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Synaptic inputs to motor neurons underlying muscle coactivation for
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Abstract

The central nervous system (CNS) may produce the same endpoint trajectory or torque profile with different muscle activation pat-
terns. What differentiates these patterns is the presence of cocontraction, which does not contribute to effective torque generation
but allows to modulate joints’ mechanical stiffness. Although it has been suggested that the generation of force and the modulation
of stiffness rely on separate pathways, a characterization of the differences between the synaptic inputs to motor neurons (MNs)
underlying these tasks is still missing. In this study, participants coactivated the same pair of upper-limb muscles, i.e., the biceps bra-
chii and the triceps brachii, to perform two functionally different tasks: limb stiffness modulation or endpoint force generation. Spike
trains of MNs were identified through decomposition of high-density electromyograms (EMGs) collected from the two muscles. Cross-
correlogram showed a higher synchronization between MNs recruited to modulate stiffness, whereas cross-muscle coherence analy-
sis revealed peaks in the B-band, which is commonly ascribed to a cortical origin. These peaks did not appear during the coactivation
for force generation, thus suggesting separate cortical inputs for stiffness modulation. Moreover, a within-muscle coherence analysis
identified two subsets of MNs that were selectively recruited to generate force or regulate stiffness. This study is the first to highlight
different characteristics, and probable different neural origins, of the synaptic inputs driving a pair of muscles under different functional
conditions. We suggest that stiffness modulation is driven by cortical inputs that project to a separate set of MNs, supporting the exis-
tence of a separate pathway underlying the control of stiffness.

NEW & NOTEWORTHY The characterization of the pathways underlying force generation or stiffness modulation are still
unknown. In this study, we demonstrated that the common input to motor neurons of antagonist muscles shows a high-fre-
quency component when muscles are coactivated to modulate stiffness but not to generate force. Our results provide novel
insights on the neural strategies for the recruitment of multiple muscles by identifying specific spectral characteristics of the syn-
aptic inputs underlying functionally different tasks.

beta rhythm,; cocontraction;, common drive; high-density electromyography; motor unit

INTRODUCTION given joint will not contribute to end point force, but will help

modulating stiffness at that joint (2, 3). In turn, stiffness modu-

The musculoskeletal system, owing to its redundancy (1),
may produce the same joint trajectory or torque profile with a
multitude of combinations of muscle activation patterns differ-
ing in the amount of cocontraction. In other words, the coacti-
vation of muscles generating torques with opposite signs at a
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lation can reduce the effect of external perturbations (4-6), for
instance by stabilizing the limb during ball catching (7) and
improving accuracy of arm movement control (8-10).

How the central nervous system (CNS) regulates cocon-
traction is still not fully understood, despite the generally
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Q) SYNAPTICINPUTS TO MOTOR NEURONS FOR MUSCLE COCONTRACTION

acknowledged role in stiffness control and the recent interest
in the mechanisms of recruitment of motor units in antago-
nist muscles during different tasks (11). Several studies sup-
port the hypothesis that separate control mechanisms
underlie the generation of force or the modulation of stiff-
ness (5, 12-16). However, a characterization of the distinctive
spectral properties of the synaptic input driving stiffness
modulation, with respect to the synaptic input involved in
the generation of force, is still missing. The spectral proper-
ties of the synaptic inputs to o motoneurons are important,
in so far as they can be related to the neural substrates poten-
tially driving motoneurons activation (17).

It is well established that the common synaptic input
within a given motor neuron (MN) pool, which determines
the muscle force (17), can be identified using coherence analy-
sis on the trains of action potentials of pairs of MNs (18).
Recently, coherence analysis has also been used to assess
the synchronous modulation of separate neural drives to
MN pools, identified through high-density electromyograms
(EMGs) and a validated decomposition approach (19-21), to
unveil the synaptic inputs shared across muscles (22-24).
However, despite coherence analysis would also allow to dis-
cern the occurrence of a common input to a pair of antagonist
muscles during a cocontraction task, a functional characteri-
zation of the spectral features underlying the modulation of
limb stiffness also requires a control condition in which the
same pair of antagonist muscles are coactivated to exert a
force along a direction that none of them can generate, rather
than to modulate stiffness.

Studies investigating the common drive to pairs of muscles
during a stiffness modulation task (25-27) and during a force
generation task (25, 28, 29) examined different muscle pairs in
different tasks. Thus, the observation of different spectral fea-
tures may be related to the different properties of the muscles
rather than to the characteristics of different synaptic inputs
underlying the two tasks. Importantly, to assess two distinct
functions associated with the coactivation of a pair of muscles
that have an antagonistic action at one joint, it is necessary to
consider pairs of muscles acting on multiple joints. Although
the actions of the two muscles may be antagonistic at one
joint, i.e., they may generate torques with opposite sign that
cancel each other, their action at other joints may not be
antagonistic. Thus, their coactivation in the context of a
multi-articular system may be useful to generate a net end
point force in a specific direction. Therefore, to disentangle
different functional roles of coactivation it is necessary to use
an experimental paradigm involving a pair of muscles acting
on multiple joints, and comparing one task in which coactiva-
tion generates no net force but increases stiffness, and a sec-
ond task in which coactivation generates a net force.

In this study, we designed an innovative experimental
paradigm, which exploited the anatomical properties of the
upper limb to characterize the common input to a pair of
muscles, i.e., the biceps brachii (BB) and the triceps brachii
(TB). As BB acts both as elbow flexor and wrist supinator, the
coactivation of BB and TB may underlie two functionally dif-
ferent tasks: the modulation of upper limb stiffness and the
generation of an end point force. We asked participants to
control the displacement of a cursor in a tridimensional vir-
tual space by exerting isometric end point forces. The hori-
zontal displacement was achieved by the exertion of forces
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along the horizontal plane, whereas the vertical displace-
ment was achieved by the exertion of a supination torque by
the wrist. In this condition, the coactivation of BB and TB
was required to generate a joint torque. In contrast, during a
second experimental condition, participants were instructed
to voluntarily cocontract their muscles to compensate the
oscillation of the cursor around a mean position, i.e., regulat-
ing a “virtual stiffness” (12, 30), while still trying to reach tar-
gets that lied on the horizontal plane by exerting isometric
forces. Therefore, in this condition coactivation (or cocon-
traction) of BB and TB was aimed at modulating stiffness.

First, the spike trains of MNs were identified by decomposing
high-density surface electromyograms (HDSEMGSs) recorded
from BB and TB muscles during these tasks. We then performed
two analyses on the spike trains: cross-correlation and coher-
ence. These two analyses provide complementary information
on the common input driving the pools of MNs identified on the
two muscles. In fact, although the cross-correlogram provides
the temporal coupling between the two signals, the coherence
measures their common frequency contents. Since the synaptic
input that modulates limb stiffness was suggested to originate
at the cortical level (13, 14), we hypothesized a higher synchroni-
zation and a B-band peak in the coherence between the spike
trains of the MN pools identified on the BB and on the TB when
the two muscles cocontracted to modulate the stiffness (see Fig.
1C), but not when they were coactivated to generate an end
point force (see Fig. 1D). In fact, previous studies on corticomus-
cular coherence demonstrated the occurrence of a  band (15—
30 Hz) peak during isometric tasks (31), deriving from the rhyth-
mic discharges in the corticospinal neurons projecting to the
spinal motoneurons (32). Therefore, in the literature, this
frequency component of the synaptic input to a MN pool
has been commonly interpreted as being of cortical origin
(17). Since we implemented the same method introduced
by Laine et al. (23), our results on antagonist muscles
could be directly compared with their results on synergis-
tic muscles. This would provide a wider description of the
spectral components of the common input shared between
different pairs of muscles under different conditions.

We also assessed the coherence of the spike trains of MNs
of each muscle after removing the common input to the an-
tagonist muscle or related to the exerted force. Such residual
coherence (23) allows to distinguish MNs selectively recruited
to modulate stiffness from those involved in force generation,
and therefore to characterize the spectral properties of the
synaptic input that drives these MN pools. The identification
of MN subsets that were selectively driven to control force or
cocontraction though synaptic inputs with different spectral
characteristics supports the existence of specific neural path-
ways that control the two functionally different tasks.

To the best of our knowledge, our results provide the first
evidence that muscles involved in different tasks are driven
by synaptic inputs showing different spectral characteristics,
and demonstrate the existence of a population of MNs that
are selectively recruited to modulate stiffness.

MATERIALS AND METHODS

Eight healthy male adults (age range: 22-35 yr) partici-
pated in the study after giving written informed consent. All
participants were right-handed, as assessed according to the
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Figure 1. Conceptual models of synaptic inputs to motor neurons for the generation of force and the modulation of cocontraction. A: an upper-limb task
designed to dissociate coactivation of antagonist muscles for impedance modulation and for force generation. Force targets (black dots) arranged in two
parallel planes can be reached by applying different combinations of torques at the upper-limb joints. Horizontal targets in the lower plane can be reached
by different combinations of shoulder and elbow flexion or extension torques, producing horizontal forces at the hand. Supination targets in the higher
plane require the combination of shoulder and elbow torques (horizontal force) with wrist supination torque (producing a torque at the hand mapped as ver-
tical displacement in this task). Two muscles are considered: triceps brachii (TB), an elbow extensor, i.e., with a pulling vector (cyan arrow) in the horizontal
plane (toward target F2), and biceps brachii (BB), whose action is both elbow flexion and forearm supination, i.e., with a pulling vector (red arrow) that has
both a component (dashed arrows) in the Horizontal plane (toward target F1, opposite to TB) and a vertical component, required to reach the Supination
plane. Thus, the coactivation of BB and TB may result in two actions, depending on the activation of other muscles (gray downward arrow in A): the increase
of the elbow impedance through cocontraction with zero resultant force, or the simultaneous exertion of an endpoint force and supination torque. Four tar-
gets are highlighted: F1and F2, lying on the Horizontal plane and requiring, respectively, an elbow flexion or an elbow extension torque to be reached, and
F3 and F4, lying on the Supination plane and requiring wrist supination torque combined with, respectively, an elbow flexion or an elbow extension torque.
B: targets F1 or F2 requires separate synaptic inputs to motor neuron (MN) pools of BB (red arrow) or TB (cyan arrow). C and D: synaptic inputs to MN pools
of BB and TB during different tasks. A specific shared common input to control impedance by cocontraction (violet arrows) would be active during
Horizontal force generation with cocontraction modulation (C) but not during Supination force generation without cocontraction modulation (D).

preferred hand used to perform common tasks (e.g., writing,
throwing a ball, shaving). All participants had normal or cor-
rected to normal vision and did not report having had any
neurological disorder or upper right limb injury. The novelty
of the approach did not allow to perform a power analysis, so
the number of participants was selected in line with previ-
ous studies with a similar protocol and aim (23, 24, 33,
34). All procedures were conducted in accordance with
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the Declaration of Helsinki and were approved by the ethics
committee IRCCS Sicilia-Sezione Neurolesi “Bonino-Pulejo”
(Prot. No. 02/18).

Setup

Participants sat on a gaming chair in front of a desktop
with car safety belts immobilizing their torso and shoulders
(see Fig. 2A). The right hand was fully pronated and inserted
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Back

Figure 2. Experimental setup. A: participants inserted their right forearm into an orthosis rigidly connected to a six-axis force transducer, fixed below a
desktop. Participant viewed a virtual scene that consisted of a spherical cursor whose displacement from the rest position (i.e., the position that the cur-
sor assumed when the muscles were relaxed) was proportional to the exerted force and torque. The origin of the coordinate system used to displace
the cursor in the virtual scene was placed at the center of the participant’s palm. Participants could move the cursor in the horizontal plane by exerting
horizontal forces (x-axis: medio-lateral direction; y-axis: dorso-ventral direction), and along the vertical direction (z-axis: upward vertical direction) exerting
a forearm supination torque. B: participants were instructed to displace the cursor to reach one of 18 spherical targets arranged in two parallel horizontal
(x-y) planes. Horizontal targets (blue) lay in the lower horizontal plane and Supination targets (red) lay in the upper horizontal plane and required a supi-
nation torque to be reached. C: during Perturbation blocks, the motion of the cursor was simulated as two mass-spring-damper systems (MSDs) in series.
The first MSD was displaced by the force exerted by the participant, recorded by the force transducer, and determined the mean position of the cursor.
The second MSD was perturbed by a simulated external unpredictable force and determined the oscillations around the mean position. Participant
could reduce the magnitude of the oscillations of the second MSD system in real-time by voluntarily cocontracting their muscles. D: high-density electro-

Front

myogram (EMG) grids covered the biceps brachii (BB, left) and triceps brachii (TB) lateral head (right) muscles.

in an orthosis, rigidly connected to a cylindrical handle that
participants could grasp to easily generate supination tor-
ques, and to a six-axis force transducer (Delta F/T Sensor,
ATI Industrial Automation, Apex, NC). The height of the
chair and its distance from the table were set to ensure the
elbow angle was 90° (0° full extension) and the hand was at
the height of the solar plexus. Therefore, the shoulder
roughly assumed a rotation angle of 60°, an abduction angle
of 65°, and an extension angle of 55°. A horizontal mirror,
preventing the view of the participant’s hand, reflected the
image displayed by a monitor rendered at 120 Hz (60 Hz per
eye). Participants wore shutter glasses (GeForce 3-D Vision 2,
NVIDIA Corporation, Santa Clara, CA) that allowed the ster-
eoscopic vision of a three-dimensional scene. The scene
comprised a desktop and a cursor whose displacement was
computed in real time from the measured isometric force
and torque and from surface EMGs collected with bipolar
electrodes on multiple muscles acting on the elbow and
shoulder joints (see Bipolar Surface Electromyography). At
rest, and without perturbing forces, the cursor was displayed
at a position corresponding to the center of the palm (rest
position). The displacement in the horizontal plane was pro-
portional to the force generated in the horizontal plane,
whereas the vertical displacement was proportional to the
supination torque.

J Neurophysiol « doi:10.1152/jn.00199.2023 - www.jn.org

Experimental Design

After an initial familiarization phase, participants per-
formed three blocks of trials. In the first block, denoted max-
imal voluntary force and torque (MVFT) block, they were
asked to exert their maximum voluntary force (MVF) and
maximum voluntary torque (MVT). The MVF was the maxi-
mum force that participants could generate toward their
chest along the horizontal plane (—y direction; Fig. 2A4) and
the MVT was the maximum torque that participants could
generate supinating their wrist (+z direction). Participants
alternated two repetitions of MVF with two repetitions of
MVT and the peak values were used to normalize the target
positions in the following blocks (MVF normalized the posi-
tion along the horizontal x-y plane, MVT normalized the tar-
get position along the vertical z axis). The second block
(Baseline) was composed of 17 trials during which partici-
pants were asked to move a spherical cursor from the rest
position to a target position, located in one of 17 spatial posi-
tions (see Fig. 2B). Similarly, the third block (Perturbation)
was composed of 18 trials during which participants were
asked to stabilize the cursor in the rest position by increasing
muscular cocontraction, or to move it from the rest position
to a target position, located in one of the 17 spatial positions
also used in the Baseline block. At the beginning of each trial
(rest phase), participants were asked to relax their right arm
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muscles to maintain the cursor inside a semitransparent
sphere in the rest position. After doing so for 1 s, the sphere
disappeared and reappeared in one of the target positions
(target go event). One subset of targets included eight targets
equally spaced along a circumference in the horizontal plane
with 20% MVF radius (targets 1 to 8 in Fig. 2B), together with
the target in the rest position (target 18, only in Perturbation
block). No supination torque was required to reach this set of
horizontal targets. The other subset included 9 targets at the
same horizontal positions but with an offset of 20% MVT in
the +z direction (targets 9-17 in Fig. 2B). These supination
targets could be reached only by eliciting a 20% MVT supina-
tion torque.

Participants were asked to displace the cursor to reach the
target and to maintain the cursor within the target sphere,
whose radius exceeded that of the cursor by 4% MVFT, for
20 s (holding phase). Targets were displayed in random order
and breaks of 40 s were inserted between trials to avoid fa-
tigue. Bipolar EMGs and force data collected during the
holding phase of the Baseline block were used to estimate a
subject-specific matrix that approximates the mapping of
EMG amplitude onto isometric force (see EMG-to-Force
Mapping) and its null space (30, 35). The maximum ampli-
tude of each rectified and low-pass filtered (second-order
Butterworth; 1 Hz cutoff) EMG collected during the same
phase was used to normalize EMGs during the Perturbation
block. High-density EMGs obtained during the hold phase of
all trials of both Baseline and Perturbation blocks were proc-
essed for the identification of motor units (MUs). While dur-
ing the Baseline block, the motion of the cursor was
proportional to the exerted force and torque and it was simu-
lated as a single adaptive mass-spring-damper system (MSD),
during the Perturbation block it was simulated as two MSDs
in series (see Fig. 2C), as described in detail by Borzelli et al.
(12). Briefly, the force generated by the subject was applied on
the first MSD while a simulated sinusoidal force, applied to
the second MSD, perturbed the motion of the cursor. The stiff-
ness of the second MSD (k) was modulated in real-time
according to the norm of the projection of the muscle activa-
tion vector component along the null space of the EMG-to-
force matrix (||m||), through a logistic function:

k() = ol 1

where k. = 9,500 Nm 2 is the spring constant, ||7,]| is set to
2.5 times the minimum norm of the mean null space ||f,;y ||,
collected during the holding phase of the Baseline block,

and it is defined such that k(n) = “2=, r, is a variation rate

kmax

kmax —

> and (xo,y0) =

(|Inmm||, 500 Nm‘z). Parameters were selected to limit the os-
cillation of the cursor during the rest phase and assure an
adequate reduction of the oscillations during a voluntary
cocontraction of muscles, thus guaranteeing that cocontrac-
tion exerted by participants effectively modulates the stiffness
of the virtual end-effector (12, 36). Therefore, during the
Perturbation block, participants could reduce the oscillation
of the cursor by cocontracting shoulder and elbow muscles,
without affecting the generated end point force required
to reach the target. Despite we did not perform any direct

parameter calculated as: ry = flog<
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measurement on the actual modulation of the arm stiffness, a
linear relation between the virtual stiffness and the major
axis of the stiffness ellipse was previously demonstrated
(30). Moreover, the good level of performance before prac-
tice, as demonstrated in previous studies that implemented
the virtual stiffness approach (12, 36), suggested that the
motor coordination required to reduce the cursor oscillation
was not a completely new skill, and likely related to the vol-
untary cocontraction used to modulate arm stiffness.

Experiment control, data acquisition (force, torque, and
bipolar EMG), and data analysis were performed with cus-
tom-written software in MATLAB (MathWorks Inc., Natick,
MA) and Java.

High-Density Surface Electromyography

Surface EMGs of both heads of biceps brachii (BB) and the lat-
eral head of triceps brachii (TB, see Fig. 2D) of each participant
were recorded with two arrays, each with 8 x 8 electrodes (3
mm diameter, 10 mm interelectrode distance; HD10MMOS80S;
OT Bioelettronica, Turin, Italy). Participants had their skin
cleansed with abrasive paste and the arrays were centered
between the proximal and distal tendons of the muscles, with
rows visually aligned roughly parallel to the muscle fibers. The
array on the BB was placed such that the junction between the
long and short heads, identified by palpation, was located
between columns 4 and 5. The TB array covered the muscle
belly, identified by palpation, and the columns were roughly
parallel to the muscle fibers, as indicated by recommendations
from SENIAM (37) and Kendall et al. (38). Monopolar EMGs,
referenced to the wrist, were amplified and recorded (2,048 Hz
sampling rate) using a 16-bit A/D converter (Quattrocento
multi-channel amplifier; OT Bioelettronica, Turin, Italy).

Bipolar Surface Electromyography

Bipolar, surface EMGs were recorded from 11 muscles
crossing the shoulder and elbow joints: brachioradialis,
biceps brachii, pectoralis major, anterior deltoid, middle del-
toid, posterior deltoid, triceps brachii long head, infraspina-
tus, teres major, latissimus dorsi, and middle trapezius.
Participants’ skin was cleaned with alcohol and electrodes
were placed based on recommendations from SENIAM (37)
and by palpation to locate the muscle belly and visually ori-
enting the pair of electrodes along the expected direction of
fibers. The single bipolar electrode on BB, which was
required for the real-time estimation of the null space com-
ponent of the muscle activation (see Experimental Design),
was placed just distally to the high-density grid and aligned
parallel to the BB long head longitudinal axis. Owing to the
skin-parallel fibered architecture of BB, bipolar electrodes
placed just distally to the grid would be expected to provide
EMGs as representative as those detected more proximally
and not in proximity to the muscle innervation zone (39).
Bipolar signals were acquired at 1,000 Hz with active wire-
less bipolar surface electrodes (Trigno System, Delsys Inc.,
Natick, MA), bandpass filtered (20-450 Hz), and amplified
with a 1,000 gain. High-density and bipolar EMGs and force
data were recorded by two different data acquisition systems
and were synchronized offline using a trigger signal deliv-
ered at the beginning of each acquisition by one system and
recorded by the second system.

J Neurophysiol « doi:10.1152/jn.00199.2023 - www.jn.org
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EMG-to-Force Mapping

Isometric generation of submaximal force and torque
allowed to use a linear approximation of the relation
between EMG amplitude and force and torque:

.f:Hm7 (2)

where fis a tridimensional vector composed by two com-
ponents of force exerted along the horizontal plane and
one component of supination torque, m is a 11-dimesional
muscle activation vector, and H is an EMG-to-force matrix
that maps muscles activation onto force. The matrix H was
estimated using multiple linear regressions of each low-
pass filtered (second-order Butterworth; 1 Hz cutoff) force
component, on the rectified, low-pass filtered (second-
order Butterworth; 1 Hz cutoff) and normalized to the
MVFEFT bipolar EMGs recorded during the holding phase of
the Baseline block (40, 41). The matrix H was also used to
compute a null space matrix N, i.e., an orthonormal basis
spanning the subspace of vectors n that are mapped by the
H matrix onto the null force vector:

0=Hn. (3)

Motor Unit Decomposition

Monopolar, high-density EMGs were filtered (second-order
zero-lag Butterworth, 15-350 Hz) and decomposed through an
automatic and validated algorithm (19-21), separately for
each 20-s holding phase. After decomposition, the firing
instants of identified MUs were visually edited to manually
exclude the spikes with lower quality from the calculation of
the separation filter (42). The accuracy of the decomposed
units was assessed through the pulse-to-noise ratio (PNR)
(43), which measures the mean square error between the true
discharge pattern of each identified unit and its estimation.
Only motor units with a PNR > 30 dB, which assured a sensi-
tivity >90% and a false-alarm rate <2% (43), were retained.
The firing instants of the identified MUs were used to trigger
and average single differential EMGs over 30-ms epochs, to
provide the action potential of each MN that underwent an
additional visual analysis aimed at detecting spurious units
(40, 44, 45). Moreover, only units whose action potential was
clearly represented on a single muscle were retained, to avoid
misleading results due to cross talk. Finally, only units whose
firing rates were stable over the entire contraction (pauses
shorter than 500 ms) and whose action potential propagation
(i.e., the shifting in time of the action potential peak, identi-
fied on channels placed along the fiber direction, proportion-
ally to its spatial distance from the innervation zone) could be
appreciated, were used in analysis. The activity of each MU
was expressed as a binary spike train in which each time sam-
ple (2,048 Hz sampling frequency) was assigned either a value
of 1 if it marked the beginning of an action potential (identi-
fied by the algorithm for MU decomposition) or a value of O
otherwise. Trials in which fewer than three motor units were
decomposed were excluded from the following analyses. In
the following analysis, we replicated, on the BB and the TB
muscles, the approach that Laine et al. (23) proposed to deter-
mine the cross-muscle coherence, the total within-muscle co-
herence, and the residual within-muscle coherence on the
vastus medialis and vastus lateralis muscles.

J Neurophysiol « doi:10.1152/jn.00199.2023 - www.jn.org

Cross-Muscle Analysis

In the cross-muscle analysis (see Fig. 3), we calculated the
synchronous modulation of the spike trains of MUs identi-
fied in the two antagonist muscles during each trial, in both
time and frequency domains.

The synchronization in the time domain was calculated
through the cross-correlogram, which detects the occurrence
of a synchronization between the firings of MNs (32, 42, 46,
47). The cumulative spike trains, calculated from each mus-
cle during each trial, was convoluted with a 400-ms
Hanning window (48), which limited the effect of the nonlin-
ear relationship between the synaptic input and the output
signal (49), to obtain the smoothed discharge rates.
Moreover, a high-pass filter, with cut-off frequency of 0.75
Hz, was applied to remove trends and offsets (48, 50). Then,
the filtered cumulative spike trains underwent the cross-cor-
relation analysis, within a time lag of —100 to +100 ms and
5-ms overlap (22), to determine the common input level
between MNs identified on BB and TB during each trial.

The spectral properties of the modulation of the firing
rates of motor unit pairs were tested using coherence anal-
ysis. Coherence (51) is a frequency domain extension of
Pearson’s correlation, estimating the linear correlation
between the two signals at any given frequency. The co-
herence analysis was already performed between the
overall EMG signals collected from different muscles.
However, the coherence analysis has been widely used to
calculate the synchronous modulation of pools of MNs
identified through needle EMG (18, 52, 53) or high density
SEMG (23, 49, 54). We calculated the coherence between
the spike trains of all pairs of MUs identified in the two
antagonist muscles during each trial. As in the study by
Laine et al. (23), all unique pairs of spike trains, identified
on the BB and on the TB muscles during a trial, were con-
catenated into two long trains, which were then subjected
to coherence analysis. Each MU train of spikes (here
called i and j) was divided into segments of 3-s length.
Then, the fast Fourier transform (FFT) (I(f) and J,(f)
respectively, which were functions of the frequency f)
was calculated over each segment u, considering a 0%
overlapping and weighted by a rectangular window func-
tion. The complex values obtained across the segments at
each frequency were used to derive the auto-spectra (ii
and jj) and cross-spectra (ij) of i and j spike trains:

Zz

x conj(L(f)) (4)
u=1
N

F)= > JulF) x conj(zu(f) (5)
u=1

G0 = Y () x conjizu(f)) (6)

u=1

where conj() refers to the complex conjugate of I,,(f) and J,,(f)
and N is the number of 3-s length segments.

The magnitude squared coherence (typically referred to as
“coherence”) for each frequency was then calculated as:
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Figure 3. Recordings of high-density electromyogram (EMG) signal and data analysis. High-density EMG signals (64 channels per muscle) were recorded
from triceps brachii (TB) and biceps brachii (BB) during submaximal, isometric contractions. These signals were decomposed to reveal the firing pattern
of single motor units (MUs). Two approaches were tested. In a cross-muscle analysis (top right), we calculated the cross-correlogram and the coherence
for paired BB-TB MUs (i and j signals in Egs. 3-6) identified during a single trial (the example shows data collected during the generation of force to
reach target 6 of the Perturbation block, see Fig. 2B). In a within-muscle analysis (bottom right), we calculated the total coherence between all pairs of
MUs from the same TB muscle (i andj in Egs. 3—6; black trace). We further computed the residual coherence, which represents the within-muscle MU co-
herence after removing the common neural drive to the antagonist muscle (blue trace) or the effect of force/torque modulation (red trace) contribution (k
in Egs. 7-14). MVF, maximum voluntary force; MVT, maximum voluntary torque.

2

/
(@i(f)xji(f))

Each coherence profile was then smoothed in the fre-
quency domain using a three-point running median window.

Coactivation of BB and TB is required both to modulate the
elbow stiffness (cocontraction, i.e., without the generation of
end point force and torque) or to move the cursor toward a target
(e.g., target 2 in Fig. 2B), which required the activation of the TB
to move the cursor along the horizontal plane, and the activation
of BB to generate the supination torque required to move the cur-
sor along the vertical direction. To distinguish these two condi-
tions, the cross-muscle analysis was performed separately on
two subsets of target: horizontal targets during the Perturbation
block, in which the coactivation was due to the increase in elbow
stiffness, and supination targets during the Baseline block, in
which no stiffness modulation was required, and therefore coac-
tivation was required to reach the target.

As different spectral characteristics in the firings of the
recruited MNs could merely be a consequence of different
levels of the HDSEMG activity collected in the two target sets
(55, 56), we verified whether BB and TB showed a similar
activation during the supination targets of the Baseline block
and the Horizontal targets of the Perturbed blocks. We calcu-
lated the average rectified value and the power spectrum for
the signals collected from each HDSEMG channel of TB and
BB, during each trial, and the maximum across channels was
retained. ANOVASs were then implemented to test the effects
of the block and the participant.

The Matlab code implemented to perform the coherence
analyses and the coherence analyses after excluding a third

ii(f)

CohlJ(f) =
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signal, together with exemplificative data, is given in the
Supplemental Material (see https://doi.org/10.5281/zenodo.
10951228).

Within-Muscle Analysis

In the within-muscle analysis, we isolated the neural drive to
each muscle from the contribution of any common drive
shared between muscles and responsible for the modulation of
force and torque. More specifically, as proposed by Laine et al.
(23), we used Egs. 3-6 to compute the total coherence, with I,
and J,, corresponding to the FFT of all concatenated unique
pairs of spike trains identified on the same muscle during each
trial. The residual coherence is an estimation of the synchro-
nous modulation of the firing rate of two MUs (i and j) in the
same muscle, after removing the component that is synchro-
nous to a third reference signal (k). In this analysis, k repre-
sented the common neural activity of all units of the antagonist
muscle, calculated as the summation of all individual MU spike
trains recorded from the antagonist muscle (23, 57), or as the
norm of the force and torque, normalized to the MVFT (Fig. 3).

We first derived the auto-spectra kk, which is a function of
the frequency f, for the reference signal k as described for i
and j earlier (3-4). Then, the cross-spectra of signal k with
signals i and j were calculated as follows:

N
_ Z L(f) x conj(K.(f)) 8
u=1
ZK ) x conj(L(f)) (9)
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ZJ ) x conj(K,(f)) (10)
N

f)= D Kulf) x conjizu()) (1)
u=1

And the cross-spectra and auto-spectra between i and j
not due to k signal were calculated as follows:

i k(f) = ji(f) — (./‘k(f>xk/(f))/kk<f) (12)
]./—k(f) = ”(f - <kl /kk (13)
k() = ii(f) = RN/ (14)

Therefore, the residual coherence between i and j after
removing the component synchronized with k was calcu-
lated as follows:

2

/(ii-k(f)x./'j-k(f))

Residual coherence was computed and then averaged for
all pairs of units (i and j) in each of the two muscles, one at a
time, with the sum of the spike trains of the other muscle or
the norm of the force and torque (normalized to the MVFT),
providing the reference signal (k). Total coherence, residual
coherence after removing the component synchronous to
the common drive to the antagonist muscle, and residual co-
herence after removing the component synchronous to the
norm of the force and torque were computed separately for
each participant and trial of the Perturbation block.

ijk(f)

CohlJ k(f) = (15)

Task-Based Separation of Motor Units

Different frequency bands were defined according to func-
tional properties. These bands were the 8 band, commonly
below 5 Hz (54), the o band, in the [5-12] Hz range (58), the low-
B band, below 25 Hz (59), and the high-B band, up to 35 Hz (22).
In this study, we opted to separate the low-p ([12-25] Hz) from
the high-B ([25-35] Hz) frequency bands as different cortico-
muscular coherence levels were detected in these two bands in
participants who exerted low static forces (59). Moreover, we
set the lower threshold of the § band to 1 Hz to exclude the
effect of the mean firing rate of the investigated MNs.

A significant total coherence and a significant residual
coherence in the same frequency band in a MU pair, identi-
fied during the same trial on the same muscle, indicates
that the two units synchronously modulate their firing pat-
tern at that frequency without sharing a common input
with the reference signal. In contrast, a significant total co-
herence without a significant residual coherence indicates
that the two units share the same input with the reference
signal. Therefore, we defined two criteria, which defined
whether a pair of units was recruited to generate force and
torque or to modulate the level of cocontraction. A pair of
MUs was considered to be driven by a common synaptic
input for force generation if they showed a significant total
coherence but did not show a significant residual coherence
when excluding the component synchronized with the

J Neurophysiol « doi:10.1152/jn.00199.2023 - www.jn.org

force and torque in a frequency band. Similarly, a pair of
MUs was considered to be driven by a common synaptic
input for cocontraction modulation if they showed a signifi-
cant total coherence but did not show a significant residual
coherence when excluding the component synchronized
with the common drive to the antagonist muscle in the
same band.

Therefore, according to total and residual coherence, we
could identify three subsets of MUs. One subset was recruited
only to generate force, as these MUs satisfied, in all pairings
with other units extracted from the same muscle during the
same trial, only the criteria for force generation. A second sub-
set was recruited only to modulate cocontraction, as these
MUs satisfied only the criteria for cocontraction modulation.
A third subset of MUs was recruited both to modulate cocon-
traction and generate force, as these MUs satisfied both the
criteria for force generation and for cocontraction modula-
tion. This separation of MUs into subsets was defined within
each frequency band, and therefore, different subsets were
defined for each of the four selected frequency bands (3, a,
low-B, and high-p bands). Such assignment of a MU to a sub-
set is strict, because the violation of the criterion even at a sin-
gle-frequency bin during a single pairing would exclude that
MU from the selected subset. For this analysis, each MU train
of spikes was divided into segments of 1-s length.

Finally, we calculated the total coherence among all pairs
of MUs, identified on the same trial, within these subsets of
MUs to determine the frequency band of their common neu-
ral input.

Statistics

Based on the null hypothesis that no coherence exists at a
given frequency, we defined a 95% confidence level (CL)
through surrogate data analyses. Surrogate spike trains were
generated for each MN by bootstrapping, i.e., randomly shuf-
fling, the interspike interval (48). This random spike train pre-
served the same number of spikes and the same average
discharge rate of the original one. Moreover, a surrogate force
profile was generated by first calculating the Fourier trans-
form, then randomly shuffling the phase components, and
finally calculating the inverse Fourier transform (60). This pro-
cedure uncorrelated the signal while preserving its power
spectrum. The analysis implemented to calculate the cross-
correlogram and the within-muscle and cross-muscle coher-
ence were replicated with the surrogate cumulative spike
train, calculated by summing the surrogate binary spike trains,
and the surrogate force profile. The CL was assessed as the
95th percentile over 100 repetitions.

To assess whether a significant coherence at a specific fre-
quency bin occurred in a significant number of trials or MN
pairs, a binomial test was implemented, and a P < 0.05
threshold was set. The test provided a conservative evalua-
tion of the relevant frequency content of neural drive within-
and between muscles (23).

RESULTS
Motor Unit Decomposition

After exclusion of MUs with a nonphysiological action
potential or firing rate, and trials in which no MUs were
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Figure 4. Example of the electromyogram (EMG) signal acquired by a column of channels collecting the activity of biceps brachii (BB) and another collecting
the activity of triceps brachii (TB) and the identified firings. The data were collected during the generation of force along two opposite directions on the hori-
zontal plane: one, along target 2 (see Fig. 2B), required a torque of elbow extension (A) whereas the other, along target 6, required a torque of elbow flexion
(/). The raw (unprocessed) EMG activity collected from the BB (B and J, with a portion of the signals expanded respectively in D and L) and from the TB (C
and K, expanded in E and M) shows a typical power spectral density (F, G, N, and O). The firings of the identified motor units (MUs) on the TB during the gen-
eration of a force along target 2 are reported in H, whereas the firings of the identified MUs on the BB during the generation of a force along target 6 are
reported in P. H and P also showed the interspike interval (black line) of each identified MU. Consistently with the observation that BB was inactive during
the generation of a force along target 2 and TB was inactive during the generation of a force along target 6, no MUs were identified.

identified on the BB or on the TB (Fig. 4), a total of 1,705 MUs
were retained for the analysis (Table 1). Different numbers
of MUs were extracted from data collected during different
trials because their activation was modulated according to
the end point force. The maximum number of units identi-
fied on the BB during Baseline block or the Perturbed block
was 5 (4) and 5.5 (5.5) respectively [median (interquartile
range)], and the maximum number of units identified on
the TB during Baseline block or the Perturbed block was 7
(4) and 9.5 (2.5) respectively. In line with the literature

134

(61), the BB median discharge rate ranged between 8.2 and
35.8 spikes/s and the TB median discharge rate ranged
between 8.5 and 29.6 spike/s, showing, on average,
13.6 £1.4 (means = SD) spikes/s for the BB and 12.7+1.6
spikes/s for the TB during the baseline block, and were
14.2 £1.4 spikes/s for the BB and 14.2 +2.3 spikes/s for the
TB during the perturbed block. In Fig. 4, examples of data
collected from BB and TB during the exertion of two force
target of the baseline block, and the related MUs extracted
from data, are shown. In Fig. 4, examples of data collected
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Table 1. Number of MUs retained for the analysis

SYNAPTIC INPUTS TO MOTOR NEURONS FOR MUSCLE COCONTRACTION

BB B Total
Block n Median (IQR) n Median (IQR) n Median (IQR)
Baseline 357 44 (26) 320 33 (31.5) 677 83 (41.5)
Perturbation 598 76.5 (14.5) 430 46.5 (47) 1,028 121.5 (63)
Total 955 122.5 (30) 750 80 (76) 1,705 209 (99.5)

Median and interquartile range (IQR) across subjects. BB, biceps brachii; MUs, motor units; TB, triceps brachii.

from BB and TB during the exertion of two force target of
the Baseline block, and the related MUs extracted from the
data, are shown.

As the EMG signal represents the sum of the action poten-
tials of all the active MNs, its power spectrum (an example is
shown in Fig. 4) does not match the power spectrum of the
firings of the extracted MNs. However, the EMG signal is
influenced by the electrical properties of the muscle fibers
(62, 63), and therefore the MN firings represents a better
description of the neural input that drives muscles.

Cross-Muscle Analysis

First, we assessed whether discrepancies in the synchroni-
zation among MNs recruited during a stiffness modulation
task or a force/torque generation task could merely be
ascribed to different activations of the muscle, which may
imply a different number of the recruited MNs (56) and their
firing rates (55). However, an ANOVA did not show any signif-
icant effect neither on the EMG amplitude nor in the power
spectral density of horizontal targets during Perturbed block
or supination targets during Baseline block, neither in BB (P =
0.42 and P = 0.71, respectively for EMG amplitude and power
spectral density) nor in TB (P = 0.35 and P = 0.81, respectively
for EMG amplitude and power spectral density).

A total of 40 trials of the Perturbation block [with a me-
dian (interquartile range) over participants of 5 (4)], and 42
trials of Baseline block [6 (4)], respected the conditions to be
included in the cross-muscle analyses.

Figure 5, A and B depict the cross-correlogram between
the cumulative spike trains of MUs identified during the gen-
eration of force to reach the horizontal targets of the
Perturbation block (Fig. 5A) or the supination targets of the
Baseline block (Fig. 5B). Values greater than the marked con-
fidence level (dashed line) indicated that the cross-correla-
tion was substantially higher than expected by chance.
Remarkably, the cross-correlogram performed only on the
trials collected during voluntary modulation of cocontrac-
tion (Fig. 5A) showed a significant peak of correlation at a lag
close to 0 s, commonly ascribed to a common synaptic input
(18, 32), suggesting a synchronization between the MNs of
the two muscles when recruited to modulate the cocontrac-
tion. In contrast, despite the cross-correlogram calculated
from the trials that required the coactivation of BB and TB to
generate force also showed a peak at a lag close to O s (Fig.
5B), its value was below the chance threshold.

Figure 5, C and D depicts the percentage of trials that
showed significant BB-TB coherence (95% confidence
level) identified during the generation of force to reach

A Perturbed block B Baseline block
horizontal targets supination targets . )
10 Figure 5. Cross-muscle analysis: cross-cor-
relogram and percentage of the pairs of
£ motor units (MUs), identified on antagonist
© muscles, showing a significant coherence.
Qos The cross-correlogram was calculated on
° the cumulative spike trains of the MUs
S identified, during the same trial, on the
i antagonist muscles. Trials that requi-
8 0 red reaching horizontal targets of the
15 Perturbation block (A) and the supina-
tion targets of the Baseline block (B)
were separated. The coherence analy-
-0.5 sis was performed on all pairs of MUs,
-0.1 -0.05 0 0.05 01 -0.1 -0.05 0 0.05 0.1 identified on the biceps brachii (BB) and
Time (s) Time (s) the triceps brachii (TB) muscles during the
C 100 horizontal targets of the Perturbation block
(C) and the supination targets of the
g 90 Baseline block (D). The dashed horizon-
<5 80 | tal line indicates the highest proportion
-*g 5 70 t that could have been observed simply by
nS 60 f chance (95% confidence level). Subject-
TO 50 | specific cross-correlogram values or frac-
f € a0 | tion of significant coherence, are reported
o8 with different colors. Black solid lines indi-
X “g 30 | cated the cross correlogram, averaged
k=) 20 among participants (A and B) or the sum
® 10 of all the trials showing a significant coher-
0 ence (Cand D).
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the horizontal targets of the Perturbation block (Fig. 5C)
or the horizontal targets of the supination targets of the
Baseline block (Fig. 5D). Fractions greater than the
marked confidence level (dashed line) indicated that sig-
nificant coherence occurred in a substantially higher
number of trials than expected by chance. The cross-mus-
cle coherence analysis performed on both the target sets
identified a [0-5] Hz component of the synchronous modula-
tion between the MNs identified in the muscles. Although the
significant coherence close to O Hz reflected data with non-
zero mean, the significant coherence at higher frequencies up
to 5 Hz is responsible for the generation of the muscle tension
(64). Remarkably, another significant peak was identified
between 12 and 20 Hz only when participants were required
to exert a force and to increase BB-TB cocontraction (Fig. 5C).
This second peak in the coherence between the discharge
trains of the MNs located on antagonist muscles, together
with the significant peak in the cross-correlogram, identified
only during the tasks requiring cocontraction for stiffness
modulation (horizontal targets in the Perturbation block)
revealed the existence of shared inputs to these muscles and
supported the hypothesis of a specific input for the modula-
tion of cocontraction that is independent from the input for
the generation of force.

Task-Based Separation of Motor Units

Although the cross-muscle analysis investigated the co-
herence between pairs of units identified on antagonist
muscles, the within-muscle analysis investigated the co-
herence between units identified on the same muscle, con-
sidering all frequency components (total coherence) or
excluding the components synchronized with the com-
mon drive to the antagonist muscle or with the exerted
force and torque (residual coherence).

A total of 48 trials of the Perturbation block [with a median
(interquartile range) over participants of 6 (8.5)] for BB and a
total of 68 trials [8.5 (6)] for TB were included in the within-
muscle coherence. Figure 6A depicts the percentage of MU
pairs, identified on all trials of the Perturbation block, that
showed a significant total within-muscle coherence, for TB
(Fig. 6A) and BB (Fig. 6B). Besides the significant peak below
10 Hz, whose role was to effectively modulate the force gen-
erated by the muscle (57), both BB and TB showed several
frequency bins with a significant percentage (i.e., above the
dashed horizontal line) of pairs of MUs with total coherence
in the 12-22 Hz band.

We then used the total and residual within-muscle coher-
ence of to identify three subsets of MUs in each muscle. The

analysis was performed on 232 [median (interquartile range)
across participants: 20.5 (43)] and 325 [40.5 (32)] MNs, respec-
tively identified in BB and TB. The selected frequency bands
were identified as functionally relevant as the § ([1-5] Hz,
Fig. 6B), o ([5-12] Hz, Fig. 6C), low-B ([12-25] Hz, Fig. 6D), and
high-p ([25-35] Hz, Fig. 6E) bands. The percentages of MNs
that were identified to be selectively recruited to modulate
the cocontraction or to generate force are reported in Fig. 6F.
The lower boundary of the 5 band was set to 1 Hz instead of O
Hz to overcome the effect of the discrepancy of the mean fir-
ing rate on the low frequency. As the MN separation was per-
formed on a specific frequency interval, within-set coherence
was also analyzed in the same interval (visually reported in
Fig. 6, B-E).

The total within-set coherence among these subsets of
units revealed peaks at different frequency bands. Although
all the MU sets identified both on the TB and BB showed a sig-
nificant coherence peak below 5 Hz (Fig. 6B), in the [5-12] Hz
band (Fig. 5C) only pairs of BB MNs involved in both tasks
(black line) and pairs of TB MNs involved in force generation
task (red line) showed a significant coherence, confirming the
role of the o band in the force generation (57). Surprisingly, a
striking fraction of pairs of MNs, involved in the modulation
of stiffness (blue line), showed a significant coherence in the
[12-25] Hz band both in BB and TB (Fig. 5D). The MNs that
were separated in the three sets, and that were investigated to
detect the coherence peak in the [12-25] Hz band, represented
respectively the 72% and the 64% of the MNs identified on the
BB and on the TB (Fig. 6F). Finally, in the [25-35] Hz band,
MNs involved in force generation showed some peaks, slightly
above the confidence level, both in the TB and the BB,
whereas MNs involved in stiffness modulation, showed some
significant peaks, slightly above the confidence level, on the
only TB (Fig. 5E).

DISCUSSION

We investigated the control of a pair of muscles at the
motor neuron level and the different neural pathways re-
sponsible for the modulation of the limb stiffness and for the
generation of force. Several studies had suggested that an-
tagonist muscles coactivated to modulate stiffness (25, 26),
similarly to synergistic muscles coactivated to generate force
(23, 25, 28, 29), are controlled by a common synaptic input.
However, the spectral features that differentiate the inputs
underlying these two functionally different tasks have not
been investigated. Therefore, we designed a novel experi-
mental paradigm that required a participant to coactivate

Figure 6. Total within-muscle motor unit (MU) coherence and common input to MUs driving the generation of force and torque or the modulation of stiff-
ness. Top: the percentage of the pair of MUs, identified on the biceps brachii (BB) (left portion of A) or on the triceps brachii (TB) (right portion of A), that
showed a significant total within-muscle coherence. Subject-specific values were reported with different colors, while their sum was reported with a solid
black line. B—E: the total within-muscle coherence separately calculated among the subset of MUs selectively recruited to modulate cocontraction or
generate force and torque in TB and BB. The fraction of pairs that showed a significant coherence is displayed in the figure (blue: MUs selectively
recruited to modulate cocontraction; red MUs selectively recruited to generate force and torque, black: MUs recruited both to modulate cocontraction
and force/torque). The separation among sets was performed according to different physiologically relevant frequency bands: 6 band ([(1-5] Hz, B), o
band ([5-12] Hz, C), low-f3 band ([12—25] Hz, D), high-$ band ([25-35] Hz, E). The band used to separate MUs on the three different sets showed a white
background, whereas the excluded band show a gray background. In A—E, the horizontal dashed lines represent the threshold for significance, i.e., the
higher value of the 95% confidence interval of the percentage of MU pairs that may show significant coherence by chance. In B—E, the difference
between the confidence levels is due to the different numbers of pairs of MUs involved in the modulation of cocontraction or in the generation of force
and torque. The number of motor neurons (MNs) (in parentheses) and its fraction of the total number (i.e., 232 and 325 respectively for BB and TB),
involved in this analysis, which composed the different sets, was reported, for each frequency band, in F.
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the same muscle pair to perform two functionally different
tasks: generation of force and modulation of stiffness. The
spike trains of MUs were identified by decomposing the
high-density EMG signals collected from the BB and the TB
muscles by means of an established algorithm (19-21),
whereas the common drive to motor units of two antagonist
muscles was identified by means of coherence analysis (29).
The generation of different isometric torques may lead to a
shifting of the innervation zone (65, 66), with the consequent
alteration in the action potentials, recorded by the HDSEMG
grid. Therefore, as our study did not require the tracking of
MNs across different conditions, we preferred to investigate
pools of MNs extracted separately from different trials and
blocks, in line with previous studies (23). Intriguingly, a
cross-muscle analysis identified a significant synchroniza-
tion, measured through the cross-correlogram, only when
the muscle pair was recruited to modulate the stiffness and
not to generate the force. On the other hand, cross-muscle
coherence detected a wide frequency band (between 15 and
20 Hz) in a significantly larger portion of trials than expected
by chance only when BB and TB were coactivated to modu-
late cocontraction. This result, therefore, suggests that the
MN pools identified for different muscles share separate syn-
aptic inputs, whose synchronization and spectral character-
istics differ according to the functional task.

A within-muscle analysis identified subsets of MUs that
were selectively recruited either to generate force, or to mod-
ulate cocontraction, or for both tasks. Although a low-fre-
quency peak (<5 Hz) was identified between all the MN
subsets, a peak in the o band (5-12 Hz) was identified only
between MNs recruited to modulate force or for both tasks.
Strikingly, a wide peak in the low-p band (12-25 Hz) was
detected only within MNs recruited to modulate stiffness.
This band is particularly relevant as significant corticomus-
cular coherence has been identified during the exertion of
low static forces (59).

The existence of a common input driving the MNs of both
agonist or antagonist muscles of the hand has previously
been demonstrated (25), but only in different pairs of
muscles. Therefore, the results may have been affected by
the different properties of the muscles involved in that
study, rather than on the characteristics of different synaptic
inputs underlying the two tasks. To overcome this issue, in
this study, we introduced an experimental protocol that
allowed to compare the spectral properties of the common
input to a pair of muscles, i.e., BB and TB, which could be
coactivated to perform two functionally different tasks, i.e.,
force generation or stiffness modulation. As BB is both an
elbow extensor and a wrist supinator, depending also on the
activation of other muscles acting on the same joints, its
coactivation with TB may result in an increase of the stiff-
ness or a generation of force, depending on the action
exerted by the other active muscles.

Therefore, the protocol presented in this study exploited
the redundancy of the musculoskeletal system to discrimi-
nate the neural drives underlying the generation of force,
which were active when BB and TB cooperated to move a vir-
tual cursor into the “supination target” set during the
Baseline block, from those recruited to increase the joint
stiffness required to reduce the cursor oscillation induced
during the reaching of “horizontal targets” of the Perturbed
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block. As the same MN pool receives different drives (48, 67—
69), beyond those in common between BB and TB, we expect
muscle-specific synaptic inputs driving the generation of
end point force along the horizontal plane, which may decor-
relate the output of the shared input (70). Therefore, the tar-
get set was defined to require a modulation of the muscle-
specific drive across trials, through the generation of force
along different horizontal directions, which would reduce its
contribution to the muscle’s drive, while demanding a con-
stant shared input. In other words, we defined targets that
could be reached with a constant supination torque or a con-
stant stiffness level.

The Neural Origin of the Modulation of Cocontraction

Although voluntary actions may be achieved by the
recruitment of Ia inhibitory interneurons, which depresses
the activity of spinal motoneurons innervating antagonist
muscles (71-75), the coactivation of antagonist muscles
requires a pathway that both facilitates the simultaneous
activation of the antagonistic muscles and maintains a low
di-synaptic reciprocal inhibition of Ia interneurons (76). Two
separate descending pathways (77) centrally originated (78)
and regulated by the cerebellum (79) might drive motoneur-
ons of antagonistic muscle pairs: one activating the agonist
while depressing the antagonist, responsible for torque gen-
eration, and the other one coactivating both muscles, re-
sponsible for stiffness modulation (80). These pathways
appear to originate from two distinct anatomical portions of
the premotor cortex (14), and to be regulated by intracortical
excitatory connections (13). A recent study (15) demonstrated
the existence of spinal interneurons mediating cocontrac-
tion of antagonist muscles. However, the paradigm proposed
in our study exploited two coactivation tasks, both requiring
the inhibition of Ia interneurons, but different in the pur-
pose of the coactivation. Coherence between antagonist
muscles during a cocontraction task has already been inves-
tigated with surface EMG (80-82). However, the surface
EMG signal is influenced by the electrical properties of the
muscle fibers (62, 63). In contrast, the coherence among the
firing trains of a pool of MNs reflects the synaptic input
shared within that MN pool (17). The coherence analysis was
widely used to calculate the synchronous modulation of
pools of MNs identified through needle EMG (18, 52, 53) or
high-density SEMG (23, 49, 54).

The results presented in our study provide new insights
on the physiological mechanisms underlying the modula-
tion of stiffness at the MN level. Despite the synchroniza-
tion between MUs of different muscles has long been
established in cats (83) and humans (29), its anatomical or-
igin and physiological role is still unknown. Cocontraction
is associated with significant EEG-EMG and EMG-EMG co-
herence in the pB-band among antagonistic muscles, sug-
gesting a direct cortical regulation of both agonist and
antagonist muscles (84), although the fluctuations identi-
fied during the generation of force are reflected as a coher-
ence peak in the o-band (64, 80). Although the o-band
coherence peak that we observed in both coactivation con-
ditions can be related to an input for force generation,
the peak in the pB-band, observed only during coactivation
for stiffness modulation, suggests a cortical origin of the
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cocontraction input. However, despite a simulation study
has proposed a role of the high-frequency band in force reg-
ulation (85), the low-pass filtering performed by the muscles
(86) makes a direct contribution of the high frequencies to
the control of force unlikely (87, 88). Significant high-fre-
quency corticomuscular coherence (31) derives from the
rhythmic discharges of the corticospinal neurons projecting
to spinal motoneurons (32). Its increase in functional cou-
pling in infants (89) suggests that the p-band component of
the descending control signal modulates the spinal activity
(90), which in turn control muscles through effective low-
frequency common drive (57).

The residual coherence analysis allowed, through a con-
servative criterion, to identify three subsets of MNs that were
selectively recruited to modulate cocontraction, to generate
force, or for both tasks. Task-specific motor units have been
reported before (40, 91-93), and this study identified a set
of units selectively recruited to modulate cocontraction.
Although a significant component of the MN sets involved in
the force generation or in both tasks were identified in the o
band (5-12 Hz), suggesting the functional role of this band in
the generation of force, a strong coherence in the low-$ band
(12-25 Hz), which reflects the corticomuscular coherence in
low static force generation tasks (59), was identified between
the subset of MNs only involved in the modulation of stiffness.
Taken together, our results suggest the existence of a separate
synaptic pathway for stiffness modulation, which is cortically
originated and projects to a specific pool of motor units.

In this study, we investigated the common drive to BB and
TB during the generation of isometric forces and torques along
different directions in a single posture. Altering the posture
would modify the joint angles, the moment arms of the
muscles, and the length of the muscle fibers, and there-
fore the number of actomyosin cross-bridges that may be
formed. Moreover, different joint angles would imply dif-
ferent moment arms of the muscles acting on that joint,
which may lead to an altered ratio between the torques
that each muscle may generate. So, the same neural input
would generate a different joint torque, or, in other word,
the same joint torque may require a different synaptic
input to be generated, which would alter the firing of the
active MNs or would recruit new MNs. How the activities
of two muscles can be synchronized at different joint
angles remains an open question that should be investi-
gated in further experiments.

Common Input May Reflect Muscle Synergies

Although our study investigated the recruitment of two
antagonist muscles, a previous study by Laine et al. (23)
investigated the common drive to a pair of synergistic
muscles. As the algorithms implemented in this study
replicated those proposed by Laine et al., the comparison
between the results presented in the two studies may pro-
vide an overall view of the synaptic input shared between
pairs of muscles coactivated with physiological character-
istics and recruited with different purposes. In particular,
the coherence that Laine et al. identified between syner-
gistic muscles showed significant peaks at frequency bands
that were close to those identified in this study, where how-
ever participants were coactivating their muscles to modulate
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the stiffness, rather than to generate force/torque. Synaptic
drives shared by motor neurons of either synergistic or antag-
onistic muscles, which do not simply reflects the coactivation
of multiple muscles, may represents a neural implementation
of muscle synergies, whose existence has been supported by
the observation of low-dimensionality in the muscle patterns
during several tasks (94-100), and recently a synergistic orga-
nization has been detected at the MN level too (101). The pres-
ence of a corticosynergistic coherence in the B band (102),
would suggest that the B coherence peak that we identified
only during coactivation for stiffness modulation between
pools of MNs of different muscles, may reflect a common syn-
ergistic command.

Neurophysiological Basis for Motor Augmentation

Our results provide a physiological basis for the exploi-
tation of cocontraction to control the stiffness of a robotic
device (103-106) and for motor augmentation (107-110).
Separate neural pathways driving cocontraction may be
exploited as an implicit “task null space” (111) to control
extra degrees of freedom without affecting the control of
the natural degree of freedom involved in performing a
task. Similarly, the B-component of the common drive
could be volitionally modulated to control a cursor in real-
time (112). The feasibility of the use of cocontraction in
motor augmentation has been recently demonstrated dur-
ing an isometric multi-muscle force generation task (36).
Moreover, the proposed approach may be transferred to
patients with neuromuscular disorders, such as stroke
(113), dystonia (114), or Parkinson disease (115), to charac-
terize pathological features in the synaptic input to multi-
ple coactive muscles that differs from healthy subjects.

Conclusions

Overall, our study has expanded the current understand-
ing of the control of multiple muscles by demonstrating, for
the first time, specific spectral characteristics in the coher-
ence between the synaptic inputs to the same muscle pair
underlying functionally different tasks.
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