Rectangle Test) or different
shorter ones (i.e. Hallway Test). A full validation of the
INDIP-based method is on-going where a full experimental
protocol with five different motor tasks is performed by 15
healthy subjects.

ACKNOWLEDGEMENT

The work was supported by the MOBILISE-D (EU H2020,
EFPIA, and IMI 2 Joint Undertaking; Grant no. 820820), the
UK EPSRC (K03877X/1 and S032940/1) and the NIHR
Sheffield BRC. This study reflects the authors view and
neither IMI nor the European Union, EFPIA, or any
Associated Partners are responsible for any use that may be
made of the information contained herein.

REFERENCES

[1] O. Bock, “Changes of locomotion in old age depend on task setting.”
Gait & Posture, vol. 32, issue 4, pp. 645-649, October 2010.

[2] K. Donovan, “Mobility beyond the clinic: the effect of environment on
gait and its measurement in community-ambulant stroke survivors.”
Clinical Rehabilitation, vol. 22, issue 6, pp. 556-563, June 2008.

[3] E. Giannouli, “Mobility in old age: capacity is not performance,”
BioMed research international, 2016.

[4] 1. Galperin, "Associations between daily-living physical activity and
laboratory-based assessments of motor severity in patients with falls
and Parkinson's disease." Parkinsonism & related disorders (2019).

[5] D. Trojaniello, "Accuracy, sensitivity and robustness of five different
methods for the estimation of gait temporal parameters using a single
inertial sensor mounted on the lower trunk.” Gait & posture, vol. 40,
issue 4, pp.487-492, 2014.

[6] M. Yuwono, "Unsupervised nonparametric method for gait analysis
using a waist-worn inertial sensor.”, Applied Soft Computing 14, pp.
72-80, 2014.

[7]1 R.C. Gonzélez, "Real-time gait event detection for normal subjects
from lower trunk accelerations." Gait & posture, vol. 31, issue 3, pp.
322-325, 2014.

[8] S. Bertuletti, "Static and dynamic accuracy of an innovative
miniaturized wearable platform for short range distance measurements
for human movement applications.”, Sensors, vol. 17, issue 7, 2017.

[9] J. M. Hausdorff, “Footswitch system for measurement of the temporal
parameters of gait. ”, Journal of biomechanics, vol. 28, issue 3, pp.
347-351, 1995.

[10] F. Ferraris, "Calibration of three-axial rate gyros without angular
velocity standards." Sensors and Actuators A: Physical, vol. 42, issues
1-3, pp. 446-449, April 1994.

[11] D. Gebre-Egziabher, "A non-linear, two-step estimation algorithm for
calibrating solid-state strapdown magnetometers.” 8th International St.
Petersburg Conference on Navigation Systems (IEEE/AIAA), 2001.

[12] G. M. Lyons, G. M., "A description of an accelerometer-based mobility
monitoring technique." Medical engineering & physics, vol. 27, issue
6, pp. 497-504, July 2005.

[13] A. Hickey, "Detecting free-living steps and walking bouts: validating
an algorithm for macro gait analysis." Physiological measurement, vol.
38, issue 1, N1-N15, 2017.

[14] M. Benocci, “A wireless system for gait and posture analysis based on
pressure insoles and Inertial Measurement Units.”, 2009 3rd
International Conference on Pervasive Computing Technologies for
Healthcare, pp. 1-6, IEEE, 2009.

[15] D. Trojaniello, “Estimation of step-by-step spatio-temporal parameters
of normal and impaired gait using shank-mounted magneto-inertial
sensors: application to elderly, hemiparetic, parkinsonian and choreic
gait. ” Journal of Neuroengineering and rehabilitation, vol. 11, issue 1,
p. 152, November 2014.

[16] S. Bertuletti, “A wearable solution for accurate step detection based on
the direct measurement of the inter-foot distance.” Journal of
biomechanics, vol. 84, pp. 274-277, February 2019.



